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Contextual Selection and Intergenerational Reproduction

Abstract

Neighborhood and school contexts shape a wide range of children’s life outcomes and reproduce
race- and class-based inequalities. However, neighborhoods and schools are, of course, not
randomly assigned. Which families gain access to environmental contexts most conducive to their
children’s development? This dissertation revisits this line of inquiry with a fresh lens. Sociological
theories of contextual sorting have remained largely stagnant since the late 1990s, with the vast
majority of relevant studies implicating structural factors — specifically, resources, racial preferences,
and discrimination — as key drivers of residential mobility. Yet contemporary residential and
educational opportunity structures have endured choice-oriented, market-based reforms (e.g.,
housing/school vouchers, chatter school expansion, the large-scale destruction of public housing)
and a simultaneous information explosion — factors that may amplify new drivers of contextual
selection. In light of these shifts, I argue that accounts of contextual sorting should broaden from a
primarily structural portrayal highlighting race, class, and residential mobility to also encompass
factors central to the burgeoning intergenerational reproduction literature, including parental education,
culture, and skills. Neighborhood, school, and childcare sorting should be conceived as related yet
distinct social stratification processes.

Through four empirical chapters, I hone in on the independent and interactive roles of

parents’ race, resources, cognitive skills, and socioemotional health in shaping children’s
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neighborhood and school conditions within a theoretically strategic ecology: twenty-first century Los
Angeles County. I employ panel data on children and parents from the Los Angeles Family and
Neighborhood Survey and the Mixed Income Project from 2000 — 2012, linked to educational
administrative data and geospatial measures from ArcGIS.

The first chapter, coauthored with Robert J. Sampson, leverages discrete choice models to
predict neighborhood selection and reveals that parental cognitive skills (acquired knowledge, not
1Q) predict neighborhood socioeconomic status, even after confirming the expected influences of
race, income, spatial proximity, and housing markets. Moreover, highly-skilled uppet/upper-middle
class parents appear to sort specifically on the basis of average public school test scores rather than
socioeconomic status, broadly. The second chapter proposes contextual sorting in general — and
school sorting in particular — as an unexamined pathway linking parents’ socioemotional health to
their children’s cognitive and socioemotional development. Congruent with this argument, logistic
regression models show that parents who are more likely to be depressed are less likely to enroll
their children in a school of choice (i.e., private, charter, magnet). These depression-based disparities
appear starkest among disadvantaged minority — and particularly black — families.

The third chapter examines whether whites’ and Asians’ well-documented racial preferences
to avoid Latinos and blacks are manifested through school sorting patterns not only in the core-city
but also in the suburbs. Logistic regression models reveal that suburban white and Asian children
living proximate to public schools with high concentrations of blacks and Latinos are more likely to
attend non-assigned schools, often far from home. The fourth and final chapter proposes two
theoretical accounts of contemporary school sorting: one centering on structural sorting and the
other on intergenerational reproduction. Logistic regression models generate modest support for the
former but strong support for the latter: parents’ cognitive skills and socioemotional health are the

most consistently predictive factors of child enrollment in a magnet, charter, or private school.
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Introduction

A central contention of sociology — that environmental contexts exert causal effects on individual
outcomes and exacerbate inequality — is now broadly accepted, even in what were once the most
skeptical corners of the social sciences. Experimental and quasi-experimental research designs —
exemplified by the Moving to Opportunity housing voucher experiment (Chetty and Hendren 2018),
marginal structural models (Sampson, Sharkey, and Raudenbush 2008), and exogenous shocks
(Sharkey 2010) — have transformed the contextual effects literature from an urban sociology “cottage
industry” (Sampson, Morenoff, and Gannon-Rowley 2002) into a cross-disciplinary behemoth.
However, as Sampson (2012) argued, the dominant experimental paradigm brackets some of
the most intriguing sociological questions raised by the existence of contextual effects, including:
which families gain access to the most skill-promoting neighborhoods, schools, and childeare settings available? Since
(Jencks and Mayer 1990) raised concerns about the spuriousness of contextual effects, stratification
scholars have expended tremendous analytic effort to break the link between (un)observable family
characteristics and environmental contexts in order to purge bias. Yet randonistas would be wise not
to forget that this link is itself central to understanding contemporary stratification processes.
Sociologists should perceive contextual selection not as a “statistical nuisance” but itself as an object
of social analysis (Sampson and Sharkey 2008) — one that improves empirical estimates of contextual
effects (van Ham, Boschman, and Vogel 2018) and enriches our theoretical understanding of how

neighborhoods, schools, and families independently and interactively reproduce inequality.



This dissertation revisits this line of inquiry with a fresh lens. While theories of why and for
whom contextual effects matter (Sharkey and Faber 2014) have rapidly evolved, sociological theories
of who gains access to which neighborhood, school, and childcare settings have remained largely
stagnant since the late 1990s despite the emergence of increasingly sophisticated methodological
tools to test them (Bruch and Mare 2012; Quillian 2015) and a rapidly evolving context of urban
inequality. Contextual sorting research almost invariably employs a structural orientation, examines
residential rather than educational selection, and turns on some combination of what Crowder and
Krysan (2016) call “the big three”: resources, racial preferences, and discrimination.

This perspective, widely known as the neighborhood attainment paradigm, draws heavily on
the classic status attainment model, which predicts the payoffs and penalties of individuals’ race,
social origins, and lifecycle stage to their income or occupational prestige. Neighborhood attainment
models estimate similar individual- and household-level factors’ effects on neighborhood status,
proxied by race and/or class composition (e.g., Alba and Logan 1993; Logan and Alba 1993; Pais
2017; Sampson 2012; Sampson and Sharkey 2008; South et al. 2016; South, Crowder, and Pais 2011).
The model assumes all households aim to sort into the highest-status neighborhoods, typically
perceived as the richest (e.g., Sampson and Sharkey 2008) and often whitest (e.g., South et al. 2011),
that they can. Realizing this preference, however, is contingent on the constraints imposed by
individual- and household-level characteristics and by the degree of race and class discrimination
within the housing market (see Bruch and Mare 2012; Krysan and Crowder 2017; Quillian 2015).

Krsyan and Crowder argue that the contextual sorting literature should shift toward the fine-
grained mechanisms underlying resources, preference, and discrimination effects, such as the role
played by social networks in stratifying plausible neighborhood choice sets by race and class. This is
certainly true. However, in this dissertation, I argue that a larger pivot is in order: accounts of

contemporary contextual sorting should broaden from a structural process highlighting race, class, and



residential mobility to a case of intergenerational reproduction that implicates not only well-established
structural factors but also parental education, culture, and skills and considers neighborhood, school,
and childcare sorting as related yet distinct processes. The proposed shift implies these crucial
environmental contexts are not merely #oderators but also mediators of the intergenerational

transmission of skills and status.

CONTEXTUAL SELECTION & INTERGENERATIONAL REPRODUCTION
The burgeoning intergenerational reproduction literature examines how class, culture, and skills
interact to shape day-to-day parenting tactics, and in turn, children’s life chances. Annette Lareau
(2011)’s seminal work on “concerted cultivation” highlights how uppet/uppet-middle class families
espouse a distinct cultural orientation toward parenting whereby children’s development is central
and intensive investment in children’s academic and extracurricular activities is pursued to support it.
Their institutional savvy also facilitates these ends; if their children’s success is in any way thwarted
within the school context, they rapidly and effectively intervene. Lower/working class families, on
the other hand, typically pursue the “accomplishment of natural growth.” This parenting model
entails a more hands-off approach marked by confidence that their children will thrive with minimal
intervention and trust in, and deference to, key institutional figures like teachers and administrators.
This argument provides considerable traction in explaining why socioeconomic status and
skills are transmitted across generations: highly-educated and upper-class parents invest large and
increasing amounts of financial resources in their children’s development (Kornrich and Furstenberg
2013) and disproportionately facilitate their children’s involvement in extracurricular activities (Chin
and Phillips 2004; Weininger, Lareau, and Conley 2015). A related but distinct strand of literature

documents how parents with high levels of education and cognitive/socioemotional skills devote



more time to, and engage more effectively in, skill-building activities like reading and high-quality
conversations (Anger and Heineck 2010; Sastry and Pebley 2010).

Yet what both of these strands largely miss is that parents’ education and skills may shape
children’s trajectories not only via day-to-day parenting practices (e.g., reading, play time, and
discipline) and academic and extracurricular investments but also by facilitating their access to skills-
promoting neighborhood, school, and childcare settings. This is the dissertation’s core proposition,
and it is motivated by underexamined transformations in the context of urban inequality.

Although persistently high levels of residential segregation underscore the enduring racial
and class stratification of residential and educational markets, recent shifts may amplify the roles of
education and skills. For example, an information explosion has indisputably saturated urban
housing markets and transformed how Americans navigate them (Zumpano, Johnson, and
Anderson 2003). Given the advent of real-time, publicly available data on neighborhood quality and
school quality, the proliferation of digital tools facilitating connections with real estate brokers,
financial institutions, and local authorities, and the link between cognitive skills and digital
engagement (Tun and Lachman 2010), educational background and cognitive skills conceivably
shape both the intensity of individuals’ preferences for neighborhoods with “ideal” conditions and
their ability to overcome constraints to realize these preferences.

Choice-based policies further fuel these dynamics: Section 8 housing vouchers and school
assignment rules’ liberalization theoretically reduce resource constraints and empower families to
access the schools and neighborhoods most aligned with their preferences. Parents with higher
levels of education and cognitive and socioemotional skills may more deftly navigate complex and
emotionally fraught bureaucratic processes related to school enrollment, for example (Brown 2020).

They may also more effectively access and process vast amounts of publicly-available information



on neighborhood and school quality, providing them with a leg up in accessing contexts most
conducive to children’s skill development.

This core argument, developed in more detail throughout the dissertation, is translated in
each of the four chapters, into the following concrete hypotheses:

(1) Parental cognitive skills and social class independently and interactively predict which
families gain access to the most advantaged neighborhoods with the highest-scoring public
schools, even after accounting for the expected roles of race, housing markets, and spatial
proximity.

(2) Parental socioemotional health shapes child development not only through day-to-day
parenting tactics (e.g., playtime and discipline) but also through an unexamined pathway:
contextual selection. Contemporary school choice systems place depressed, minority parents
at a disadvantage in accessing high-status school alternatives due, perhaps, to the importance
of information, networks, and interpersonal interactions.

(3) Minority avoidance preferences still matter, even in places and contextual domains where
stratification scholars have rarely looked: suburban schools. In the absence of traditional
school alternatives (e.g., charters, magnets, privates), highly-motivated parents enact their
racial preferences by sending their children far from home — to private, magnet, charter, and
non-assigned traditional public school.

(4) With the proliferation of non-neighborhood school options, contemporary school sorting
resembles a traditional status attainment process whereby parents seek to place their children
in the highest-status school alternatives (e.g., private, magnet, charter schools) they can
access, contingent on their financial resources and institutional gatekeepers’ race and class

biases. However, parents’ cognitive and socioemotional skills also matter, by stratifying the



intensity of preferences for school quality and facilitating parents’ success in overcoming
institutional hurdles to realize them.
By examining these hypotheses, I not only expand our understanding of which household-, parent-,
and child- factors independently and interactively stratify children’s environments — beyond the
traditional structural repertoire. I also blaze a new trail for the intergenerational reproduction

literature that places contextual decision-making front and center.

EXAMINING CONTEXTUAL SORTING IN A COMPLEX URBAN ECOLOGY
In the four dissertation chapters that follow, I integrate multiple literatures to construct arguments
underlying each of the hypotheses above and leverage a theoretically strategic case — Los Angeles
County during the 2000s and 2010s — to test them. Los Angeles is the nation’s most populous and
arguably most diverse county; its population of over 10 million residents exceeds the population of
40 of the 50 U.S. states, including Michigan. Beyond its sheer size, the county is perhaps the
paradigmatic twenty-first century American metropolis in terms of its multiracial composition
(whites, Latinos, Asians, and blacks all constitute nearly 10% or more of the population), immigrant
density (a third of the population is foreign-born), and sprawling and fragmented spatial structure
(the county contains nearly 90 municipalities). What Chicago was to 20 century urban sociology,
Los Angeles may be to 21" century urban research (Dear 2002).

Extant research has leveraged these attributes — especially its diversity — to refine and test
“big three” theories of residential sorting, specifically how racial residential preferences operate
within a multiracial setting (Charles 2000, 2003; Zubrinsky 2006) that transcends the “black-white
binary” (Katz 2012). But surprisingly little sociological research has leveraged Los Angeles’ diversity,

spatial structure, and fragmented governance to illuminate how parents of various race-ethnic,



nativity, and class backgrounds navigate a remarkably complex urban ecology to position their
children for long-term success.

This is a missed opportunity. If parental education and skills were likely to shape children’s
environmental conditions, net of structural constraints, it would likely be L.os Angeles during the
2000s and 2010s. Here, the neighborhood and school choice sets are vast and varied, suggesting
access to information may meaningfully stratify residential and educational outcomes. Governmental
agency maps and the Los Angeles Times Mapping L.A. project suggest the vast county contains 87
distinct county neighborhoods spread across eight county sub-regions, the latter of which appear to
operate largely as their own self-contained ecologies that retain very high proportions of residents
over time (Sampson, Schachner, and Mare 2017). In terms of schools, the California Department of
Education school directories identify approximately 2,000 public and 1,300 private K-12 schools,
located across nearly 70 school districts, as being operational in Los Angeles County during the
dissertation’s analytic timeframe in question.

Navigating these geographically sprawling and institutionally fragmented choice sets is
daunting, and perhaps increasingly so. School choice policies enacted in Los Angeles County since
the late 1990s have fueled the proliferation of charter schools, the liberalization of school
assignment rules, and the dissemination of a seemingly infinite array of school quality measures
(teatured in the Los Angeles Times, for example). In this context, the most highly-motivated parents
with the requisite informational and institutional savvy may have a leg up. Indeed, human capital
theory suggests highly-educated and highly-skilled people tend to conceive of their choice sets in
broader terms (Heckman and Mosso 2014) and perhaps have more accurate information on choice

set options, especially in fluid and dynamic markets.



Data Sources

The Los Angeles Family and Neighborhood Survey (L.A.FANS), which constitutes the empirical
backbone of my dissertation, provides a unique glimpse of how a racially and socioeconomically
diverse panel of approximately 3,000 households from a wide swath of neighborhoods, fared in the
county during the 2000s. Data collection efforts occurred at two points in time: in 2000-02 (wave 1)
and 2006-08 (wave 2). Similar to other panel surveys frequently used by sociologists, like the Panel
Study of Income Dynamics (PSID) and the Project on Human Development and Chicago
Neighborhood (PHDCN), L.A.FANS captures rich longitudinal data on financial, educational,
health, and behavioral outcomes for adults, and their co-resident children, if applicable.

However, several distinctive features render it particularly useful for my purposes. For
example, the study provides well-validated, repeated measures of not only children’s cognitive and
socioemotional skills but also the cognitive skills (drawn from the Woodcock-Johnson assessment)
and socioemotional skills (based on the Pearlin Self-Efficacy Index) of their parents. The study also
gauges parents’ reasons for moving, as well as their expectations of, and investment in, their
children’s education. Crucially, L.A. FANS tracks a continuous log of both the census tracts where
each panel household lived from 2000 — 2008 and the schools (public or private) attended by
household children during the same time period. The continuously geocoded residential histories
were extended to 2013 for about 1,000 respondents of the original L.A.FANS panel as part of the

Mixed Income Project (MIP) led by Robert J. Sampson and Robert D. Mare.

Methodological Innovations
L.A.FANS/MIP’s inclusion of census tract and school codes enables me to metge in rarely-deployed
administrative and ArcGIS datasets that provide information on theoretically important features of

the L.A. FANS sample’s neighborhoods and schools. For example, beyond the traditional race and



class composition variables at each of these levels, I leverage administrative data from the California
Department of Education to construct school- and neighborhood-level estimates of average test
scores. I also use Los Angeles County-provided data on school catchment boundaries with ArcGIS
to predict which public schools each of the L.A.FANS child respondents were assigned to and
whether or not she attended her residentially-assigned school. ArcGIS enables me to calculate the
network distance (in road miles) between household respondents’ census tracts of residence, schools
of enrollment (in the case of children), and potential neighborhood destinations. Sociologists are
increasingly aware that residential mobility tends to be highly geographically circumscribed (Krysan
and Crowder 2017); spatial and network proximity are likely crucial in shaping households’ plausible
residential and educational choice sets, especially in sprawling metros (Bruch and Swait 2019).

Refining how social scientists conceive and operationalize neighborhood and school choice
sets is one of the key methodological innovations of this dissertation. Historically, residential
mobility scholars have either entirely ignored modeling the choice set of neighborhoods available to
potential movers or included a coarse control of the choice set, such as metropolitan area-averages
of housing stock characteristics (e.g., price, age, vacancy) and sociodemographics into a linear model
predicting the destination census tract’s race and/or class composition. For an extended critique int
his vein, see Bruch and Mare (2012).

The vast majority of this dissertation’s models forsake the traditional linear models of
neighborhood and school sorting because they typically assume homogenous preferences for
neighborhood and school status operationalized in socio-demographic terms and because they
inadequately account for a realistic set of possible choices from which families select. For these
reasons, this dissertation primarily relies on multivariate models with binary outcomes indicating

which neighborhood or type of school was selected after accounting for child, household, and



parent-level covariates and a theoretically and empirically informed set of plausible neighborhood
and school choices.

When Bruch and Mare (2012) introduced the discrete choice framework to sociologists
concerned with modeling residential outcomes, choice sets consisting of quantifiable neighborhood-
level features were increasingly incorporated, but the choice set was typically constructed as a
randomly-selected subset of the potential mover’s metropolitan area as whole. Yet we know that
most movers think locally about potential destinations, rather than conceiving of all metropolitan
area neighborhoods as plausible choices — especially in a vast urban ecology like Los Angeles (Bruch
and Swait 2019). As evidenced in my first dissertation chapter, coauthored with Robert J. Sampson,
we explicitly account for these realities by constructing residential sorting models with choice sets
that disproportionately sample potential neighborhood destinations within the potential movet’s
sub-county region of residence. As mentioned above, these eight county regions are constructed
based on a review of schematic maps from various Los Angeles County government agencies and
the crowd-sourced Mapping L.A. project overseen by the Los Angeles Times. These regions are widely
recognized as distinct sectors among locals, and Angelenos are likely to have a greater degree of
familiarity with other neighborhoods within their region of residence than in other regions of the
county. Indeed, nearly 90% of L.A.FANS/MIP respondents who wete tracked continuously from
2000-13 remained in the same county region over time. Few sociological studies, if any, take this
kind of fine-grained approach to modeling the unique spatial structure of various urban ecologies.

My subsequent dissertation chapters go a step further by leveraging these eight county
regions’ boundaries to structure children’s sehoo/ choice set. I find that over 90% of K-12 students in
the sample attend a school (whether public or private) located within their county region of
residence. Therefore, applying county region fixed effects to the school sorting analyses helps

account for the most plausible set of school options families face, without imposing the assumption

10



that children attend a school within their district (interdistrict transfer and private school programs
lead ~15% to cross these boundaries) or the explicit assumption that local private, magnet, and
charter density (e.g., within two mile radius) drives school decisions, when in fact, the salient radius
may vary based on the degtree of parental motivation and the urban/suburban context in which the
household resides. The tract-based sampling strategy employed by L.A.FANS also enables me to
include census tract fixed effects that valuably control for differences in families’ plausible school
choice sets as well as for difficult-to-observe factors that may lead certain types of families to reside

within certain types of places.

CHAPTER OUTLINE

The dissertation proceeds as follows. The first empirical chapter, coauthored with Robert J.
Sampson and published in Demography, develops a theoretical account of why parents’ cognitive skills
might interact with evolving metropolitan opportunity structures to predict the socioeconomic
status of the neighborhoods in which they raise their children. We then go a step further by arguing
that, congruent with the “concerted cultivation” literature, highly-skilled upper/upper-middle class
parents with the economic means sort specifically on the basis of average public school test scores
rather than socioeconomic status, broadly. We test these hypotheses using individual-, household-
and neighborhood-level data on 237 parents tracked by L. A.FANS/MIP between 2001 and 2012.
The measures include a well-validated proxy for parents’ cognitive skills (acquired knowledge, not
1Q) — the Woodcock-Johnson Assessment and continuous residential histories spanning 2001 to
2012. We link these households’ L.A.FANS-provided geocoded census tracts to traditional race,
class, and housing market indicators from the census, as well as ArcGIS data on the network
distance (in road miles) between their census tract within a given year and potential neighborhood

options and educational administrative on average test scores of local public schools proximate to
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each neighborhood. We then construct discrete choice models of residential selection to examine
the hypothesized parental skill-neighborhood sorting link.

The second, third, and fourth chapters pivot from neighborhood sorting to school selection
processes, the latter of which has received far less attention in sociology’s contextual sorting
literature. However, American children are far less likely to attend their residentially-assigned public
schools than they once were, especially in large metropolitan areas like Los Angeles, suggesting
socially-stratified patterns of school sorting should receive more scrutiny. The second chapter
examines school sorting through the prism of socioemotional health. I argue that parental
depression may hamper children’s cognitive and socioemotional development not only through
increased physical discipline and reduced participation in traditional “concerted cultivation” activities
but also diminished engagement in the school choice system. I use L. A.FANS data on parents’
probability of depression using a well-validated survey instrument, as well as school enrollment data
for over 2,000 child respondents spanning ages 5 to 17, linked to administrative catchment boundary
data and ArcGIS spatial data. Logistic regression models predict whether parental depression
independently predicts a reduced likelihood of enrollment in a school of choice (i.e., magnet, charter,
or private school) and whether this depression disparity is amplified among disadvantaged minority
parents who may lack the social and informational resources that could buffer the condition’s
negative effect on school sorting.

The third chapter shifts returns to a more traditional driver of contemporary school sorting:
racial preferences. But whereas the bulk of extant literature on racial preferences and school sorting
highlights the role alternative school options — i.e., privates, charters, and magnets — play in
facilitating white families’ exit from diverse core-city school districts, I argue that white and Asian
parents’ racial preferences may be so strong that these parents manage to enact them even in places

where alternative school options are sparse: the suburbs. Specifically, I propose that when these
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advantaged families live close to high concentrations of Latino and black children, they enact their
racial preferences by sending their children far from home, to non-assigned schools. I test this
possibility by using L.A.FANS-provided school enrollment data for over 2,000 child respondents
spanning ages 5 to 17, linked to administrative catchment boundary data. Logistic regression models
predict whether suburban white and Asian children are more likely to opt out of their locally-
assigned public schools if they live proximate to public schools with more disadvantaged student
bodies, even when controlling for the schools’ socioeconomic composition, test score-based value-
added measures, and local crime rates.

The fourth and final chapter attempts to articulate two accounts of contemporary school
sorting that draw on the two theoretical traditions at the heart of this dissertation: structural sorting
and intergenerational reproduction. I argue that the former tradition might posit that race and
income play central roles in shaping who gains access to high-status school alternatives (e.g., private,
magnet, and charter schools) due to spatial isolation from these school options, nontrivial resource
constraints they impose, such as tuition and transportation costs, and institutional gatekeepers’
biases for white and high-income students. I then articulate an alternative account, drawing on the
intergenerational reproduction literature, that implicates parents’ educational attainment and
cognitive/socioemotional skills and health in shaping preferences for — and the ability to — send
children far away to a highly-coveted school option and for conferring the institutional savvy and
resilience to navigate a bureaucratically complex and often emotionally fraught selection process. I
use logistic regression models to predict child enrollment in a school of choice (i.e., private, magnet,
or charter) as a function of L. A.FANS-provided covariates capturing parents’ socio-demographics
and cognitive and socioemotional skills/health.

I conclude by summarizing the dissertation’s key theoretical objectives and its core empirical

findings. I then extract the implications of the research for the contextual sorting and
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intergenerational reproduction traditions. I argue that the two streams of literature should be more
tightly integrated through a unified theoretical framework that proposes neighborhood, school, and

childcare sorting as key mediators of the intergenerational transmission of skills and status.

14



Skill-Based Contextual Sorting:
How Parental Cognition & Residential Mobility
Produce Unequal Environments for Children

with Robert J. Sampson

Schachner, Jared N., and Robert J. Sampson. 2020. “Skill-Based Contextual Sorting: How Parental Cognition and
Residential Mobility Produce Unequal Environments for Children.” Demography (57)2: 675-703.

Influential scholarship on socioeconomic stratification has increasingly examined how individual
skills shape one’s life chances. Cognitive skills, which are neither fixed nor genetically
predetermined, have been linked to income levels, education, occupational attainment and criminal
behavior, independent of race and class (Duncan and Magnuson 2011; Farkas 2003; Heckman and
Mosso 2014; Heckman, Stixrud, and Urzua 20006; Jencks 1979). Combined with strong parent-child
skill correlations (Anger and Heineck 2010; Sastry and Pebley 2010), this body of research has
solidified cognitive skills as a key mechanism linking parents’ and children’s circumstances and
fueled a burgeoning economic literature on the intergenerational process of skill development
(Heckman 20006). Important sociological research has further shown how it is not genetics but the
deployment of particular parenting tactics and investments by socioeconomically-advantaged and
highly-skilled parents that enhance children’s cognitive skill development, a process dubbed
“concerted cultivation” (Bianchi, Robinson, and Milke 2006; Lareau 2011; McLanahan 2004;
Schneider, Hastings, and LaBriola 2018).

Parenting tactics constitute only one part of the intergenerational transmission of skills,
however. The quality of children’s environmental conditions—childcare, schools, and
neighborhoods—is arguably just as important. Yet in contrast to parenting tactics, the link between
parental skills and environmental selection is often treated as a background factor to be controlled,

rather than as a sorting process worthy of direct examination. Existing studies on neighborhood and
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school sorting, for example, implicate parents’ race and class characteristics and rarely disentangle
the role of parents’ cognitive skills from these correlates. But just as cognitively skilled parents of all
race and class backgrounds more frequently engage their children in enrichment activities, we argue
that cognitively skilled parents disproportionately sort their children into neighborhood, school, and
childcare environments they perceive as offering skills-promoting features and higher status.
Concretely, we propose that in an era of changing housing market and school enrollment dynamics,
parents with higher cognitive skill levels, proxied by acquired knowledge, are more likely to sort into
neighborhoods that are societally defined as high in status and desirability, even after accounting for
the wide range of individual-level, household-level, and neighborhood-level characteristics
emphasized in prior studies. We also propose that among socioeconomically advantaged parents, the
highly skilled disproportionately sort not on neighborhood socioeconomic status specifically, but on
a correlated neighborhood amenity they perceive — rightly or wrongly — to shape children’s skill
development: average K-12 school test scores.

We test these ideas by linking a dozen years of residential histories from an original third-
wave follow-up of the Los Angeles Family and Neighborhood Survey (L.A.FANS). Combining
census, geographic information system (GIS), and educational administrative data, we construct
discrete choice models of neighborhood selection that account for heterogeneity among household
types, incorporate Los Angeles County’s unique spatial structure, and include a wide range of
neighborhood factors beyond race and class composition, notably average public school test
scores. Analogous to the way highly skilled parents propel children’s skill development through
parenting tactics and investments, we find that parental cognitive skills interact with opportunity
structures to determine the quality of their children’s residential environments. These micro-level

processes plausibly ripple more broadly, constraining the set of residential and educational options
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available to less advantaged and less skilled city residents. By linking research on demography,
education, and neighborhood stratification processes, our study reveals ski/l-based contextual sorting as
an overlooked driver of urban inequality, with direct implications for the intergenerational

transmission of status.

PARENTS’ COGNITIVE SKILLS AND CHILDREN’S ENVIRONMENTS

Recent scholarship on the mechanisms driving socioeconomic stratification has taken an analytic
turn toward the intergenerational transmission of skill development. Skills encompass “capacities to
act... [shaping] expectations, constraints, and information” (Heckman and Mosso 2014: 691). The
conceptual model connecting skills to socioeconomic inequality suggests: cognitive, linguistic, social,
and emotional skills shape individuals’ socioeconomic outcomes; genetic endowments, parenting
tactics, and environmental conditions interact to form children’s skills; and skill acquisition occurs in
a cumulative and complementary fashion, rendering early childhood experiences especially important
(Cunha and Heckman 2007; Heckman 2000).

Cognitive skills can be conceived of as either “fluid intelligence” (i.e., individuals’ rate of
learning growth) or “crystallized knowledge” (i.e., individuals’ amount of acquired knowledge).
These skills have received disproportionate scholarly interest among stratification scholars given
their prediction of income, educational attainment, teen pregnancy, smoking, and crime (Duncan
and Magnuson 2011; Farkas 2003; Heckman et al. 2006; Kautz et al. 2014). Moreover, strong
correlations between parent and child cognitive skills (Anger and Heineck 2010; Sastry and Pebley
2010) implicate a key mechanism linking parents’ and children’s circumstances. Recent analyses
suggest two channels of influence are important: parents’ (a) engagement in particular childrearing

tactics and investments and (b) selection of environments (e.g., childcare, schools, neighborhoods)
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conducive to cognitive skill development. Many studies have explored channel (a), documenting
cognitively skilled parents’ propensity to devote more time to child rearing and to particular child
enrichment activities, such as reading and high-quality conversations. These practices support
learning and exploration, bolstering children’s skill development—part of the process sociologists
call “concerted cultivation” (Bianchi et al. 2006; Lareau 2011; McLanahan 2004; Schneider et al.
2018).

Scholars have much less frequently probed channel (b): whether and how parents’ cognitive
skills shape selection into various environmental contexts that influence children’s skill development.
Unlike parenting tactics, the input of the neighborhood is often treated by skills scholars as “a
statistical nuisance” (Sampson and Sharkey 2008: 1) to be controlled away, rather than as determined
through a sociological sorting process worthy of examination. As a result, our growing
understanding of how parents’ cognitive skills yield skills-promoting parenting tactics is not matched

by comparable knowledge of how these skills facilitate children’s access to skills-promoting contexts.

Skills and Neighborhood Attainment in an Evolying Housing Market

Demographic and urban sociological research has taken the neighborhood sorting process as its
object of analysis and thus serves as a useful framework in illuminating the skills-neighborhood link.
Just as the classic status attainment model predicts the payoffs and penalties of individuals’ race,
social origins, and lifecycle stage to their income or occupational prestige, neighborhood attainment
models estimate similar individual- and household-level factors’ effects on neighborhood status,
proxied by race and/or class composition (e.g., Alba and Logan 1993; Logan and Alba 1993; Pais
2017; Sampson 2012; Sampson and Sharkey 2008; South et al. 2016; South, Crowder, and Pais 2011).

The model assumes all households aim to sort into the highest-status neighborhoods, typically
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perceived as the richest (e.g., Sampson and Sharkey 2008) and often whitest (e.g., South et al. 2011),
that they can. Realizing this preference, however, is contingent on the constraints imposed by
individual- and household-level characteristics and by the degree of race and class discrimination
within the housing market (see Bruch and Mare 2012; Krysan and Crowder 2017; Quillian 2015).

This structural orientation has generated a vigorous debate on whether and why race- and
class-based gaps in neighborhood socio-demographics remain after accounting for individuals’
socioeconomic circumstances. Generally speaking, the spatial assimilation perspective attributes
race and class disparities in neighborhood socio-demographics to group gaps in status attainment
markers, such as wages, wealth, and educational attainment. Accounting for these factors should
substantially attenuate these group-based differences (Massey and Denton 1985). The alternative
perspective, place stratification, holds that sizable residual gaps in race and class groups’
neighborhood socio-demographics will remain, net of these characteristics. Stratification scholars
frequently implicate discriminatory barriers erected by real estate agent and broker steering, zoning
regulations, or other institutional mechanisms in preserving these gaps (Logan and Molotch 1987,
Trounstine 2018).

Cognitive skills rarely factor into this important debate. Yet the context of inequality is
changing in ways that may amplify their effects. Although persistently high levels of residential
segregation underscore the enduring racial and class stratification of housing markets, we argue that
evolving opportunity structures are creating avenues along which cognitive skills shape the sorting of
individuals into the highest status neighborhoods they can afford. Large public housing
developments that historically concentrated poor, minority households in the “inner city” have been
demolished (Goetz 2011), and the ascendant housing strategy at both the federal and local level—

housing vouchers—empower low-income households with more residential choices. Moreover, the
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real estate industry has shifted from predominately small-scale operations relying on word-of-mouth
referrals and covering narrow submarkets—conditions that facilitated discrimination—to large
agencies that encompass broader geographies, employ internet-based marketing, and participate in
fair housing training and minority recruitment (Anderson, Lewis, and Springer 2000; Ross and
Turner 2005).

A simultaneous information explosion has saturated urban housing markets and transformed
how Americans navigate them (Zumpano, Johnson, and Anderson 2003). Cognitive processing is
increasingly incentivized or rewarded, especially in sprawling and fragmented metropolises, a
dynamic few neighborhood attainment studies have explored. Given the advent of real-time,
publicly available data on neighborhood quality and housing unit openings, the proliferation of
digital tools facilitating connections with real estate brokers, financial institutions, and local
authorities, and the link between cognitive skills and digital engagement (Tun and Lachman 2010),
these skills conceivably shape both the intensity of individuals’ preferences for neighborhoods with
“ideal” conditions and their ability to overcome constraints to realize these preferences.

With regard to preferences, the information age renders the benefits of affluent
neighborhoods more tangible by linking them to measurable quality indicators (e.g., school quality,
crime, and housing value appreciation) via websites like NeighborhoodScout, Zillow, and Redfin.
Those who more frequently, quickly, and efficiently process large amounts of often-complex
information are likely most motivated to access these perceived amenities. Even if preferences for
neighborhood status varied minimally by skills, cognitive skills plausibly enable individuals to
overcome constraints to accessing units within highly coveted communities. The highly skilled may
be more likely to track fluid neighborhood conditions, exhibit less difficulty finding high-value deals

and navigating numerous institutional hurdles (e.g., housing applications, credit checks), and enjoy a
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first-mover advantage in acquiring dwellings in high-status neighborhoods — especially
neighborhoods on the rise (see also Oziiekren and van Kempen 2002). Social dynamics may also be
implicated. Just as real estate agents and landlords have long engaged in race- and class-based
steering, they may also reward perceived market knowledge and deft communication skills with
access to desirable dwellings and neighborhoods, cognitive-based steering as it were.

In short, we argue that while deeply stratified by race and class, contemporary housing
markets increasingly reward, and perhaps even discriminate based on, information processing as
well. These dynamics amplify the role of cognitive skills in shaping neighborhood attainment and
reinforce inequality. Exploring the link between skills and residential sorting is particularly important
as urban stratification scholarship expands to encompass the mechanisms driving the persistence of
not only concentrated disadvantage but also concentrated affluence (Howell 2019; Owens 2016;
Reardon and Bischoff 2011). A concrete hypothesis follows:

Hypothesis 1: In contemporary housing markets, parents with higher cognitive skill levels are more likely to sort into

neighborhoods that are societally defined as high in status/ desirability, even after acconnting for parents’ and
neighborhoods’ socio-demographic characteristics.

Social Class, Parents” Cognitive Skills, and the Quality of Children’s Schools

Although revealing whether parents’ skills predict neighborhood socioeconomic status would enrich
contemporary accounts of residential sorting, it would not clarify precisely how parents’ skills,
household socio-demographics, and opportunity structures interact to reproduce spatial inequality.
The traditional neighborhood attainment model obscures these finer-grained dynamics by assuming
homogenous household preferences for neighborhood status, conceptualized primarily in socio-
demographic terms, and implicating structural constraints. The model cannot readily distinguish

whether skills — or other individual-level and household-level factors — generate variation in the
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strength of parental preferences for a general notion of neighborhood desirability/quality,
neighborhood race or class composition specifically, or correlated neighborhood amenities perceived
as central to children’s development, such as school quality (for similar critiques, see Bruch and
Mare 2012; Goyette, Iceland, and Weininger 2014; Harris 1999; Owens 2016; Quillian 2015).

We argue that highly skilled parents with the economic means may disproportionately
optimize for socially salient indicators of school quality, specifically, rather than neighborhood
socioeconomic status, generally. Many studies suggest that highly educated and upper class parents
use school test scores as proxies for neighborhoods’ suitability for their children (e.g., Johnson 2014;
Lareau and Goyette 2014). Further, the intergenerational skills literature reveals that cognitive skills
predict knowledge of, and emphasis on, child-centered parenting tactics and investments, net of
socioeconomic conditions (e.g., Bornstein et al. 1998). It follows that the most highly skilled group
of advantaged parents may give greater weight to perceived child-optimizing neighborhood
amenities, such as school test scores, over other neighborhood amenities desirable to high-income
households (e.g., housing stock characteristics) than do their less-skilled peers. This disparity in
prioritization could reflect, in part, a greater awareness among the most highly skilled parents that
cognitive skill boosts in early ages foster an increased rate of skill growth later on (Cunha, Heckman,
and Schennach 2010). Although school test scores do not necessarily equate with learning
environments’ quality (Schneider 2017), highly skilled parents — who themselves are likely to have
high test scores — may be particularly likely to perceive a strong link between the two. In this way,
skill-based sorting on the basis of school test scores may reflect socially shaped and self-fulfilling
expectations.

Even if all advantaged parents exhibited comparable preferences for neighborhoods with

high public school test scores, skill-based constraints could stratify their residential outcomes. The
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highly skilled may more deftly overcome informational and institutional barriers to accessing
neighborhoods with the highest scoring schools (e.g., by finding, interpreting, and tracking
information on school catchment zones and school test scores). Advantaged parents who are less
cognitively skilled may infer school quality from correlated proxies, such as neighborhood and
school socio-demographic composition, or rely on word-of-mouth, rather than research school test
scores. The highly skilled may also more readily identify, and elicit support from, key residential and
institutional gatekeepers who plausibly reward the most knowledgeable and engaged parents, again a
sort of cognitive steering. Among disadvantaged parents, however, class-based constraints, rather
than skill-based constraints or preferences, likely stymie their efforts to foster skill development via
the housing market (Rhodes and DeLuca 2014). Lower-income parents’ strongly held preferences
for school quality, for example, are often trumped by housing affordability and quality needs (see
Johnson 2016; Lareau and Goyette 2014; Rich and Jennings 2015 for in-depth discussions of how
race and class stratify parents' school quality evaluations).

We thus argue that it is not just social class, but skills interacting with class, that predict
which parents access neighborhoods with the highest scoring public schools. Whether or not scores
accurately measure the most developmentally enriching environmental contexts for their children,
highly skilled and advantaged parents’ propensity to sort on this basis yields a process analogous to
“opportunity hoarding”(Reeves 2017; Trounstine 2018).

Hypothesis 2: Among socioeconomically advantaged parents, those with higher cognitive skill levels are more likely to
sort into neighborhoods with higher K-12 school test scores, even after accounting for parents’ and neighborhoods’ socio-
demographic characteristics.

We test our theoretical framework’s two main hypotheses by employing a novel dataset of
Angelenos’ residential histories spanning a dozen years. Los Angeles County is a theoretically

important, but relatively underexplored, urban ecology that is spatially distinct from and more
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racially and ethnically diverse than geographies examined in prior residential mobility analyses
(Sampson, Schachner, and Mare 2017). This race-ethnic diversity permits analysis of neighborhood
sorting patterns among two rapidly growing but less frequently studied groups: Latinos and Asians.
We also take seriously L.A.’s unique spatial structure by incorporating a network-based measure of
spatial proximity into our models and, following Bruch and Swait (2019), by constructing more
realistic choice sets that oversample neighborhood options from meaningful county sub regions.
Importantly, we incorporate a well-validated measure of cognitive skills and time-varying
neighborhood-level measures of housing market conditions and school test scores. Moreover, our
discrete choice framework captures heterogeneity in subgroups’ residential patterns and disentangles
sorting on multiple neighborhood features simultaneously. In contrast to many similar studies, we
model both movers and stayers in our discrete choice analyses, providing a more nuanced portrait of
residential decisions (Bruch and Mare 2012; Huang, South, and Spring 2017; Sampson and Sharkey
2008). The timeframe of our data, 2001-2012, spans an era of change in the region, including just

before and after the Great Recession.

RESEARCH DESIGN AND MEASURES

This study is part of the Mixed Income Project (MIP)—a data collection effort aimed at examining
neighborhood context, residential mobility, and income mixing in Los Angeles and Chicago. MIP
evolved out of two anchor studies, L.A.FANS and the Project on Human Development in Chicago
Neighborhoods (PHDCN). L.A.FANS wave 1 data collection was conducted in 2000-2002, with a
probability sample design that selected 65 Los Angeles County neighborhoods (census tracts) and,
within each tract, a sample of randomly selected households. Within the 3,085 households that

completed household rosters, researchers attempted to interview one randomly selected adult (RSA)
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and, if present, one randomly selected child (RSC), the child’s primary caregiver (who could, or
could not be, the RSA), and a randomly selected sibling of the RSC. The RSC’s mother was
designated as the primary caregiver (PCG) unless she was not in the household or could not answer
questions about the child. In these cases, the child’s actual primary caregiver received the PCG
designation. Ultimately, 1,957 PCGs completed a wave 1 interview, of whom 21 percent were white,
60 percent were Latino, 8 percent were black, and 7 percent were Asian American/Pacific Islander.
The remainder were Native American or multiracial.

Wave 1 respondents received follow-up interviews between 2006 and 2008 (response rate
63%) if they still resided within L.A. County (85% of the contacted sample). Approximately 2,000
RSA and RSC respondents completed intetviews during waves 1 and/or 2 of L.A.FANS, rendering
them eligible for MIP between 2011-2013. A randomly selected subset of eligible respondents was
contacted for a wave 3 interview. After excluding those selected respondents who left L.A. County
or who were institutionalized, incapacitated, or deceased, 1,032 wave 3 interviews were ultimately
completed (response rate 75%). 300 MIP respondents were PCGs at wave 1. Crucially, each data
collection wave tracked a continuous record of respondents’ residential locations over the interim
years, enabling residential histories spanning approximately 2000 through 2013. For more details on
L.A.FANS and MIP, see Sampson et al. (2017) and Sastry et al. (2000).

Because this study centers on skill-based residential sorting among parents, we examine
neighborhood selection among respondents who were: designated as PCGs at wave 1, confirmed to
have completed a survey and to have been L.A. County residents at all three data collection efforts,
and for whom cognitive skill measures and network distance calculations between their origin and

potential destination neighborhoods were available. Two-hundred eighty-four primary caregivers fit
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these specifications, and most have continuous census tract-coded residential history data from 2001

through 2012. See Appendix B for more details.

Neighborhood-level Measures
Our outcome of interest is a binary measure indicating whether a given census tract within a choice
set of plausible options was selected by a given household in a given year (1 indicates the tract was
selected, O indicates it was not). We predict this outcome as a function of neighborhood-level
covariates and their interactions with both household-level and individual-level characteristics. We
include an annually estimated #ract status index, constructed as the mean of a tract’s standardized (1)
median family income (logged) and (2) bachelor’s degree or higher (%) — two common proxies for
neighborhood status or desirability broadly defined.! We also include tract racial composition to test
whether racial homophily confounds sorting by neighborhood socioeconomic status (Quillian 2015).
Our other core measure at the neighborhood level is an annual estimate of K-72 zest scores.
Consensus on calculating school quality at the neighborhood level remains elusive. Given our focus
on how parents’ neighborhood perceptions shape residential decisions, we start with a parsimonious,
widely disseminated school quality measure — average test scores — that is available via the Internet
and local newspapers. To generate a neighborhood-level measure, we use GIS to overlay county-
provided school catchment boundaries from 2002 with 2000 census tract boundaries and weight

each school’s test scores based on the proportion of the tract’s area its catchment zone covers. We

1 By combining the highly correlated measures (~0.8) together into one index, we mitigate
multicollinearity concerns that would arise from including both variables in our models. The index is
correlated 0.96 with each component variable, suggesting it is a strong neighborhood status proxy.
The measure’s construction also renders it easily interpreted, with a mean around zero and a
standard deviation of approximately one.
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run this merge separately for elementary, middle, and high schools and then average the three tract
measures to create a yearly neighborhood K-12 test score measure (see Appendix B). Although
some children attend magnet, charter or private/patrochial schools instead of their local catchment
school, approximately 90% of L.A.FANS panel children attended traditional public schools at wave
1 or 2. Catchment school quality is likely salient to the vast majority of parent respondents.?

We employ several neighborhood-level controls. A binary variable indicates whether the
selected tract in a given year is the respondent’s origin tract, the neighborhood of residence at #- 1 (1
indicates stayer in a given year, 0 indicates mover), enabling us to capture both movers’ and stayers’
residential decisions (see Bruch and Mare 2012). We interact this control with tract K-12 test scores,
measured during the year of the move, to test whether higher scores not only attract certain
households but dissuade them from leaving. We also track neswork distance (i.e., road length in miles,
rather than point-to-point distance) between neighborhood destination options and the origin tract
using ArcGIS, given that familiarity and networks shape residential choices (Krysan and Crowder
2017). Traditional neighborhood-level controls used by prior sorting studies — owner occupancy rate (%)
and number of housing units (logged) — are also included. The latter proxies housing availability (Bruch

and Mare 2012; Gabriel and Spring 2019; Spring et al. 2017). For our discrete choice models, we

2 Even patents of children who do not attend their catchment-assigned school likely
consider metrics of quality in the local public schools given their impact on shared perceptions of
neighborhood desirability, which influences housing price appreciation and sales potential.
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convert all tract variables, except for origin tract and network distance, into standardized measures

to facilitate comparisons of their effects with that of the tract status index variable.3*

Parental Cognitive Skills and Individual/ Honsehold-level Measures

Our primary individual-level characteristic of interest is parents’ cognitive skills, typically
conceptualized in the skills and stratification literature as acquired knowledge (Heckman et al. 2000;
Kautz et al. 2014). L. A.FANS collected skill measures only for PCG and child respondents. We use
PCGs’ wave 1 results from the Woodcock-Johnson Passage Comprehension assessment, conducted in
either English or Spanish. The test captures individuals’ ability to process written information, a
theoretically important skill for evaluating neighborhood options, by asking test takers to identify
missing key words from short passages of increasing complexity. We convert the national percentiles
rankings generated by the test into sample-based tercile rankings to capture nonlinear effects. Wave
1 skill terciles are applied across all years because the data are considerably more complete, and

cognitive skills tend to stabilize in adulthood (Roberts, Walton, and Viechtbauer 2006; Rénnlund,

3 Yeatly estimates for all ACS-derived tract-level vatiables are based on the middle year of
each ACS timeframe (e.g., ACS 2005 — 2009 is used for 2007 estimates). We linearly interpolate
values from decennial census 2000 and ACS 2005-2009 data for 2001-2006 estimates, given tract-
level data availability gaps.

# Tract-level vatiables” missing data rates ate trivial, except for network distance between
origin and potential destination tracts (~1%) and tract K-12 test scores (~7%). Network distance
missing values are imputed based on the average distance between a tract within the respondent’s
L.A. County region of origin and a tract within the choice set tract’s county region. Missing tract K-
12 test score values are imputed based on predicted values from a regression including tracts’
housing and socio-demographic characteristics and year fixed effects. Model results are robust to
excluding imputed values.
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Sundstrém, and Nilsson 2015). Passage comprehension scores are highly correlated with scores
generated by Woodcock-Johnson tests gauging other cognitive skill types.®

We include commonly employed predictors of neighborhood sorting as controls: race-
ethnicity, household income quintile, and bachelor’s degree or higher. The latter two are annually interpolated
based on estimates from the three data collection efforts. Household income is standardized to year
1999 dollars and converted into a quintile ranking. To test our argument linking skills to
neighborhood K-12 test scores among advantaged parents (Hypothesis #2), we use the time-varying
bachelot’s degree and household income quintile variables to stratify the sample. The upper/middle-
upper class sample includes primary caregivers who hold a bachelor’s degree or reside within a
household in the fourth or fifth income quintiles within a given year. The middle/working class

sample includes all other primary caregivers.®

ANALYTIC STRATEGY
We employ discrete choice models to evaluate whether parents’ cognitive skills interact with
neighborhood status to produce residential sorting outcomes for the full sample, and whether these

skills interact with tract K-12 test scores, specifically, rather than status among advantaged parents.

> Among L.A. FANS panel respondents who were children at wave 1 but aged into
adulthood by wave 2 and retook Woodcock-Johnson tests at that time, passage comprehension
module percentile rankings correlate 0.6-0.8 with broad reading, math reasoning, applied problems,
and letter word identification rankings. Ideally, we would replicate our core results using these others
skill measures and a composite skill measure that averages scores across modules. However,
L.A.FANS only fielded the passage comprehension module to PCG respondents. Nonetheless, we
believe this module captures important dimensions of the contemporary housing search, such as the
accuracy, and perhaps frequency, of processing and contextualizing written information.

6 All individual/household-level measures contain complete data for the analytic sample
except for household income (~15% is missing data for one or more waves). To estimate missing
values, we use the imputed wave 3 household income values calculated by Sampson et al. (2017),
which employ a wide range of covariates.
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These models conceptualize selection as a process in which individuals examine a specific set of
available options and select one with characteristics that most closely match their preferences and
constraints. Interactions between characteristics of the choosers and of the choice options reveal
heterogeneity among subgroups in preferences and/or constraints vis-a-vis patticular option
characteristics. (For recent examples of discrete choice models of neighborhood sorting, see Bruch
and Swait 2019; Gabriel and Spring 2019; van Ham, Boschman, and Vogel 2018; Logan and Shin
2016; Quillian 2015; Spring, et al. 2017).

Our study’s choice of interest is the tract destination at time #— a binary outcome — modeled
as a function of multiple neighborhood-level characteristics and interactions of these characteristics
with individual-/household-level characteristics. The data structure consists of various person-
period-tract options, which capture a sample of neighborhood choices available to the individual in a
given period, including the tract actually chosen, which is marked 1; all other choice set options are
marked 0.

Consensus on two data structure features remains elusive: (1) whether the choice set should
include the tract chosen in the prior period (i.e., the origin tract) and (2) how the neighborhood
choice set should be conceptualized and constructed. Following Bruch and Mare (2012), we include
both stayers and movers in our analytic sample and use the binary origin tract indicator to gauge
whether the household is mobile within a given year. As for the neighborhood choice set, residential
mobility studies typically use a random sample of all tracts in a metropolitan area (Bruch and Mare
2012; van Ham et al. 2018; Quillian 2015; Spring et al. 2017), but we opt for a different tack that
takes into account L.A.’s unique spatial structure. We first assign all county tracts to one of eight
geographic regions — Central Los Angeles, San Fernando Valley, San Gabriel Valley, Gateway Cities,

South Bay, Westside Cities, Santa Clarita Valley, and Antelope Valley — which, based on our analysis,
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tend to retain high proportions of residents over time (Figure 1.1). Similar to Bruch and Swait (2019)
who examine “cognitively plausible” neighborhood choices among Angelenos, we use these regions
to shape respondents’ choice sets. For each person-year combination we construct a choice set of
tract options, consisting of the tract selected; the person’s tract of residence during the prior year
(i.e., the origin tract); and 49 to 50 randomly-sampled tracts, drawing about half from the
respondent’s county region of residence in the prior year, and about half from the entire county.
This approach yields a choice set of 50 to 51 tracts for all 3,317 person-periods and 284 unique
primary caregivers, generating a total core analytic sample of 167,342 person-period-tract

alternatives. See Appendix B.
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FIGURE 1.1
Residential Retention Rate by Los Angeles County Region:
LA FANS-MIP Longitudinal Study, Randomly Selected Adults
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Source: Authors’ calculations using L.A.FANS-MIP Longitudinal Study, as well as schematic maps from
various Los Angeles County governmental agencies and the Los Angeles Times’ “Mapping L.A.” Project.

Notes

2 The numbers indicate the percentage of randomly selected adult respondents who resided within the
same region of Los Angeles County during both waves 1 and 3 of the LA FANS-MIP Longitudinal Study
(N=012), regardless of whether they moved residences. For more details on this analytic sample of
randomly selected adults, see Sampson, Schachner, and Mare (2017).
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We follow Quillian (2015) in translating this data structure into a formal discrete choice
model of neighborhood selection consisting of two core components. The first, Equation 1,
estimates Ujj¢, which represents neighborhood /s attractiveness to individual 7 in year # If we
consider just two household characteristics (X1 (X ») and two neighborhood features (Z; A 2), and
assume a probability distribution of the unobserved neighborhood characteristics influencing
attractiveness, then the neighborhood attractiveness model’s nonrandom portion is represented by:

D Uije = (12030 + (2Zaie + 6112106 X0ie + 621220 X1ie + 6122100 X2t + 6222210
where (( represents the attractiveness of neighborhood /s characteristic £ at time 7 (Z j; ) and &)
represents the interaction effect of neighborhood ;’s characteristic £ at time #and individual 7’s
characteristic 7 (X) ;) on neighborhood attractiveness at time 7 Individuals’ characteristics only
influence neighborhood attractiveness through their interactions with neighborhood features.
Assuming the errors follow an extreme value (Gumbel) distribution, a discrete choice conditional
logit model generates a predicted probability of individual 7 selecting neighborhood ; at time #
(Equation 2):

ex (Ui't —qi-t)
2 .. Z . . . = iP J J
@ p”t( (je Py ltpc(l)) Z(C())leXp Oije— qic v)

C(;) represents the neighborhood choice set for individual 7, and w is an index used to sum over
elements of this set for the /th individual. We follow prior analyses in incorporating an offset term
(qijt) into our models to differentially weight tract options based on the probability of the tract

entering the choice set for a given person-year via the sampling procedures described above (see

Appendix B).

7We use the term “effect” to remain consistent with the discrete choice literature’s language,
while recognizing the limitations of our data and empirical strategy in identifying causal parameters.
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The model’s maximum likelihood procedures yield a predicted probability that each
neighborhood within the individual’s choice set will be selected based on a set of estimated
coefficients indicating neighborhood characteristics’ positive or negative effects on a neighborhood’s
attractiveness (main effects) and whether these effects are strengthened or attenuated by the
individual/household characteristics (interaction effects). We convert these coefficients into odds
ratios to facilitate interpretation. Odds ratios above 1 suggest the neighborhood characteristic
increases the likelihood of residence directly or in interaction with an individual/household
characteristic; odds ratios below 1 indicate a depressive effect. We discuss a common concern

regarding the accuracy and interpretation of conditional logit models’ results in the Appendix B.

DESCRIPIVE RESULTS

Table 1.1A reveals that whites and Latinos constitute 28 and 47 percent of the weighted analytic
sample, respectively, while Asians are 13 percent and blacks are 9 percent. This mix enables us to
examine sorting patterns among all four major race-ethnic groups— a key benefit compared to prior
neighborhood sorting analyses. The categorical classification of Woodcock-Johnson passage
comprehension scores indicates a low skew compared to the national distribution: the sample’s
middle tercile spans national percentile ranks 10 — 30.

A simple correlation matrix (Table 1.1B) presents unconditional associations between
primary caregivers’ individual-level and household-level attributes measured at baseline and
operationalized in continuous, rather than categorical, terms for passage comprehension and
household income to maximize specificity. One might expect classic indicators of adult
socioeconomic attainment — household income and bachelor’s degree — to strongly correlate with

cognitive skill levels, indicating skill effects on neighborhood outcomes are likely absorbed by
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socioeconomic effects. In fact, this is not the case. Passage comprehension score (measured in
continuous terms) is only correlated about 0.30 with household income (logged) and 0.38 with

possession of a bachelor’s degree, meaning that substantial residual variation in skill levels remains

net of these factors.
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TABLE 1.1
Descriptive Statistics and Correlations:
LA FANS-MIP Longitudinal Study, Primary Caregivers (IN = 284)

A. Person-level attributes (measured at baseline)

Variable Mean S.D. Min Max
Age 35.19 7.86 19 67
Race/ethnicity
White 0.28 0.45 0 1
Latino 0.47 0.50 0 1
African-American/Black 0.09 0.28 0 1
Asian/Pacific Islander 0.13 0.34 0 1
Other 0.03 0.18 0 1

Socioeconomic Status/Education

Houschold income (1999 constant §)

< $16,000 0.18 0.39 0 1
$16,000 — 27,999 0.21 0.41 0 1
$28,000 — 41,999 0.21 0.41 0 1
$42,000 — $65,999 0.20 0.40 0 1
$66,000+ 0.20 0.40 0 1

Bachelor’s degree or higher 0.19 0.39 0 1
Cognitive Skills
W-]J passage comp. national rank
< 10 percentile .34 0.47 0 1
10 — 30 percentile .34 0.47 0 1
> 30 percentile .32 0.47 0 1
B. Correlation matrix of person-level attributes (measured at baseline)
Passage comprehension  Household income (log) Bachelor’s degree +
Passage comprehension * 0.3032 0.3811
Household income (log) 0.3032 * 0.3788
Bachelor’s degree + 0.3811 0.3788 *
White 0.3491 0.1769 0.1362
Latino -0.2545 -0.3392 -0.3019
African-American/Black -0.0098 0.0335 0.0020
Asian/Pacific Islander -0.1388 0.2018 0.2479
Notes

*Means are weighted, reflective of all nonmissing observations, and measured at wave 1. Baseline values

of bachelor’s degree or higher and household income (log) represent educational attainment and

estimated annual income for the earliest year available, usually 2000 or 2001.

b Correlation values capture weighted unconditional correlations based on continuous rather than categorical
values of observations without missing data and/or with imputed data on the two variables in question.
However, correlation values are similar when categorical values of passage comprehension and household
income variables are applied (results available upon request).
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Chosen and nonchosen tract attributes (Table 1.2A) reveal that, on average, 94 percent of
the sample remained within their origin tract during a given year. Chosen neighborhoods’
race/ethnic distribution confirms L.A. County’s distinctiveness relative to the rest of the country.
The average share of Asian and especially Latino residents — approximately 13 and 50 percent — is
strikingly high relative to other U.S. urban areas. Whites and blacks constitute an average of about
28 and 7 percent of chosen tracts, respectively.

Unconditional associations between individual/household-level and chosen tract-level
attributes, as well as chosen tract-level attributes associations with each other, provide preliminary
clues about the skills-neighborhood link (Tables 2B & 2C). Comparing the correlation between
cognitive skills and nezghborhood, rather than household, socioeconomic characteristics suggests
cognitive skills may influence neighborhood outcomes directly and perhaps shape neighborhood
attainment more than socioeconomic attainment. Passage comprehension scores are correlated 0.47

with the time-varying neighborhood status index, but only 0.30 with baseline household income

(logged).
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TABLE 1.2
Descriptive Statistics and Correlations: Time-Varying Person & Tract Attributes of Analytic Sample

A. Person-year-tract attributes (time-varying), N = 167,342

Chosen Tracts Nonchosen Tracts
Variable Mean S.D. Mean S.D.
Origin tract 0.94 0.24 0.001 0.04
Network distance from origin (mi) 0.41 2.60 19.22 16.58
# housing units (logged) 7.55 0.39 7.29 0.52
% Owner-occupied 52.02 24.06 51.16 26.42
% White (ref) 27.74 24.70 29.98 27.16
% Black 6.85 8.79 8.76 14.23
% Latino 50.12 28.04 46.15 29.31
% Asian 12.75 13.03 12.44 15.16
Tract status index -0.12 0.84 -0.02 0.92
Tract K-12 test scotes 701.29 89.74 699.58 95.31
N (person-year-tracts) 3,317 164,025
B. Correlation matrix of person, person-year, and chosen tract attributes, N = 3,317
Person and Person-Year Attributes Tract Status Tract K-12 Test
Index Scores
Passage comprehension 0.4723 0.3777
Household income (log) (time-varying) 0.6185 0.5110
Bachelor’s degree+ (time-varying) 0.4179 0.3351
White 0.3864 0.3122
Latino -0.4687 -0.4172
African-American/Black -0.0932 -0.1057
Asian/Pacific Islander 0.2547 0.2686
C. Correlation matrix of chosen tract attributes (time-varying), N = 3,317
Tract Variables Tract Status Tract K-12 Test
Index Scores
Tract Status Index * 0.7792
Tract K-12 test scores 0.7792 *
% Owner-occupied 0.5006 0.3917
% White 0.8725 0.7024
% Black -0.2475 -0.3602
% Latino -0.8568 -0.7115
% Asian 0.2996 0.3860

Notes

a Means are weighted and reflective of all nonmissing observations between the years of 2001 and 2012.
b Correlation values capture weighted unconditional correlations based on continuous rather than categorical
values of observations without missing data and/or with imputed data.
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DISCRETE CHOICE MODELS

Congruent with the focus of previous neighborhood attainment studies, our first core analysis
(Table 1.3, Model 1) gauges racial differences in tract status sorting while accounting for controls,
including: the origin tract indicator, network-based spatial proximity between the origin tract and
choice set options, housing availability and homeownership rates. As expected, households are far
more likely than not to remain in place in a given year (OR = 2089.19, p < 0.01). When they do
move, network distance is important; the further the neighborhood option is from the origin
neighborhood, the less likely it is to be selected (OR = 0.80, p < 0.01). Housing markets also matter.
Neighborhoods with more housing units are more likely to be selected by parents (OR = 1.67, p <
0.01), as are those with a higher owner occupancy rate (OR = 1.36, p < 0.01). Confirming the urban
stratification literature’s longstanding findings, Latino and black race/ethnicity interact with the tract
status index to reduce the likelihood of sorting (ORs = 0.4, p < 0.01) net of non-racial tract-level

controls and an age — tract status interaction control.
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These racial interaction effects are only modestly attenuated after controlling for household
income differences across racial groups (Table 1.3, Model 2: ORs = 0.5 — 0.6, p < .01). Also, in line
with prior urban stratification analyses, class-based neighborhood sorting appears important, net of
race. The second highest and highest income quintiles interact with tract status to increase the
likelihood of selection, generating ORs of 2.23 and 3.26 (p < 0.01), respectively. Interestingly,
educational background, proxied by bachelor’s degree attainment, does not significantly predict

sorting when controlling for race, income, and age.

Cognitive Skills and Neighborhood S'tatus
After accounting for structural sorting patterns, do parents’ cognitive skills also predict
neighborhood attainment? Indeed they do, especially at the top end of the skills distribution. Model
3 in Table 1.3 preserves all covariates from the traditional neighborhood attainment model (Model
2) but adds interaction terms capturing heterogeneous sorting on neighborhood status by passage
comprehension tercile. The top tercile passage comprehension-tract status interaction term is
strongly significant, net of race-, class-, and education-based sorting patterns (OR = 1.86, p < 0.01).
The racial and income quintile interaction terms’ odds ratios attenuate very slightly when compared
to the previous model, suggesting skills play a modest role, at best, in mediating race- and class-
based neighborhood sorting patterns.

Model 4 extends beyond the traditional neighborhood attainment model by incorporating
neighborhood-level racial composition controls and racial homophily interaction terms. Recent
studies employing discrete choice models document significant racial homophily patterns that may

partially account for the observed propensity of blacks, in particular, to sort into lower status
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neighborhoods (Quillian 2015). Our results reinforce this possibility. When racial homophily terms
are included, they are significant among Latinos (OR = 1.92, p < 0.01) and among blacks (OR =
1.45, p < 0.05). Moreover, the racial interaction terms with tract status become non-significant.
However, importantly, the top tercile passage comprehension-tract status interaction term attenuates
only slightly, remaining significant net of race-, class-, and education-based status sorting and racial
homophily patterns (OR = 1.70, p < 0.05).8

We illustrate the magnitude of cognitive skill — neighborhood status interaction terms for the
full analytic sample (Model 4, Table 1.3) by stratifying top and bottom skill tercile parents and
comparing each subgroup’s (a) predicted conditional probability of residing within tracts at various
points in the neighborhood status distribution to (b) the probability of selecting a random tract from
their choice sets. Higher ratios indicate a disproportionate likelihood of selecting a certain tract type
over other options (see Logan and Shin 2016 for more detail on this type of simulation). Figure 1.2
suggests that, all else equal, top skill tercile respondents are 0.5 to 0.7 times as likely to select a tract
within the two lowest neighborhood status quintiles as they are to select a random tract in their
choice sets. This ratio approaches 1 within the middle tract status quintile and then ascends toward
1.5 between the fourth and fifth quintiles, indicating high scorers are nearly 50 percent more likely to
select a tract within the highest status quintile as they are to select any given tract in their choice set.

Conversely, bottom-tercile parents are much more likely to select a neighborhood within the two

8 By comparing Model 4 to an identical model that excludes skill interactions with tract
status, racial homophily interaction terms are virtually identical in odds ratios and significance
(results available upon request), suggesting that skill-based status sorting does not mediate racial
residential homophily patterns.
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lowest quintiles and much less likely to select a neighborhood within the two highest affluence

quintiles than they ate to select a random tract within their choice sets.”

9 Large relative differences in predicted versus random selection probabilities reflect small
absolute differences, given the tendency of residents to remain stationary—another dimension of
how inequality is reproduced (Huang, South, and Spring 2017; Sampson and Sharkey 2008). Yet
simulation models suggest even small group-based divergences in mobility and location propensities
can generate major group-based disparities at the population level (Bruch and Mare 2006; Schelling
1971).
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Similar results are generated using models that are nearly identical to Table 1.3, Model 4 but
specified on a sample excluding long-term stationary residents (i.e., 10+ years in the same tract) or
on a sample of person-years in which parents moved tracts. In both samples, the tract status - top
skill tercile interaction odds ratio attenuates slightly compared to Table 1.3, Model 4. In the former
model, the interaction reduces to 1.60 (from 1.70). In the mover-only model, the same “interaction
reduces from 1.70 to 1.67 (Appendix A: Table Al). Employing the full analytic sample (movers and
stayers) and operationalizing parents’ cognitive skill scores in continuous, rather than categorical,
terms yields a significant skill — tract status index interaction exceeding 1 (OR = 1.19, p < 0.01)
(Appendix A: Table A2). Overall, our findings support Hypothesis #1: parents’ cognitive skills
influence neighborhood attainment processes, net of age-, race-, class-, and education-based
neighborhood status sorting and racial homophily.19

Falsification checks based on theoretical expectations reinforce these findings. The parental
skills-neighborhood status link is 707 significant among parents who still reside with their own
parents as of waves 1 or 2 and among parents who no longer have children under 18 in their
household by wave 2. By contrast, among parents whose households contain elementary school-
aged children (i.e., under 12) in both waves 1 and 2, the skill-neighborhood status interactions
strengthen in magnitude. Both the middle skill tercile (OR = 1.53, p < 0.05) and top skill tercile (OR
= 1.95, p < 0.01) are significant, suggesting neighborhood status is particularly salient to highly

skilled parents of young children (Goyette et al. 2014) (Appendix A: Table A3).

10 Additional robustness check models included excluding the offset term and incorporating
interactions for origin tract and: household income, skills, and neighborhood status. Model results
are not substantively changed compared to Table 1.3, Model 4.
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Class, Skills, and Neighborhood K-12 Test Scores

We now evaluate our second hypothesis testing whether, among upper/middle-upper class patents,
cognitive skills are associated with sorting on K-12 test scores, specifically, rather than
neighborhood status generally. Model 1 in Table 1.4 employs Model 4 in Table 1.3 as a base but
specifies the analytic sample to only include parents who are bachelor’s degree holders or within the
top two income quintiles in a given year. We interact tract K-12 test scores with parents’ cognitive
skill tercile, as well as with age, household income (logged), and origin tract as controls. Model 1
supports Hypothesis #2. Advantaged parents within the top skill tercile are much more likely to sort
into neighborhoods with higher-quality schools (OR = 5.60, p < 0.01), as are those within the
middle skill tercile (OR = 4.96, p < 0.01).11 Significant skills-K-12 test score interactions are
replicated in a similar model specification limited only to bachelor’s degree holders (results available
upon request). We also confirm the same patterns do not hold among less advantaged parents: The
Model 1, Table 1.4 specification applied to a sample of parents without a bachelor’s degree and in the
bottom three income quintiles in a given year generates a non-significant cognitive skill- tract K-12

scores interaction (Model 2, Table 1.4).

11 Parents plausibly use schools’ socio-demographic properties, rather than test scotes, to
infer school quality, especially given the well-established link between the two (Rich 2018). Because
our models control for sorting on neighborhood racial and economic status, we partially account for
this possibility, though future research probing this concern is necessary.
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TABLE 1.4
Sorting Effects of Respondent Attributes, Structural Tract Characteristics, and Tract K-12 Test
Scores on Residential Choice by Educational Attainment, Conditional Logit Models

Model 1 Model 2
Uppet/ Middle/
Upper-Middle Class Working Class

Variables O.R. S.E. O.R. S.E.
Destination tract attributes
Origin tract 1172.966** 380.330 2438.635**  1041.378
Origin tract X tract I<-12 test scores 1.126 0.189 0.837 0.154
Network distance in miles from origin 0.748** 0.040 0.835%* 0.039
# housing units 2.802%* 0.566 1.370* 0.186
% Owner-occupied 2.021%** 0.389 1.066 0.152
% Latino 0.901 0.295 1.175 0.336
% Black 0.607 0.166 1.132 0.187
% Asian 1.043 0.112 1.168 0.166
Tract status index 0.712 0.657 1.788 1.256
Tract K-12 test scotes 1.804 1.636 0.654 0.490
Interaction of individual & tract attributes
Age X Tract status index 1.010 0.023 0.968 0.017
Age X Tract K-12 scores 0.953 0.025 1.032* 0.015
Latino X % Latino 1.845%* 0.427 1.783** 0.304
Black X % Black 1.447 0.353 1.718* 0.444
Asian X % Asian 1.254 0.367 2.316%* 0.289
Household income (log) X Tract status 1.773%* 0.315 1.052 0.275
Household income (log) X Tract K-12 scores 1.181 0.189 1.271 0.330
Med. passage comp. X Tract status 0.457* 0.147 1.392 0.503
High passage comp. X Tract status 0.441 0.190 2.026 0.843
Med. passage comp. X Tract K-12 scores 4.962%* 2.202 0.675 0.225
High passage comp. X Tract K-12 scores 5.599** 2.316 0.668 0.251
Observations
Number of persons 165 201
Number of person-years 1,476 1,841
Number of person-year-tract alternatives 74,522 92,820
Notes

» Upper class defined as primary caregivers with a bachelot’s degree or within the top two income quintiles of
household income. Middle/working class defined as primary caregivers without a bachelot’s degree and in bottom
three income quintiles of household income.

b Models include standardized measures of tract K-12 scores, all census-derived tract-level variables. and the
continuous household income (logged) vatiable; analytic weights are based on L.A.FANS/MIP sampling procedutres
and attrition; and the offset term, -In(g;e), for sampling the choice set.

¢ Standard errors are clustered by persons.

d*p <05, ¥p <.01 (two-tailed test).
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Does the observed skills-tract K-12 test scores link among advantaged parents primarily reflect
skill-based variation in preferences for, or constraints to, accessing neighborhoods with high-quality
schools? A preferences account suggests that among upper/middle-upper class class parents, the
highly skilled prioritize child-optimizing neighborhood amenities, such as schools with high test
scores, compared to other neighborhood features than do the less skilled. A constraints perspective
might hold that the highly skilled more deftly overcome informational and institutional barriers and
ingratiate themselves to, or are less discriminated against by, key residential and educational
gatekeepers than the less skilled.

Our discrete choice models cannot cleanly clarify whether preferences, constraints, or both
undetlie skill-based sorting on tract K-12 test scores among advantaged patrents (see Quillian 2015's
discussion of this preferences versus constraints concern). Although the skill-based parenting and
concerted cultivation literatures suggest skill-based preferences rather than constraints may
predominate in neighborhood selection among advantaged parents, to our knowledge, a definitive
resolution remains elusive. Thus, we opt to exploit descriptive data bearing on this question.

Figure 1.3A reveals the proportion of L.A.FANS primary caregivers who participated in
wave 1, regardless of MIP inclusion, and who moved residences within the prior five years, that
reported in wave 1 that proximity to good schools motivated their neighborhood choice. Congruent
with concerted cultivation studies, uppet/middle-upper class parents are much more likely, overall,
to report access to good schools for their kids as a mobility driver than are other parents.

Do cognitive skills shape school-based preferences, net of socioeconomic status? Congruent
with Hypothesis #2, our descriptive data suggest they might. Advantaged parents within the top and
middle skill terciles are about 1.5 times more likely to cite schools as a mobility driver as similarly

advantaged bottom tercile parents — a pattern not replicated among middle/working parents. These
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descriptive results reinforce the class heterogeneity in skill-based tract K-12 test score sorting revealed
by our discrete choice models and implicate class- and skill-based disparities in preferences for
schools as a potential driver. Yet skill-based constraints are not ruled out. Panel B reveals that,
conditional on expressing a school-based preference, a large class-based difference in median tract
tract K-12 scotes remains (~130 points). Future research is needed to examine whether parental skills

mediate this residual class gap.
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Our analyses thus far do not solidify whether skills themselves stratify school-centric
residential preferences and sorting, or if skill and class correlates, such as parents’ educational
expectations and investment in their children, confound observed skill effects. Leveraging
L.A.FANS data on how many years of education parents expect their children to receive (to proxy
expectations) and on the number of extracurricular activities in which their children are involved (to
proxy investment), we confirm each construct is positively correlated with parents’ cognitive skill
levels (~0.3) (Table 1.5A).12

We then interact these variables with tract status and tract K-12 test scores and add them
into our most complete discrete choice models from Tables 3 and 4. The partial model output in
Table 1.5B reveals that while extracurricular investment interactions are strongly significant in each
model (p < 0.01), the cognitive skill interactions with neighborhood status and K-12 test scores
remain significant. Parents’ educational expectations and especially extracurricular investments may
thus account partially — but likely not fully — for class- and skill-based stratification in neighborhood

preferences and, in turn, contextual sorting.

12 For more details on how we constructed these measures, see Appendix B.
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DISCUSSION & CONCLUSION

The burgeoning literature exploring the intergenerational process of skill development highlights the
role of parenting tactics but not contextual selection. The rich urban stratification literature, for its
part, takes contextual selection as its object of analysis, yet its structural orientation obscures
cognitive skills” role. We believe cognitive processes contribute to urban stratification and the
intergenerational transmission of context. Neighborhoods shaped parents’ skill development as
children, and these skill levels predict their own children’s neighborhood conditions. Evolving
housing market dynamics and school choice systems may amplify skill-based sorting processes, and
these processes plausibly shape the residential and educational opportunities available to less
advantaged and less skilled city residents.

To assess our theoretical framework, we integrate Angelenos’ socio-demographic
characteristics, cognitive skills, and residential histories, with census, GIS, and administrative data on
L.A. County neighborhoods’ spatial locations, housing markets, socio-demographics, and K-12 test
scores. Neighborhood attainment-oriented discrete choice models show that cognitive skills interact
with evolving opportunity structures to independently shape neighborhood status sorting, even after
confirming the key roles played by race and class, housing markets, and spatial proximity. Among
advantaged parents, cognitive skills are associated with sorting on public school test scores,
specifically, rather than neighborhood status generally, net of interactions between skills and
neighborhood status and a wide range of controls. Skill-stratified preferences for neighborhood
school quality, or perceived signals of quality, may drive this pattern.

Our results suggest neighborhood sorting occurs not only the basis of race and class but also
on the basis of cognitive skills, a mechanism we call skz/-based contextual sorting. This model has
important implications for the urban stratification and intergenerational transmission of skills

literatures. As Krysan and Crowder (2017) argue, urban stratification’s structural focus on economic
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resources, racial residential preferences, and housing discrimination may obscure key processes
underlying neighborhood sorting. Race and class continue to profoundly shape housing markets, but
their firm grip may be slowly weakening, and the roles played by information and networks are
undoubtedly expanding. Results of a recent policy experiment reinforce this intuition. In Seattle and
King County, modest investments in reducing informational barriers among housing voucher
recipients (via customized housing search assistance, paired with short-term financial support and
landlord engagement) dramatically increased the likelihood they selected neighborhoods with high
upward mobility rates (Bergman et al. 2019). As neighborhood-level data on measures ranging from
upward mobility to K-12 school quality proliferate, the perceived neighborhood status hierarchy may
no longer be determined solely based on race and class composition. These dynamics plausibly open
the door to skill-based stratification, especially among advantaged parents who can readily access or
prefer this kind of information and who can overcome the financial constraints required to act on it.
Amidst the increasing residential separation of the affluent (Owens 2016; Reardon and Bischoff
2011), understanding precisely how elites preserve spatial advantages may illuminate key mechanisms
by which disadvantaged families’ residential options are constrained.

These processes have further implications for the intergenerational transmission of skills
literature, which should supplement its focus on parenting tactics with a deeper analysis of how skills
shape, and are shaped by, environmental conditions to which children are exposed. The
neighborhood appears to be an important domain for skills development, but contextual sorting vis-
a-vis other domains (e.g., childcare, schools) are also likely salient. Skills scholars should examine
what environmental domains, and what features of them, interact with parental skills to produce
sorting.

We acknowledge the limitations of our study. L.A.FANS encompasses a relatively small

group of parents within one urban ecology during one temporal era. Future studies should leverage
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larger samples with more diverse household structures and lifecycle phases, spanning longer time
periods and broader geographies. Data on non-traditional public schools could also prove useful.
Further theorizing is required to determine what additional skills (e.g., quantitative, noncognitive, or
socioemotional capacities) and neighborhood features (e.g., environmental toxicity, crime levels)
should be incorporated into ever-richer neighborhood sorting models. Examining whether these
finer-grained sorting processes help explain race- and class-based gaps in neighborhood quality, and
whether race and class moderate these processes would meaningfully enrich urban stratification
models. Such analyses also promise to improve non-experimental estimates of neighborhood effects
on individuals’ outcomes (van Ham et al. 2018).

Our study could not definitively resolve whether sorting patterns reflect skill-based
differences in preferences or constraints vis-a-vis neighborhood characteristics and whether skill-
based sorting on neighborhoods’ school test scores among advantaged parents reflects differential
prioritization of school quality or merely differential perceptions of school test scores as a proxy for
it. The challenges of disentangling preferences from constraints and clarifying their sources are
endemic to all decision-making research. Stratifying respondents not only on socio-demographics,
but also on skills and combining stated preferences (neighborhood vignettes) with revealed
preferences (residential mobility histories) may help. Additional research that closely documents how
cognitive skills versus other correlated factors like educational expectations shape the contemporary
housing search is also necessary.

Our results are nonetheless robust in identifying skill-based contextual sorting as an
emerging axis along which urban inequality is unfolding. This development is important to explore,
especially in an era of liberalized, choice-oriented urban policy marked by school choice regimes and

housing voucher programs. Reducing constraints to individuals’ residential and school-enrollment
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decisions in such an era, while intended to equalize socioeconomic opportunities across race and

class lines, could well amplify skill-based stratification instead.
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2

Parental Depression and Contextual Selection:
The Case of School Choice

Parents’ socioemotional health shapes children’s cognitive and socioemotional development and, in
turn, their life chances. A large literature links maternal depression, in particular, to children’s
cognitive and socioemotional skills and implicates daily parenting tactics as a key mechanism
(Cummings and Davies 1994; Downey and Coyne 1990; Goodman and Gotlib 2002; McLeod,
Weisz, and Wood 2007). In this view, depression’s often debilitating symptoms lead to elevated
psychosocial aggression, limited emotional engagement (Bodovski and Youn 2010; Kuckertz,
Mitchell, and Wiggins 2018) and reduced participation in “concerted cultivation” practices, such as
time spent reading to and playing with children (Baker and Iruka 2013; Kiernan and Huerta 2008).
Yet recent studies suggest these mechanisms explain only a modest portion of the parental
depression-child development association (Kuckertz et al. 2018; McLeod et al. 2007).

I argue that a missing mediating pathway merits attention: contextual selection.
Contemporary parenting entails not only engaging directly with children in daily interactions ranging
from play time to discipline but also navigating increasingly complex residential and educational
markets and selecting environmental contexts in which to raise children. If parental depression
inhibits children’s access to high-quality neighborhood, school, and childcare settings and if these
contexts in turn stratify children’s development, then contextual selection may constitute an
overlooked path by which parental depression affects children’s prospects.

The depression-contextual selection link is likely strongest in large American cities, which are

flush with neighborhood and school options and saturated with publicly-accessible information on
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their quality. In these places, depression plausibly constrains information collection and impairs
child-optimizing decision-making, while reducing parents’ ability to overcome the institutional
hurdles imposed by highly coveted residential and educational contexts. Thus, depressed parents
may be less likely to sort their children into neighborhoods, schools, and childcare settings most
conducive to their children’s long-term success. These dynamics may be especially pronounced
among disadvantaged minority parents, who disproportionately live in choice-rich (i.e., dense and
urban) contexts, yet often lack the financial, informational, and social resources — as well as effective
therapeutics and healthcare (Cabassa, Zayas, and Hansen 2006; Gonzalez et al. 2008) — that could
buffer depression’s negative effects.

Contemporary K-12 school sorting in large metropolitan areas offers a theoretically strategic
case to assess these expectations. Until the 1990s, the vast majority of American children attended
their locally-assigned public school. However, the school reform movement has upended the
structure of school assignment in many cities since. Predicated on market principles, such as choice,
information, and competition, reforms softened longstanding school enrollment residency
requirements and fueled the expansion of non-traditional public school options, including charter
and magnet schools, as well as school quality data (Archbald 2004; Berends, Waddington, and
Schoenig 2019; Orfield and Frankenberg 2013). Recent estimates suggest 30-40% of children now
opt out of their residentially-assigned public school (Candipan 2020). Yet the literature on school
sorting has paid minimal attention to socioemotional health’s role in shaping this complex and high-
stakes decision-making process. In an era of choice, information, and intensive parenting norms, are
depressed parents — especially those who are also disadvantaged minorities — less likely to leverage
alternative school options to their children’s benefit?

To examine this core question, I leverage Los Angeles Family and Neighborhood Survey

(L.A.FANS) data, which include a well-validated parental depression measure, as well as the
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residential and educational conditions of over 2,000 children ages 5 — 17 in Los Angeles County
during the 2000s. During this time, alternative school options and school quality data were
expanding, just as high-stakes parenting norms were strengthening. These factors conceivably placed
additional strain on parents who were navigating an already vast, fragmented, and complex urban
ecology. Logistic regression models examining whether depressed parents are less likely to enroll
their children in a non-assigned school suggest that depression may indeed play an important but
often underappreciated role in educational selection and stratification. All else equal, I find that
children of depressed parents are less likely to attend a school of choice, whether a magnet, charter,
or private school. These estimated depression-based disparities are considerably larger among non-
whites and some evidence suggests they are largest among blacks. Moreover, the findings are robust
to multiple operationalizations of school sorting, consideration of several potential confounding
explanations, and the inclusion of neighborhood fixed effects. That is, ever among residents of the same
neighborhood, non-white children whose parents are more likely to be depressed are less likely to sort
their children into alternative school options.

These dynamics may contribute to black children of depressed parents attending lower-
quality schools. I estimate that this subgroup attends public schools that score over a decile lower on
state value-added rankings than similarly situated children of non-depressed parents. Moreover,
several studies suggest private, magnet, and/or charter schools exert causal boosts to children’s
cognitive development and long-term trajectories (Berends 2015; Figlio and Stone 2012; Wang,
Herman, and Dockterman 2018), especially for disadvantaged students residing in core-city
neighborhoods (CREDO 2015; Goldhaber and Eide 2002). Thus, depression-based school sorting
disparities likely have material consequences for inequality. I conclude that parental depression may
shape children’s trajectories not only via day-to-day parenting tactics but also via contextual

selection. Contemporary systems of choice may exacerbate rather than mitigate school and
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neighborhood segregation, while further inhibiting the life chances of depressed and disadvantaged

parents’ children, who are particularly vulnerable.

PARENTING WITH DEPRESSION

Depression is a pernicious and pervasive mental health condition involving debilitating and often-
chronic symptoms like depressed mood and diminished interest in typically enjoyable activities.
These symptoms can impede individuals’ success across professional, educational, social, and
familial domains. About 10% of Americans endure a major depressive disorder within a given year
and twice as many experience one at some point in their lives (Hasin et al. 2018; Kanter et al. 2008;
Kennedy 2008; Kessler et al. 2012; Kessler, de Jonge, and Shahly 2015; Kupfer, Frank, and Phillips
2012). Stratification and health scholars espousing a life-course perspective have long highlighted
depression’s distal causes and consequences. Emphasizing the family’s crucial role in transmitting
cognitive, socioemotional, and structural conditions across generations (Elder 1998), these
researchers framed maternal depression not only as a critical threat to mothers’ wellbeing but also
that of their children (Turney 2011c, 2011a). A robust literature employing an intergenerational lens
estimates and explains the correlation between maternal depression and children’s cognitive and
socioemotional development.

These studies link maternal depression to increased internalizing and externalizing behavioral
problems among both very young and school-aged children, as well as future anxiety and depression
as children age into adulthood (for reviews, see Cummings and Davies 1994; Downey and Coyne
1990; Goodman and Gotlib 2002; McLeod et al. 2007). Maternal depression may also constrain
cognitive development, though here the empirical consensus is slightly weaker. Some studies suggest

that maternal depression predicts lower language and vocabulary competencies, as well as other
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cognitive performance measures, across a wide range of ages (Bodovski and Youn 2010; Brennan et
al. 2000; Claessens, Engel, and Curran 2015; Hay et al. 2001; Kiernan and Huerta 2008; Paulson,
Keefe, and Leiferman 2009; Petterson and Albers 2001; Yu and Wilcox-Gok 2015).

These observed parental depression-child development links have motivated a spate of
studies on salient mediators, with day-to-day parenting tactics looming large. Maternal depression
appears to foster stressful living conditions and destabilized family routines and to increase the
likelihood of parental neglect (e.g., leaving a child home alone), psychosocial aggression, and physical
discipline. Emotionally, depressed mothers disproportionately behave in a hostile, negative,
withdrawn, or disengaged manner. A large literature documents how these behaviors, in turn,
compromise children’s socioemotional development (Bodovski and Youn 2010; Chot et al. 2019;
Cummings and Davies 1994; Downey and Coyne 1990; Feng et al. 2007; Hildyard and Wolfe 2002;
Kuckertz et al. 2018; Lovejoy et al. 2000; Natsuaki et al. 2014; Norman et al. 2012; Schwartz et al.
2014; Taraban et al. 2019; Turney 2011b, 2012). Another stream of mediation-oriented research
suggests that depressed parents are less likely to engage in “concerted cultivation” enrichment
activities, like reading, that encourage learning and exploration (Baker and Iruka 2013; Kiernan and
Huerta 2008; Paulson et al. 2009) and bolster cognitive skills. Yet recent studies suggest that the
hypothesized mechanisms are insufficient to explain the parental depression-child development link;

other pathways are likely implicated (Kuckertz et al. 2018; McLeod et al. 2007; Rice 2009).

A Missing Mediator? Parental Depression and Contextual Selection

Although alternative mediators, including disadvantaged economic conditions (Heflin and Iceland
2009; Williams and Cheadle 2016) and unstable family dynamics (Bauer et al. 2013; Kim and
McKenry 2002) have been posited, one mediating pathway remains almost entirely absent from

consideration: contextual selection. I argue that maternal depression may inhibit children’s access to
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high-quality neighborhood, school, and childcare settings, which are crucial domains for their
development. Inattention to this possibility may partially reflect life-course theory’s emphasis on
very young children (5 and under), given their particularly malleable cognitive development (Duncan
et al. 2007; Duncan and Magnuson 2011; Reardon and Galindo 2009), and the family domain, where
young children spend the vast majority of their time. Neighborhood and school stratification
scholars, for their part, have justifiably focused their analyses on the central roles played by race and
class (Krysan and Crowder 2017), with parental cognitive and socioemotional factors typically
considered secondary (Schachner and Sampson 2020).

However, recent evidence suggests these orientations may be worth revisiting. First,
children’s cognitive and especially socioemotional skills remain malleable in the K-12 years, when
families’ dominant role is partially supplanted by neighborhoods and schools (Chetty, Hendren, and
Katz 2016; Jennings et al. 2015; Lloyd and Schachner 2020). Second, race and class remain central
drivers of children’s environmental contexts, but the ascendance of choice-based policies (e.g.,
housing vouchers, charter school expansion) and dissemination of information on school and
neighborhood quality plausibly stratifies intra-group disparities in parents’ ability to access, interpret,
and act on often-complex data sources (Schachner and Sampson 2020). If maternal depression
compromises these crucial capacities, then a novel mediating pathway linking the condition and

children’s prospects emerges.

PARENTAL DEPRESSION AND SCHOOL SELECTION

Contemporary K-12 school sorting is a theoretically strategic case in which to examine a potential
maternal depression-contextual selection link. Historically, the vast majority of American children
attended the local public school to which they were assigned based on their residential address’

catchment zone (Lareau and Goyette 2014). This enrollment system, ubiquitous until the 1990s,

62



largely obviated the need for studies on fine-grained dynamics of school selection. If maternal
depression shaped children’s educational conditions at all, the effect would likely operate through
residential selection.

However, today about 40% of children attend a K-12 school other than that to which they
were geographically assigned (Candipan 2020). This shift primarily reflects two trends fueled by the
school reform movement, which embraced market-based principles as a hoped-for antidote to
educational inequities. First, non-traditional public school options, such as charter and magnet
schools, precipitously expanded alongside the longstanding private school option, while school
enrollment rules liberalized and interdistrict transfer programs spread. Second, the amount of
publicly-accessible information on school quality vastly increased (Archbald 2004; Berends 2015;
Berends et al. 2019; Hoxby 2003; Orfield and Frankenberg 2013). Meanwhile, high-stakes parenting
norms strengthened, creating additional pressure to optimize for children’s development (Kornrich
and Furstenberg 2013; Lareau 2011). A large body of work has examined the unintended
consequences of these shifts for race and class segregation (e.g., Owens 2016; Saporito 2009). Yet no
known study has considered how depressed parents, who already endure elevated stress levels,
navigate the school ecosystem in an era of rampant choice, complex data, and high-stakes parenting

— conditions that one sociologist characterizes as fostering “Kinder Panic” (Brown 2020).

Why Depression Might Matter

When neighborhood and school sorting processes were inextricably linked, structural constraints (e.g.,
race, income, and wealth) largely determined which families gained access to which schools via the
housing market, regardless of parental preferences. Reduce structural constraints and, school choice
advocates’ thinking goes, more equitable school sorting outcomes will follow. But this assumption is

likely flawed, and parental depression illustrates why. The condition plausibly dampens parents’
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preferences for non-local school options and weakens their ability to overcome constraints to access
them. If true, choice-based systems may exacerbate inequality on the basis of parental depression.

With regard to preferences, it is well-established that depression predicts a diminished
external locus of control and sense of self-efficacy (Benassi, Sweeney, and Dufour 1988). If
depressed parents feel hopeless and ineffectual in navigating increasingly complex systems of school
choice, then they may be less likely to seek desirable non-assigned school options. Reduced levels of
participation in educational enrichment activities among depressed parents (Baker and Iruka 2013;
Kiernan and Huerta 2008; Paulson et al. 2009) may also play a role. Although an explicit link
between “concerted cultivation” practices and school quality preferences has not been examined,
depressed and disengaged parents may be less attuned to their children’s particular educational needs
and less inclined to reconfigure their already-burdened lives in ways that optimize for it. Depressed
parents may also be disconnected from the robust social networks of parents who are actively
engaged in concerted cultivation practices and plausibly amplify each other’s preferences for
maximizing school quality via non-traditional school options (Bader, Lareau, and Evans 2019).

As for constraints, the contemporary school choice system in large American cities requires
overcoming a number of hurdles constraining access to non-assigned schools, including: (1)
assessing a vast ecosystem of school options and absorbing vast quantities of information (e.g., test
scores, school climate, teacher quality) to gauge quality, (2) deciding on a prioritized set of schools,
and (3) navigating often-complex enrollment processes to gain access to a non-assigned option. This
type of information collection and processing is a difficult task in general, but it may
disproportionately burden depressed parents. A key resource capable of helping parents access
school-related information is social networks (Bader et al. 2019; Fong 2019; Schneider et al. 1997).
Yet depressed parents may be less likely to have strong social and familial networks from which to

extract this support (Visentini et al. 2018).
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It is not only the collection of information but also processing and affirmatively acting on it
that could also prove difficult for them. A core depression symptom is difficulty with decision-
making. Indecisiveness is now a criterion used in depression diagnosis (American Psychological
Association 2013), and recent studies suggest depressed individuals exhibit a disproportionate
propensity to avoid risk (Cobb-Clark, Dahmann, and Kettlewell 2019; Eshel and Roiser 2010; Huys,
Daw, and Dayan 2015; Leykin, Roberts, and DeRubeis 2011). Sending a child to the residentially-
assigned public school requires no active decision and the option is likely perceived as the least risky.

Moreover, parents must manage a complex set of processes consisting of paperwork,
lotteries, and strict deadlines to turn alternative school choices into reality (Brown 2020; Corcoran et
al. 2020; Fong and Faude 2018). Attention and executive function deficits associated with depression
may compromise parents’ abilities to navigate this bureaucratic terrain. Informal interpersonal
dynamics may also disadvantage depressed parents. Some parents may attempt to overcome missing
deadlines or gain a leg up in accessing certain schools by ingratiating themselves to institutional
gatekeepers (e.g., district personnel, principals, teachers). However, depressed parents may struggle

managing these high-pressure interpersonal interactions (Hames, Hagan, and Joiner 2013).

Structural Disadyantage as a Moderator

These depression-inflected dynamics may be amplified among parents of disadvantaged minority
(i.e., non-white) children. Collecting and acting on information in a vast and complex educational
ecosystem is difficult enough for any parent (Corcoran et al. 2020), let alone a depressed one. But it
may be particularly difficult among non-whites, given their sharply reduced rates of antidepressant
and mental health service usage; these ethnoracial disparities remain even when controlling for

socioeconomic resources (Cabassa et al. 2006; Gonzalez et al. 2008). Non-whites also
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disproportionately lack access to digital and non-digital tools that provide accessible and digestible
information on the range of school options available and measures of their quality. Indeed, blacks
and Latinos are roughly half as likely to enjoy internet access at home as are whites, and only about a
quarter of the gaps are accounted for by income differences (Fairlie 2014).

Although disadvantaged minority parents could theoretically compensate for these
informational gaps by tapping into social and family networks, research suggests minority and
especially black households have access to smaller networks than do white households (Ajrouch,
Antonucci, and Janevic 2001) and perhaps exhibit less trust in the network ties they do have (Smith
2010). Depression may further erode the size of, and trust in, racial minorities’ already-compromised
social networks. Conversely, even if white parents exhibit depressive symptoms, the network
benefits associated with residing in a racially and socioeconomically advantaged neighborhood —
where school decisions are frequently discussed (Bader et al. 2019) — may still accrue to them.

Recent research also suggests disadvantaged minority parents, specifically black and Latino
parents, are disproportionately likely to struggle with bureaucratic hurdles, such as strict deadlines
associated with school choice systems perhaps due to instability in their residential locations (Fong
and Faude 2018). Depression may exacerbate this problem, given the condition’s association with
household instability and impaired time management. Overcoming missed deadlines, paperwork
errors, or lottery rejections to secure enrollment in non-assigned schools often requires successfully
navigating complex institutional bureaucracies — a process upper-middle class, white parents are
especially well-versed in; disadvantaged minority parents are often more likely to defer to
institutional gatekeepers (Lareau 2011), and less likely to be well-received when they do attempt to
intervene (Kim 2009). Two concrete hypotheses follow:

(1) Depressed parents are less likely than non-depressed parents to send their children to school of choice (i.e.,
magnet, charter, or private school).

(2) These school enrollment effects are strongest among disadvantaged niinority families, especially blacks and
Latinos.
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RESEARCH DESIGN AND METHODS

To examine these core hypotheses, I employ data from L.A.FANS, a panel study that explores the
multilevel sources of inequality and wellbeing within Los Angeles County during the 2000s.
L.A.FANS wave 1 data collection was conducted in 2000-2002, with a probability sample of 65 Los
Angeles County neighborhoods (census tracts). Within each tract, L.A.FANS selected a sample of
blocks, and within selected blocks, a sample of households was selected. 3,085 households ultimately
completed household rosters. Within each of these households, researchers attempted to interview
one randomly selected adult (RSA) and, if present, one randomly selected child (RSC) under age 18.
They also interviewed the primary caregiver (PCG) of the child (who could, or could not be, the
RSA but was almost always the child’s mother), and a randomly selected sibling of the RSC (SIB).
Ultimately, 2,306 RSCs, 1,378 SIBs, and 1,957 PCGs overseeing these children were included in
wave 1 data collection. Follow-up interviews were conducted with wave 1 respondents between
2006 and 2008 if they still resided within L.A. County (eligible sample response rate: 63%). A
supplementary replenishment sample of respondents who did not participate in wave 1 were added
to wave 2 data collection to ensure a sample size that was large and representative enough to
generate statistically valid cross-sectional estimates for L.A. County resident measures at wave 2. For
more details on the L.A.FANS design, see Sastry et al. (2000).

Because this study centers on K-12 school sorting processes, I specify my sample to include
child-wave combinations in which the RSC or SIB were ages 5 to 17, enrolled in neither college nor
special education, and for whom a complete L. A.FANS child survey was available. This specification
yields an initial eligible sample of 3,180 child-wave combinations consisting of 2,539 unique child
respondents nested within 1,910 unique primary caregivers/households. 2,906 (91%) of these
eligible child-wave combinations contain valid school enrollment information and census tract

geocodes. Given the centrality of parental depression to the study’s aims, I then exclude child-wave
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combinations in which the child’s primary caregivers was missing a wave-specific depression
probability estimate (N=20) or any other core model independent variable (N=134). Thus, the final
sample consists of 2,752 child-wave combinations, 2,245 unique child respondents, and 1,682 unique
primary caregivers/households.

I 'link the L.A.FANS-provided school identification codes for this analytic sample to
California Department of Education data on school types (i.e., private, charter, magnet, traditional
public) and average test scores. I also leverage ArcGIS to estimate spatial distances between
children’s reported tract of residence and school of enrollment, yielding valid estimates for 90%
(N=2,468) of the final analytic sample. The procedures used to link these various datasets and

construct key variables are described below.

School Sorting as an Outcome
My primary outcome is a binary measure indicating whether an L.A.FANS child respondent was
enrolled in a school of choice using L.A.FANS-provided data linked to state administrative data reveal
whether each child attended a magnet, charter, or private school — or a traditional public school. The
school type designation is straightforward for students attending private or charter schools at the
time of data collection, given that they never share California Department of Education school
identifier codes with traditional public schools. Thus, for children whose L.A.FANS-provided
school identifier codes are reported by the California Department of Education to be associated
with a private or charter school, I mark the child-year as “1”, indicating that the child attended a
school of choice at the time of data collection.

The remaining children in my analytic sample attended either a magnet school or a
traditional public school. My data sources do not easily identify which students are magnet versus

traditional public school attendees because many magnet schools share a campus with a traditional
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public school and therefore do not receive a unique school identification code from the state.
However, the state’s school directory does indicate whether a given school campus contains a co-
resident magnet school. Thus, for all children attending a public school without a co-resident magnet,
I can safely assume they are traditional public school attendees and therefore mark them as “07,
indicating they did not attend a school of choice. The final subset of children attend a public school
containing a co-resident magnet program which they may or may not attend. If the primary caregiver
of a child within this group indicated her child attended a magnet program during the wave in
question, I mark the child as “1”, indicating she is a magnet student and therefore enrolled in a
school of choice. All remaining children are marked as “0” because I have no evidence they attended
a private, charter, or magnet school, even if a co-resident magnet school is located on their school’s
campus.

However, to assuage concerns regarding these analytic decisions regarding magnet school
designation and the potential measurement error they introduce, all core models are replicated using
a more stringent but easier-to-measure binary outcome: (a) attendance in a private or charter school
and then (b) attendance in a private school (versus a public school of any kind). Results remain
substantively unchanged. I also leverage ArcGIS to predict the network distance (road length, in miles)
logged capturing the distance between the centroid of a child’s census tract of residence and the
centroid of the census tract in which their L.A.FANS-reported school of enrollment is located. If
the child attends a school within her home census tract, the measure takes a value of 0. The models
based on this measure make no assumptions regarding school type, while providing a theoretically
valuable and immediately intuitive gauge of whether depression might constrict parents’ physical

activity space and plausible school choice sets.
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Parental Depression as Predictor

My primary predictor of non-neighborhood school attendance is the probability of depression, ranging
from 0 to 1, exhibited by the child’s L.A.FANS-designated primary caregiver — which is almost
always the child’s mother — during the child-year in question. This metric is based on respondents’
answers to the Composite International Diagnostic Interview-Short Form (Kessler et al. 1998),
which was developed by the World Health Organization, based on the Diagnostic and Statistical
Manual of Mental Disorders, and used in the U.S. National Health Interview Survey. Note that this
depression probability is wave-specific. In other words, a primary caregiver could be deemed a high
probability case of depression at wave 1 (when an analytic sample child is enrolled in elementary
school) and a low probability at wave 2 (when the same child is in high school or her sibling is 5-17).
I employ the depression probability that is temporally aligned with that of the school enrollment
outcome in the analytic sample. I convert this linear measure into a binary one to facilitate
interpretation and mitigate the highly skewed nature of the distribution. A primary caregiver with a
probability of depression over 0.5 is marked 1, indicating a high likelihood of depression; any lower
probability is marked 0. Robustness checks preserve the continuous construction and generate very
similar results (results available upon request). Although supplementing the primary caregiver’s
probability of depression with an analogous measute for her (typically male) spouse/partner would
be ideal, L.A.FANS did not consistently track this measure for non-primary caregivers. Moreover,
research suggests that across social classes, it is mothers, not fathers, who overwhelmingly bear the

burden of school-related research and enrollment decisions (e.g., Reay and Ball 1998).

Control Variables
I incorporate a range of child-, parent-, household- and neighborhood-level factors that could

confound the observed association between depression and school sorting outcomes. First, I create
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a set of age-based fixed effects reflecting whether a child is of elementary school age (5-10),
middle/junior high age (11-13), or high school age (14-17) at the time of data collection, given the
likelihood that rates and drivers of neighborhood-school decoupling vary by school level. I also use
categorical variables to control for child sex (reference: male), race/ ethnicity (reference: white, black,
Latino/Hispanic, Asian/Pacific Islander, Other/Multiracial), whether or not the primary caregiver is
a first-generation immigrant, and the child’s housebold income (logged). The latter is wave-specific,
encompassing all income sources reported by the head of household at wave 1 or 2. This estimate is
standardized to year 1999 dollars and then logged. For most missing income values, L.A.FANS
provides estimated imputed values (Peterson et al. 2012).

I include two additional time-varying socio-demographic variables that are often absent from
school sorting analyses, especially those drawn from administrative data sources: a binary measure of
whether the child resides in a home that is owned (reference: rented), a common proxy for wealth,
which may be especially important when sending a child to private school, and a set of categorical
variables to gauge the primary caregiver’s educational attainment. The latter variables indicate whether
the primary caregiver reported having not completed any college (reference), some college, or a
bachelor’s degree at the time of data collection. I also include household structure proxies, including
whether the primary categiver is married (reference: single and/or cohabiting) and a continuous
measure of the number of children in the household, given that household transportation resources are
critical to activating school choice, but they are likely strained among single-parent households with
many children.

Beyond these traditional controls, I incorporate geospatial measures that account for the
plausible choice set of local public school options available to parents within a given residential area.
In my initial models, I use a time-varying tract-level K-72 Test Scores measure based on the most

widely publicized and parsimonious test score measure — average levels of achievement— to assess
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whether depressed parents are more or less likely to engage in neighborhood-school decoupling
merely because they disproportionately reside in close proximity to lower (or higher) scoring public
schools (for details on this measure and its construction, see Schachner and Sampson (2020)).

I then incorporate fixed effects capturing the child’s census tract of residence. Inclusion of these
fixed effects provide an especially rigorous test of the depression-school sorting link for three key
reasons. First, the quality of children’s local catchment-based public school option likely varies
considerably between tracts even within the same district but minimally within tracts, given that
residents of the same tract typically live within the same catchment school’s boundaries. Second,
since spatial proximity and transportation access appears so crucial in shaping school sorting
(Corcoran 2018), the tract fixed effect essentially controls for spatial differences in parents’
proximity to, and quality of, plausible school options. Third, between-neighborhood selection is
likely to be an even more highly selected process than is between-region and between-district
sorting. If neighborhood sorting is nontrivially shaped by unobserved factors, as neighborhood
effects skeptics have long noted (Jencks and Mayer 1990), then the tract fixed effect may partially

net out these factors’ confounding effects on the depression-school selection association.

ANALYTIC STRATEGY
My core analyses predict the binary outcome of whether a child attends a school of choice (i.e.,

magnet, charter, or private) using logistic regression models (Equation 1):

pj
log <1——p]) =Bo + B1x1j + Baxzj + 812%2jXqj -

s the probability of a given child-year ; entailing the child attending a school of choice, whether a

magnet, charter, or private school. This outcome’s log odds are predicted as a function of the child-,

parent-, household-, and tract-level variables (X ;) described above. My core predictor is the binary
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measure gauging whether a primary caregiver has a high likelihood of depression (> 0.5) in a given
child-year / (xq ;). To assess Hypothesis #1, the key parameter is 1, the coefficient gauging the
estimated effect of parental depression on the log odds that a child attends a school of choice
(versus a traditional public school) for the sample as a whole. A positive coefficient value would
indicate that depression predicts a higher likelithood of school choice activation; a negative value
would suggest the opposite. To examine whether racial minority status moderates the effects of
parental depression (Hypothesis #2), I include a set of interaction terms, represented by X5 ;X j,
which multiplies the binary depression indicator with the categorical variables representing each
ethnoracial group in my sample, except for white children (i.e., the reference group) and Asian
children due to sample size limitations. The key parameter here is represented by 0y, the coefficient
indicating whether depression exerts stronger effects on school sorting among racial minority groups
than among white children. The logistic regression model relies on maximum likelihood estimation
to generate coefficient estimates. I cluster all standard errors by the child’s census tract of residence.

Given common concerns about interaction terms’ standard errors generated by logistic
regression models (Mize 2019), I replicate all logistic regression models that contain interaction
terms using OLS models (i.e., linear probability models) with identical controls and standard errors
clustered by census tract. Finally, as a robustness check, I preserve the OLS model specification but
replace the binary outcomes gauging school choice enrollment with a continuous measure of how
far away parents sent their children to school based on ArcGIS network distance calculations (i.e.
road length in miles, logged). The coefficient on the parental depression predictor signifies how
much closer or further away a child of a depressed parent is sent to school compared to an

otherwise similar child of a non-depressed parent.
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RESULTS

13% of the child-years (N=360) in this analytic sample were marked by a child being raised by a
parent with a high likelihood of depression. Probability thresholds employed to operationalize
depression vary across studies’ analytic samples, but my estimated depression propensity is very
similar to recent estimates of point-in-time (versus chronic prevalence) maternal depression based
on the Fragile Families Study (Turney 2011c) and the Early Childhood Longitudinal Study
(Claessens et al. 2015; Yu and Wilcox-Gok 2015)

The families in this sample confronted a vast and varied choice set of school options.
According to the California Department of Education, approximately 2,000 public and 1,300 private
K-12 schools were operational in Los Angeles County during the timeframe in question: 2000
through 2008. Of these public schools, about 10% were designated as including a magnet program,
while charters more than doubled in proportion, from 5% to 11% of public schools over the
timeframe. County private schools declined slightly from 39% to 37% of all schools, but these high
percentages belie much smaller student bodies compared to those of public schools.

Pivoting from ecological to micro-level data, Table 2.1 stratifies the analytic sample by
depression probability to illuminate descriptive differences in school sorting patterns. Congruent
with Hypothesis #1, children of parents who are highly likely to be depressed are over 40% less
likely to attend any school of choice (10% compared to 17%). The top portion of the table reveals

depression-based enrollment gaps for charter and private schools, but not magnet schools.
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TABLE 2.1
Descriptive Statistics: L.A.FANS Pooled Child Sample

Low PCG Depression High PCG
Variables Mean S.D. Mean S.D.
School attributes
Traditional public school 0.83 0.38 0.90 0.30
Magnet 0.02 0.15 0.02 0.13
Charter 0.04 0.19 0.02 0.14
Private 0.11 0.32 0.07 0.25
Child attributes
Elementary school (ages 5 — 10) 0.49 0.50 0.40 0.49
Middle/junior high school (ages 11 — 13) 0.23 0.42 0.29 0.46
High school (ages 14 — 17) 0.27 0.45 0.31 0.46
Female 0.50 0.50 0.49 0.50
White 0.19 0.39 0.28 0.45
Asian/Pacific Islander 0.09 0.28 0.02 0.15
Latino/Hispanic 0.54 0.50 0.49 0.50
Black 0.09 0.28 0.11 0.31
Other/Multiracial 0.10 0.31 0.10 0.30
Parent/household attributes
PCG first-generation immigrant 0.51 0.50 0.42 0.49
Household income (log) 10.45 1.05 10.33 0.98
Homeowner 0.48 0.50 0.44 0.50
PCG did not attend college 0.54 0.50 0.57 0.50
PCG completed some college 0.29 0.45 0.33 0.47
PCG completed bachelor’s degree+ 0.17 0.38 0.10 0.30
PCG martied 0.70 0.46 0.64 0.48
Number of children in household 2.54 1.19 2.32 1.10
Neighborhood attributes
Average K-12 test scores 638.02 95.28 634.36 103.5
Observations
N households 1,498 271
N children 1,989 350
N child-years 2,392 360
Notes

2 All means are weighted to adjust for L.A.FANS sampling design and attrition.
b 62% of child-wave observations are based on wave 1 of data collection; 38% are based on wave 2.
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Do these depression-based disparities merely reflect potential confounders, such as race,
class, and neighborhood conditions? The two subsamples do not dramatically diverge across
independent variables, increasing the plausibility of a true depression effect on school enrollment.
Although the lower likelithood of depression subsample is slightly more likely to be affluent,
educated, and married, the depressed group is disproportionately likely to be white. These gradients
are largely congruent with prior studies of maternal depression (Kessler and Zhao 1999; Lorant
2003; Meadows, McLanahan, and Brooks-Gunn 2008; Turney 2012). Also note that the average
neighborhood-level measure of public school test scores is virtually identical, suggesting depression-

based differences in residential contexts likely do not fully explain school enrollment disparities.

Depression and School Choice

To more rigorously examine whether the observed parental depression-school choice link is a
compositional artifact, I construct logistic regression models with a simple binary outcome
indicating whether or not the parent’s child was enrolled in a traditional public school (“0”) or an
alternative school option (“1”). The first model (Table 2.2, Model 1) covers the full analytic sample,
excludes all spatial variables and the core depression predictor, and thus serves as a baseline from
which to build. It reveals, unsurprisingly, that the strongest positive predictors of a child’s
enrollment in an alternative school option is educational attainment and household income. On the
other hand, children identified as Latino or Other/Multiracial appear less likely to attend a school
choice option. Model 2 adds in only the core depression predictor and reveals that as predicted,
depressed parents’ children are significantly less likely to attend a non-assigned school option

(8 = -0.55, p < 0.05), all else equal.
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Although Model 2 provides preliminary support for Hypothesis #1, it does not sufficiently
account for the potentially uneven spatial distribution of depressed parents across Los Angeles
County. If depressed parents are disproportionately likely to reside within areas containing lower- or
higher-scoring public school options, then perhaps the observed parental depression effect on
educational sorting is merely an artifact of residential sorting. To address this concern, I first add in a
measure gauging the average K-12 test scores of traditional public school options nearby, which
exerts the predicted negative effect on the likelihood of enrollment in an alternative (f = -0.01, p <
0.01) Model 3).

The strongest test of my core hypothesis so far entails applying census tract (i.e.,
neighborhood) fixed effects, which simultaneously capture spatial differences in local public school
quality (without assuming test scores are the key proxy of it) and in families’ proximity to alternative
options. They also capture difficult-to-measure sources of heterogeneity that lead families to reside
within the same neighborhood. Model 4 suggests that, even among similarly situated children
residing within the same neighborhood (6 = -0.07, p < 0.05) (Model 3). Finally, I preserve the same
model structure but switch to binary outcomes that are more specific and easily-measured using my
data sources: enrollment in a private or charter school (Model 5) or just a private school (Model 6).
Both models confirm that parental depression reduces the likelihood of enrollment in these highly-

coveted alternative school options. Hypothesis #1 is supported.

Racial Differences in the Depression-School Choice Link
Next, I pivot to my second hypothesis: that parental depression’s effect on school enrollment is
stronger among non-white households who may lack sufficient informational, financial, social, and

therapeutic resources to buffer depression’s negative effects. A descriptive visualization that stratifies
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neighborhood-school decoupling rates by depression probability and by white versus non-white
children shows sizable between-race disparities in both the outcome overall and in depression’s
effects (Figure 2.1, Panel A). Without any statistical adjustments, depression is linked to a six
percentage point (or approximately 20%) decrease in school choice likelihood (29% versus 23%)
among white children. But among non-whites, the unconditional depression-based gap is eight

percentage points — a drop of over 50 percent (6% versus 14%).
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Although Hypothesis #2 has received preliminary support, the multivariate logistic
regression models in Table 2.3 provide a more rigorous assessment. First, I specify a model
containing all independent variables and census tract fixed effects but only include the theoretically
central non-white respondents in the analysis. Model 1 suggests for this group, depression’s
predicted effect on non-neighborhood school enrollment (of any type) is negative and significant (f
=-1.27, p < 0.01). Note too that educational attainment also significantly predict non-
neighborhood school enrollment for this group. Models 2 and 3, which predict enrollment in a
subset of non-neighborhood school options — private or charter and just private — reinforce this
pattern and provide additional support for Hypothesis #2. Conditional predicted probabilities based
on these models underscore the amplified role depression potentially plays in school sorting among
non-whites. Figure 2.1, Panel B compares the depression-based effect on magnet, charter, or private
enrollment among non-whites estimated by Table 2.3, Model 1 to an analogous model estimated for
whites only (results not shown). Among white children, parental depression has no discernible
marginal effect on school choice; however, among non-white children, parental depression is
associated with an 11 percentage point (58%) drop in the probability of this outcome (from 19

percent to 8 percent).

81



(1591 parEI-0M) 10° > Gk G0° > G
10®J) SNSudd \mm_ Uuuuumﬂ;u 2J¢ SJIOXID Tumﬁdmum q
*(481y ‘ySry soTun( /o[ppIw) [2A9] [00YIS PUE (8()-9( () TORII[OD EIEP JO dABM DOUIPISIF JO 19LF) SNSUID :$109JJ9 PIX SUIMO[O] oY) UTEITOD S[OPOW [[Y v

S910N]
cH8T 820°C €01C 1€C°1 98¢T €T N FeX-PIYD
6LST LT L08°T €S0°T 681°T TTeT N PIHID
L0T°T 0be'T 18¢°T 66L 606 600°T N Proyasnoy

YT w1911 1861  #8TI0L- 096'T  #+€LE'8-  LETY  sbCSC1-  €SP'C sk I¥'6- LIGT  %CIE9- JUBISUON)
¢ero ¥20'0- 6110 LOT'0 010 0100 LLT'O 950°0 SST1°0 7120 9210 090°0 "PIYY UI U2IP[IY2 JO JoquimN
11€°0 ShT0-  80€0 €S0 6920  60€0-  €0¥0 8LE°0" €Ce0 6050 vL2T0  9¢0- poLFEW [SMels [EIFeW O
¢1v0 T6L°0 89¢'0 %1980  STEO  Ax660'T  L8YO *66T'T CIP0  wkLLTT  T0V0  skISH'T +99350p s gopyREg H)J
cero 160  €h€0 1160 LOE0  #86L0 9050 *80€'T L6E°0  SITT  THEO  #LTO'T 3351102 Swos parRdwod H)
840 7180 1ITF0  #0€0°T  91#0  xLZ80  S6S°0 09L°0 9250 %9S0°1 ¢6v'0 €eL0 FOUMOIWOH
8200  #I€80 €610  KF190 L8810  x0LV'0  L8E0  #80¢°T 1260 C9L°0 S92°0 860 (Soy) swodur ployasnopy
S9¢°0 985°0-  60¢0 I€1°0- 8.0 TS0~ L090 €29°0- 6¥70 981°0 9L£0 6010 TUEISTIUW UOREIIUDS 383 O
m@azﬁ—muﬁ& m:OQOmSOQ \ aﬁo.:wnH
0€L0 018°0- 0€9°0 8180~  6SS0 9590~ 1880  «0€I'C L69°0  €Y0'T- 1650 €8L°0" [EREIDMA /PO
6£9°0 9G6L°0 €290 02€'0  S09°0  8L00 S86°0 YT o- ¢LLO €5¢0 L1L0 691°0 Jor[g
6L9°0 €€9°0- 9950 8CL0-  8TS0  9.90- 6880 LTY'T- 059°0 S19°0- S65°0 165°0- oune|
019°0 1€5°0 61S0  6V0'0-  L6¥O  980°0- (329) (329) (329) ueIsy
0ST0 €5¢0- €120  681°0- 9810  I61'0-  TLEO 12S°0- 620  86T0- 8¥C0 ¢re0- orewd g
samqune pry)
ST w0P0'S™  ISCT  sklbGP  8TET 911G PPO X vorssardap ysiy H)J
6VTT  CCSe  TOUT  sl0V'E VST 1L9'T- el X vorssardop 43y ) d
L98°0 STy'l- ¥89°0  0€L0-  +¥90  LLLO- oupe] X uorssardop 43y )
860 610°0- I6V°0 8600~ 0050 L6000~  8S9°0  s4WLET-  SEK0 x99~ 80V'0 449971~ pooymayy uorssardop ySiy ) d
'S 'J20D) “H'S J20D) H'S 'J20D) H'S 'J20D) H'S J20D) H'S 'J20D) ERIC TN
Ao 218ATIJ J9138Y]) JO JJBATI] 9JeATI ] JO AU 2reArI ] J93138Y]) JO IJBATI ] eAlJ O [ooyog yo odAy,
39138U") DOUSEeIN 591384 99USeIN
spuopuodsay] J1 SJUIPUOGSTY [ Spuopuodsay] JJ sapeq, |-HON sap2q, |- HON] sapeq | -HON
‘9 [PPON ‘S [PPON ¥ [PPOIN ‘¢ [PPOIN ‘T PPOIN ‘1 [PPOIN

SPPOJN 3180 “SUNIOG [00YIS UO UOTSSIFI(] FAISFE)) ATEWIIJ JO $109JFF] SNOSUIFOINIL]
CCHIIV.L

82



Model 4 provides the most rigorous test of Hypothesis #2 by including respondents of all races and
adding in a slate of race-depression interaction terms (the Asian-depression interaction is dropped
by the model due to sample size constraints) to assess whether depression’s estimated effects are
significantly different between whites and non-white groups. When all school choice types are
considered, the depressive effect of parental depression only appears stronger among
Other/Multiracial children than among whites, providing limited support for Hypothesis #2.
However, analogous models that mitigate potential measurement error by predicting enrollment in
only a private or charter school (Model 5) or merely a private school (Model 6) suggest parental
depression effects also diverge when white children are compared to arguably the most structurally
disadvantaged group in the sample: black children. In these two models, the black-depression
interaction effect generates a coefficient of -3.4 - -3.5 (p < 0.01). The Latino-depression interaction
exhibits negative signs but does not reach conventional significance levels, as the black-depression
and Other-depression interaction terms do.

In order to further bolster initial hints of support for Hypothesis #2 bearing on racial
heterogeneity in depression’s effects, I attempt to address emerging skepticism regarding the use of
logistic regression models to estimate interaction effects (Mize 2019) by employing a linear (i.e.,
OLS) framework, which is not subject to the same concerns. Table 2.4, Models 1 — 3 replicate all
three models with race-depression interaction terms from Table 2.3 using OLS. These models
confirm significant and negative black-depression interaction effects on private/charter or private
only enrollment (§ = -0.2, p < 0.05). Note, on the other hand, that the black-depression interaction
effect is not significant in predicting the broadest school choice outcome (Model 1) and that the
Other/Multiracial-depression interaction term that was significant in some of the prior logistic
regression models is not here. Given robust evidence of depression’s heterogeneous effects on

school sorting patterns among blacks versus whites — at least as far as charter or private school
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enrollment is concerned — I generate conditional predicted probabilities of enrollment in one of
these two school types for depressed- and non-depressed blacks and whites, based on the original
logistic regression specification (Table 2.2, Model 5) and visualize the results in Figure 2.2, Panel A.
Based on this model, parental depression is not associated with a reduced propensity among white
children to enroll in a private or charter school. But among blacks, parental depression appears to

reduce the likelihood of this outcome from a baseline of 20% to nearly 0.
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Finally, to generate additional evidence bearing on Hypothesis #2, I switch from the binary
decoupling outcome to a continuous measure of network distance (logged) between the L.A.FANS-
reported census tracts of residence and school of enrollment for the 90% of child-years for which
this distance could be calculated. Depression’s effect on this distance, net of all covariates and tract
fixed effects, could be interpreted as indicating whether the condition constrains parents’
preferences for, or constraints to, sending their children to a non-assigned school, especially one that
is far away. This outcome has the added benefit of not relying on any assumptions regarding school
types and catchment zones.

Model 4, which predicts this continuous outcome, suggests a black child who has a
depressed parent is sent to a school significantly closer to home than a similarly situated black child
of a non-depressed parent. Figure 2.2, Panel A shows that parental depression is estimated to cut the
estimated home-to-school distance in half among black children (from ~0.65 log miles to ~0.33 log
miles), all else equal, but no clear depression distance penalty is evident among white children. The
heterogeneous pattern of depression effects on school sorting is thus consistent across very different

model specifications, further bolstering Hypothesis #2.

Potential Confounders of Depression’s Effects on School Sorting

The analyses above support the hypothesized parental depression-school selection link, especially
for minority families and perhaps black families. These findings hold across multiple school sorting
operationalizations and when comparing socio-demographically similar children residing within the
same neighborhood. However, one could counter that the observed link may be confounded by
differences in parents’™ (1) sense of self-efficacy, (2) expectations of, and investment in, their
children’s education, and (3) cognitive and socioemotional skills among their children, which may

shape whether they can get into some non-traditional school types.
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In Table 2.5, I directly test these possibilities by returning to my most complete logit models,
specified for non-white children only (Panel A), and adding in well-validated measures of parental
self-efficacy (i.e., the Pearlin Self Efficacy Index), educational expectations (proxied by the years of
education they expect their children to receive) and investments (proxied by the total number of
extracurricular activities their children are involved in), and child cognitive skills (i.e., Woodcock-

Johnson Letter-Word Identification test) and socioemotional skills (i.e., Behavioral Problems Index).

88



(3893 PaEI-0m1) 10" > G G0 > G

“10¥R) $NSu2d £q PazaIsn[d 97€ STOFID PIEPUEIS,
*1 JO UONEIADD PIEPUEIS PUE () JO ULIW B JALY O} PIZIPFepPUels 93¢ ‘U0Issardop 57 UL I9YI0 DAOCE SIIBIFLAOD [[E ‘WONLIAFdIoIur 91edf1oe] O q
1sonbox uodn o[qerear symsax [0, (5199339

Paxyy 10em A “2°7) ({ PULI) 9-F [PPON PUE (V [PUL) €-1 [PPOIN ‘C°Z 9[q¥,I, UT PaPn[oUr S[PPOW 913 03 [ESNUIPT ITE [9POW [IED UT PIPN[IUT SI[IFLA [OFITO)) v

S9I0N]

Y01°C Y01°C Y01°C 021 98¢°C LT N Fe2X-PID

2991 2991 2991 SLYT 6LLT 8¢TT N PID

448 il 448 €SIl L1T1 9L9°1 N Ployasnoy

010°0 010°0 8000 9000 0100 8000 0100 100°0 XOpU] SWI[qOi{ [eForaeyag P[y)

€100 61070 0100 L1000  TI00  LT00 1100 %200 2302s PIOA\-TNIT [-A\ PIYD

€200 «8¥00  SI00 %8600 8100 LS00 SI00  *+£S0°0 JUIURSIAUT TLITIINITIXI O

6000 %0200 L00'0  %¥100 8000  %LT10°0 8000 %6100 suone1dadxo euoneanps H)(

8100 ¥20°0 6100  ¥100 6100 1200 €100 120°0 XopuT A50IFH-F[PS UIFERd DD

610 €IT0-  I€T'0  6VT0-  TTVO0  %LE€TO-  ¥ET'0  #GLT0-  TCT0  «08T0- 8600  %€£1T0- ey X vorssardop ysiy H)d

€800 8200 1800 9100 800 9000 1800 810°0- 0600 8900 ¥90'0 €000 pooyiyy uorssaidap ySiy HOJ

EN ERe) EN 20D EN 320D EN J20D ER 0D ER F20D SO[qeLIeA
Du.ﬁw@& JO Fﬁcﬁu Du.mzwnﬁ Du.m\wﬁnﬁ Du.ﬁw@& uuwxﬁunﬁ JO uumzwm JO

“39138Y") DOUSEIN J0 19138 J0 39338YD) 12338YD) 12338YD)
19 PPOIN 'S PPON ¥ [PPOIN '€ PPON ‘T PPON ‘1 PPON sawodnnQ
(SIPPON STQ) UIPIIUD NIV °d

8.8 010°T 1117 1211 961°1 LTST N Fe2X-PIUD

LEL 8¥8 €6 (470 €66 L1€T N PO

<1 86S 859 999 €69 ¥00°1 N P[oyasnoy

LYT0 L000 y61°0  0€00 2910 ¥600  9FT°0 8100 XOpU] SWI[qOi{ [eForaeyag Ply)

661°0 ¥62°0 IS0 8220  LST0  29T0  0ST'0  «6E€0 2302s PIOA\-TNIT [-A\ PIYD

881°0 1€€°0 6610  *I€¥'0  9ST0  TLEO 661°0 LECO JUIURSIAUT TLOLINITIIXI O

65T0 %9950  LLT'O  sC6F0  8CT'0  #x60¥°0 YELO bbb 0 suone1dadxo euoneanps H)(

L9€0 8800 €9c0 010 S6I'0  €LTO IS0 0120 XopuT A50IFH-F[S UIFERd HDJ

YOL'0  +CLST-  T1TH0  sxI8C€T-  F9€0  #€TCT- 0LE'0  sx96T1-  €6€0  sxOVI'T-  8I¥0  449CCTT- pooysyy uorssaidap ySiy HOJ

EN 320D EN ESe) ER ERe) ER J20D EN J20D ER ERe) SO[qeLIeA
Kﬁﬁmv AeALF] AJBALI] JO J33IEY)) 9JeALI] JO IJBALL] JO 9ICALL] FO AJBALI] JO

go1reyD) WOUSely  391reyD) DOUSEIN o1reyD) WUSEN  Fo1IeyD) I9UTEN
‘9 PPOIN 'S PPOIN ¥ PPOIN ‘¢ PPOIN ‘T PPOIN ‘T PPOIN [00y2g o 3dA,

(SPPPOI 1507) A[UQ U2IP[IYD MNMYMN-UON 'V

ndinQ 1enaed ‘SrIOpuNoJuon) uorssardo(] [eRUAI0J PIM SUNIOS [00YIS JO S[OPOTA
§CHIAV.L

89



The models’ partial output reveals that parental depression exerts a statistically-significant,
negative effect on each school enrollment outcome among non-white children, regardless of
whether these potential confounders are included separately (Models 1 — 3) or together (Models 4 —
6). Panel B runs a similar set of models on the full sample, but uses the more narrowly constructed
charter or private school enrollment outcome because racial heterogeneity in depression’s effects
were clearer with regard to these school types. Because race-depression interaction terms are
included, I use an OLS (i.e., linear probability model) specification. Models 1 — 4 suggest parents’
educational expectations and extracurricular investment and perhaps children’s cognitive skills
predict charter and private school enrollment for the full sample. But the theoretically-important
black-depression interaction effect remains significant or marginally significant (p < 0.05) across all
of them, except for models that operationalize school choice more narrowly (i.e., private only) or
more broadly (i.e., magnet, charter, or private) (Models 5 and 6). These results generate additional
support for Hypothesis #2 and increase the plausibility of a direct depression effect on school

sorting, at least among non-white and perhaps especially black children.

Conseguences of Depression Effects vis-a-vis Public School Enrollment

Having established a robust effect of depression on exercising school choice in general among non-
white families, and especially with regard to private and charter school enrollment among black
families, my final analysis leverages data drawn from educational administrative sources to assess the
potential consequences of depression-stratified school sorting within this subgroup. To this end, I
estimate disparities in pupil socioeconomic disadvantage (operationalized by % of students receiving
free or reduced price lunch) and Similar Scores Ranking (i.e., a value-added measure of school

quality) on the basis of child race and parental depression.
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Because the data exclude analogous information on private schools, this analysis only paints
a partial picture of depression’s effects on educational quality. Moreover, non-random selection into
the public sector (versus the private) sector must be accounted for to generate valid estimates of
variables’ effects on public school students’ school characteristics. To this end, in Table 2.6, 1
employ Heckman-adjusted models that consist of a selection equation modeling selection into the
public sector (versus the private) sector — using religiosious congregation membership as an
exclusion restriction — and generate a core model estimating the effects of parental depression
directly, and indirectly via interactions with race, on the socioeconomic disadvantage (Model 1) and
value-added rankings (Model 2) of the schools actually attended by public school enrollees. I employ
county region fixed effects rather than census tract fixed effects for these models to ensure they
converge (for more details on these Los Angeles County regions, see Sampson, Schachner, and Mare
(2017) and Schachner and Sampson (2020)).

Model 1 suggests that parental depression is independently associated with a statistically-
significant 13 percentage point increase in exposure to disadvantaged peers among public school
students among Other/Multiracial children, while the analogous depression-based penalty is neatly
half the magnitude and not statistically-significant among black children. On the other hand, Model
2 suggests parental depression independently predicts a reduction of nearly 1.2 deciles (»p < 0.01) in
the Similar School (i.e., value-added) ranking of the school attended among black children and half a
decile among Latino children (p < 0.05) but no depression-based penalty is detectable among white
children or Other/Multiracial children. Marginal depression effects for black and white children
estimated based on these two models are visualized in Figure 2.2, Panel B. Again, depression-based
disparities in public school characteristics are virtually nonexistent for whites but sizable among

blacks, especially with regard to value-added rankings.
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DISCUSSION & CONCLUSION

This study revisits the longstanding hypothesis that parental depression constricts children’s
development and proposes an unexamined mediating pathway that may partially explain it:
contextual selection. I argue that parents who are more likely to be depressed are less likely to sort
their children into enriching neighborhood, school, and childcare environments, and these dynamics
are likely amplified among non-white families. Contemporary educational and residential
opportunity structures in large American cities — where copious choice, information saturation, and
high-stakes parenting are the norm — may exacerbate this depression disadvantage. Few contexts
embody this description more than Los Angeles County during the 2000s. I leverage residential and
educational data on over 2,000 Angeleno children to examine whether the predicted link between
parental depression and school selection is evident here. Indeed it is. Regression models suggest
children of parents with a high likelihood of depression are less likely to attend a private or public
option other than their residentially-assigned public school, even when comparing similarly-situated
families within the same neighborhood. These depression-based disparities are larger among
disadvantaged minorities, and particularly among blacks.

This study has important implications for research on intergenerational stratification and the
life-course, which traditionally focuses on how parental resources, skills, and health shape day-to-day
parenting practices that in turn stratify child development. Given that children’s cognitive and
socioemotional development is more malleable in early years (i.e., before age 5), when the family
domain is the dominant force of socialization, this orientation is well-justified. However, recent
studies suggest other environmental contexts — such as neighborhoods, schools, and childcare
settings — also exert large, causal effects on older children’s cognitive and socioemotional

development. Thus, understanding how and why certain parents disproportionately sort into
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environmental contexts conducive to child development is an important line of inquiry for
mediation-minded stratification scholars espousing a life-course perspective.

The neighborhood attainment and school sorting literatures are beginning to inform these
important questions. Recent contextual sorting research supplements the literature’s longstanding
focus on race and income with examinations of how parental factors deemed central to child
development (e.g., educational attainment and cognitive skills) directly affect children’s contextual
conditions, and in turn, their life chances (Schachner and Sampson 2020). Put simply, contextual
selection is being characterized by sociologists not only as a structural sorting process (Krysan and
Crowder 2017). but also an intergenerational reproduction process (Sastry and Pebley 2010; J. N.
Schachner 2020). The present study builds on these developments by showing how another parental
factor important to children’s development — depression — may interact with structural disadvantage
and liberalizing opportunity structures to shape school inequality. In doing so, it simultaneously
highlights parental health as a rarely examined driver of neighborhood, school, and childcare sorting
that deserves more scrutiny.

This study also emphasizes the importance of the school as a distinct social context from the
neighborhood with a sorting process that implicates distinct parental factors. Indeed, there is a large
imbalance in sociological attention paid to neighborhood, versus school, sorting processes. This
imbalance may reflect the widely-held assumptions that neighborhood and school quality are tightly
linked and that neighborhoods exert stronger effects on child development than do schools
(Wodtke and Parbst 2017). However, in many American cities school choice regimes have enabled a
large portion of children to attend non-neighborhood schools (Bischoff and Tach 2018, 2020;
Candipan 2019, 2020). Moreover, recent research suggests that schools meaningfully stratify
children’s outcomes, even among children residing within the same school district (Deming 2014;

Lloyd and Schachner 2020). Future sociological studies of contextual sorting should mitigate this
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balance by probing sehoo/ sorting as a social process and by supplementing race and class-based
explanations with examinations of parental cognitive, socioemotional, and physical health effects on

this outcome.

Limitations, Exctensions, and Policy Implications
I note several important limitations of this study. By focusing on educational sorting processes in
one ecological context during one temporal era, I reveal that parental depression and disadvantage
may shape school sorting under certain circumstances but I cannot speak to the external
generalizability of the findings. Future studies should leverage geographic and temporal variation to
test theories positing whether and why parental depression shapes school and neighborhood sorting
to a greater degree in certain metropolitan areas, school districts, and time periods than in others.
The theoretical framework proposed in this study suggests a testable hypothesis: large, sprawling,
and fragmented cities that are rich in school and neighborhood choices and information on their
quality but poor in transit connectivity options may place the greatest burden on depressed parents
and may amplify depression’s effects on school sorting outcomes. This hypothesis should be
examined not only via large-scale quantitative analyses but also qualitative research on school
decision-making that theoretically selects case studies based on variation in the aforementioned axes
(i.e., city size/complexity, school choice liberalization, transit connectivity) and that stratifies parent
respondents by race/class, as is often custom, but also depression probability. Qualitative studies
will be especially effective in probing the mechanisms by which parental depression shapes school
sorting. In this study, due to data constraints, I proposed but did not test a set of potentially salient
mechanisms (e.g., risk aversion, social networks, institutional navigation).

If the parental depression-contextual selection link is evident across multiple places, causal

analyses will be warranted. I attempted to rigorously account for confounding factors that could bias
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estimated parental depression effects by incorporating a wider range of covariates than
administrative data typically permit (including measures of parental educational expectations and
investments) and by incorporating tract-level fixed effects. Given that depression symptoms ebb and
flow, future studies could leverage longitudinal data on depression symptoms — ideally captured via a
medical diagnosis rather than a self-reported survey as this one does — and school enrollment along
with parent-level fixed effects to solidify a more plausibly causal depression-school sorting link.
Difference-in-difference analyses could gauge whether exogenous shocks to school systems, such as
liberalized school enrollment rules, the introduction of school quality data, or the rapid expansion of
non-traditional school options amplify the parental depression-school sorting link. If this link is
solidified, a key next step will be to assess whether the parental depression-school sorting
connection truly mediates the parental depression-child development association. Previous studies
suggest enrollment in a charter, magnet, or private school #ay exert causal effects on children’s
outcomes, especially among minorities residing within the core city, increasing the plausibility of a
mediating role played by parental depression and school selection. Future studies should leverage
causal mediation analyses to further test this possibility.

If such analyses are confirmatory, then public policies will need to adjust accordingly. At the
individual level, treating depression using efficacious therapeutic interventions — and
disproportionately targeting and subsidizing treatment for minority parents — would be important.
On a larger scale, architects of choice-based policies will have to reckon with the unintended
consequences of marketization on disadvantaged parents, especially those with cognitive and
socioemotional limitations. Unbridled choice may help individuals who are already well-equipped to
navigate complex markets, but it likely comes at the expense of the most vulnerable families — whom

choice-based reforms were purportedly intended to help.
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3

Racial Stratification and School Segregation in the Suburbs:
The Case of Los Angeles County

Suburbs have long offered an alluring escape hatch for advantaged, white families whose racial
anxieties were triggered by urban neighborhoods’ rapidly changing demographics (Frey 1979;
Massey and Denton 1993; Sugrue 2014). Access to highly-resourced and homogenous suburban
school districts rendered this residential trajectory particularly appealing to white households with
children — especially as upper-class parents’ preferences for educational investments, such as access
to high-quality schools, strengthened (Kornrich and Furstenberg 2013; Owens 2016; Reardon 2011).
Indeed, suburban schools could be considered the linchpin of American segregation.

But suburban schools are not what they used to be. Recent work documents the
demographic transformation of American suburbs from lily white enclaves to multiracial “melting
pots” (Frey 2001; Timberlake, Howell, and Staight 2011); suburban public schools have followed
suit (Fry 2009). Thus, the romanticized suburban ideal espoused by white, upper-class parents of
sending their children to rich and white local public schools (Johnson 2014; Lareau 2014; Rhodes
and Warkentien 2017) may be less tenable than it once was.

How do racially advantaged parents respond to diverse suburban neighborhoods and
schools? In an era of low residential mobility, liberalized school assignment rules, and persistent
racial biases, school enrollment decisions emerge as a possible pathway by which these parents might
buffer their children from disadvantaged minorities living nearby. A growing body of sociological
work argues that white and perhaps Asian families exploit liberalizing school enrollment rules and

proliferating non-catchment school options — e.g., private, magnet, charter — to avoid high
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concentrations of disadvantaged minority children in local schools (Candipan 2020; Fairlie and
Resch 2002; Renzulli and Evans 2005; Saporito and Lareau 1999). These dynamics are thought to
promote integrating neighborhoods and segregating schools (Rich, Candipan, and Owens 2019).

However, prevailing minority avoidance accounts rely heavily on theories and data from
core-city school districts (Bischoff and Tach 2020; Welsh and Swain 2020), where non-catchment
school options and transportation access to them are often plentiful. Suburban parents likely face a
markedly different educational opportunity structure, one in which distances to non-local schools
are much longer, and magnet, charter, and private schools are in much shorter supply. What this
school choice set looks like and how advantaged suburban parents navigate it in reaction to race and
class diversity remains largely unknown, despite the fact that a plurality of American children attend
suburban schools.

I propose a rarely-considered solution to the puzzle of enduring racial preferences, diverse
suburban communities, and a dearth of non-traditional school options in the suburbs. I argue that
white and Asian families, like their advantaged core-city counterparts, seek to buffer their children
from high concentrations of Latino and black children in local schools. Yet because non-local
options are scarce, many of these white and Asian parents send their children long distances to
private, charter, or magnet schools — or traditional public schools outside their catchment zone.

Using fine-grained data from the Los Angeles Family and Neighborhood Survey, which
captures residential and educational sorting outcomes for over 2,000 children ages 5 through 17
during the 2000s, linked to educational administrative data from Los Angeles County and the
California Department of Education and ArcGIS geospatial data, I test this argument using two sets
of logistic regression models. First, congruent with extant literature, I examine whether white and
Asian children, regardless of suburban versus core-city location, are more likely to bypass their

locally-assigned public school as the concentration of Latino and black students in the school
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increases. I also examine whether this minority avoidance pattern is stronger within this subsample
than it is among similatly-situated Latino, black and other/multiracial children, as the minority
avoidance Second, I diverge from existing studies by testing whether this minority avoidance effect
is stronger among s#burban whites and Asians than it is among core-city whites and Asians. My
integrated dataset is uniquely equipped for these empirical examinations because the sample spans
the vast county’s core-city school district — Los Angeles Unified School District (LAUSD) — and
suburban districts; includes families that opted for traditional public, magnet, charter, and private
schools; encompasses four major race-ethnic groups — including Latinos and Asians; and tracks
rarely-included racial proxies that may confound observed minority avoidance effects (e.g., value-
added estimates of local public school quality and local crime rates) for the full sample.

The findings strongly support my core arguments. Higher concentrations of Latino and
black students within their catchment-assigned public schools predict white and Asian children
opting out — and the minority avoidance effects are significantly stronger for this group than they are
for Latino, black, and other/multiracial children doing so. Moreover, among whites and Asians, the
minority avoidance school sorting pattern is stronger among suburban than among similarly-situated
core-city (i.e., LAUSD) families, even though the latter group is comparatively flush with non-
traditional school options (i.e., magnets, charters, privates) and transportation options to access
them. These core patterns hold even when accounting for catchment schools’ socioeconomic
composition, test score-based proxies of school quality, crime rates in the surrounding community,
and differences in families’ plausible school choice sets.

In pivoting from the traditional sociological focus on residential flows from urban to
suburban communities (“white flight”) and educational sorting within the core city (“minority
avoidance”) to educational sorting within the suburbs, this study both broadens and reshapes our

understanding of residential and educational segregation processes. The prevailing portrayal of
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advantaged parents facing a binary choice to realize their racial preferences — either (1) bundling
their neighborhoods and schools within affluent suburbs or (2) decoupling the two within the core
city via private, magnet, and charter school options — may be too simplistic. This study proposes a
third path, in which diversifying suburbs and sparse non-traditional school options spur white and
Asian families to send their children long distances to more racially advantaged but often poorer-
performing public schools. Beyond widening the lens of sociological research on racial preferences
and segregation processes, this study challenges stratification scholarship to reconceive opportunity
structures not as fixed but as occasionally malleable — especially for highly-motivated and structurally

advantaged households when they are unsatisfied with the options available.

SUBURBS, SCHOOLS, AND SEGREGATION

Residential race and class segregation remains a central feature of American society, spurring a vast
body of work on the mechanisms that generate and sustain it (Farley and Frey 1994; Logan, Stults,
and Farley 2004; Massey and Denton 1993; Reardon and Bischoff 2011). For over fifty years, the
“white flight” hypothesis has dominated this line of inquiry. The account holds that large post-war
migration flows of blacks from the rural South to northern core-city neighborhoods drove declines
in core-city white populations and whites” exodus to the suburbs. Racial antipathy converged with
vast increases in suburban housing, highway construction, and job decentralization to fuel these city-
to-suburb migration flows. Moreover, structural and institutional mechanisms barred blacks from
doing the same. These dynamics fostered a vicious cycle in which core-city neighborhoods became
increasingly poor and racially isolated and municipal resources became increasingly scarce, spurring
more whites to leave and so on (Fatley et al. 1978; Galster 1990; Massey and Denton 1988; Schelling

1971; Sugrue 2014; Taeuber and Taeuber 1965; Wilson 1987:19).
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Schools have long featured prominently in theoretical accounts of segregation, in general,
and white flight to the suburbs, in particular. In this view, it is not merely the presence of
disadvantaged minority neighbors that drives whites out of the core city but particularly the presence
of disadvantaged minority children in the local public schools that exacerbates racial anxieties
(Goyette et al. 2014). These anxieties, combined with the availability of highly advantaged suburban
schools, likely lead white parents to translate their racial preferences into city-to-suburb migration
flows (Coleman 1975). Though several scholars have challenged this premise (Farley, Richards, and
Wurdock 1980; Pettigrew and Green 1976; Rossell 1975), more recent analyses support it (Baum-
Snow and Lutz 2011; Clark 1987; Logan, Zhang, and Oakley 2017; Reardon and Owens 2014; Reber
2005; Welch and Light 1987).

Scholarship on the patterns and drivers of white city-to-suburb residential flows dwarfs
research on white households’ residential and educational decision-making processes once they
arrive in the suburbs. For much of the twentieth century, this blind spot was unproblematic.
American suburbs appeared to fulfill their residents’ ideals, with high homeownership rates,
advantaged schools, and low crime levels (Duany, Plater-Zyberk, and Speck 2010). Demographically,
suburban communities and their schools were almost entirely white prior to the 1980s (Frankenberg,
Lee, and Orfield 2003; Massey and Tannen 2018), and formidable structural barriers to suburban
mobility for non-whites appeared to preclude change (South and Crowder 1997). Thus, racial
dynamics were likely trivial drivers of zntra-suburban residential and educational decisions.

But today, suburban communities” demographics are radically different. Fueled by higher
rates of suburbanization among native-born minorities (Massey and Tannen 2018) and massive
flows of immigrants bypassing core-city neighborhoods, American suburbs have experienced a
“diversity explosion” (Frey 2001, 2014; see also Massey and Denton 1988; Timberlake et al. 2011).

In 2010, the white share of America’s suburban population was only 68% (down from 93% in 1970),
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while the combined black and Latino proportion was neatly 25% (Massey and Tannen 2018). Due,
in part, to cohort demographic differences, suburban schools are typically less white than their
surrounding communities; the white share of suburban schools stood at 59% in the mid-2000s (Fry
2009; see also Frankenberg and Orfield 2012; Logan 2014). The share is even lower in Sun Belt
suburbs. For example, in 2000, white students made up only 18% of students in Long Beach,

California — a populous Los Angeles suburb (Frankenberg et al. 2003).

School-Based Minority Avoidance in the City — and the Suburbs?
How do racially advantaged parents navigate diverse suburban neighborhoods and schools?
Theories of minority avoidance propose two possible options: (1) residentially relocating to whiter
suburbs or (2) remaining in place but sending their children to whiter schools. A small but growing
set of sociological studies considers the first path (Parisi, Lichter, and Taquino 2019; see also Rich
2018), but very few examine the second. This is an important gap because parents’ educational and
residential decisions are no longer necessarily one and the same. Today, non-traditional public
school options, such as charter, magnet, and private schools, are numerous, especially in large
metropolitan areas. Moreover, many school districts have liberalized school assignment rules, which
were historically based strictly on residential catchment zones, (Archbald 2004; Berends 2015;
Berends et al. 2019; Orfield and Frankenberg 2013). If parents have considerable discretion over
school enrollment, perhaps white parents in diverse suburbs disproportionately exercise it to send
their children to magnet, charter, or private schools with more advantaged student bodies.

A burgeoning strand of literature is congruent with minority avoidance school enrollment
behaviors, but a large share of these analyses are ecological and no known study explicitly predicts
and tests whether minority avoidance patterns are stronger in the core-city versus suburbs. The

ecological analyses find that higher levels of neighborhood (often operationalized as the school
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district or PUMA, rather than the census tract) disadvantaged minority and especially black
concentration predict higher rates of white enrollment in charter schools (Renzulli and Evans 2005)
and private schools (Reardon and Yun 2002) and consequently, local public schools containing
fewer whites than neighborhood socio-demographics would imply.

Household-level analyses of school sorting, though scarcer and rarely disaggregated by core-
city versus suburban location, tell a similar story. A greater proportion of blacks in whites’ local
residential context and/or locally-assigned public school is associated with reduced petrceptions of
school quality (Goyette, Farrie, and Freely 2012) and increased flight to both private schools (Fairlie
and Resch 2002; Saporito 2009) and to public schools of choice, such as magnets or charters
(Johnston 2015; Saporito 2003). In multiracial American cities, patterns of black avoidance plausibly
apply to Asians, as well as whites (Johnston 2015). These minority avoidance behaviors appear
driven not by families using race as a proxy for correlated features such as test scores and crime but
instead by race-specific preferences (Billingham and Hunt 2016; Saporito 2003; Saporito and Lareau
1999).

Crucially for the purpose of the present study, recent ecological and household-level studies
are converging on school supply as a key moderator for minority avoidance patterns. Concretely, a
higher concentration of proximate non-traditional school options (e.g., private, magnet, charter
schools) appears to strengthen the effect of local disadvantaged minority concentration on the white
and perhaps Asian families’ propensity to exit their residentially-assigned public schools (Bischoff
and Tach 2018, 2020; Candipan 2019, 2020; Rich et al. 2019; Saporito and Sohoni 2006). No known
study has directly compared the density of charter, magnet, and private schools between the core-
city and the suburbs, but suburban areas likely lack a comparably robust and dense ecosystem of
non-traditional school options. Thus, even if white and Asian suburban families espousing similarly

strong anti-black and Latino preferences as similarly situated core-city families, the comparatively
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sparse concentration of non-traditional school options and transportation infrastructure may stymie
their objectives. Another factor predicting weaker minority avoidance effects in the suburbs versus
the core-city is normative in nature: the idealized vision of a “package deal” (Rhodes and Warkentien
2017) of neighborhoods and local public schools likely remains particularly alluring for suburban
parents (Holme 2002; Johnson 2014; Johnson and Shapiro 2004; Lareau and Goyette 2014)
compared to core-city parents. Based on these assumptions, we might expect minority avoidance
school enrollment patterns to be stronger in the core-city than in the suburbs.

However, I argue that these assumptions may be flawed and that the predicted core-city
versus suburban pattern may, in fact, be reversed. First, we might expect race-based preferences to
be stronger among suburban white and Asian families than among core-city white and Asian families
given that they selected, albeit at some prior point in time, to reside within a less racially diverse
neighborhood context than core-city families did. Second, prior studies may not properly
conceptualize and operationalize school supply, especially when strong preferences for non-
traditional school options and relatively unconstrained resources (e.g., in the form of transportation
and private school tuition) are in play.

Regarding the latter point, several recent studies operationalize non-traditional school supply
as the concentration of private, magnet, and charter schools within a two-mile radius (e.g., Candipan
2020; Denice and Gross 2016). School supply moderation effects based on these measures may be
misleading for two key reasons. First, highly motivated parents in low density (i.e., suburban)
neighborhoods may be willing to drive much further than two miles to access a more desirable
school, especially in Sun Belt metropolitan areas where long commutes are the norm (Kneebone and
Holmes 2015). Second, a nontrivial portion of white and Asian families may engage in minority
avoidance not via charters, magnets, or privates but by enrolling in #raditional public schools outside

of their residential catchment zone, or even outside of their school district. Intradistrict and interdistrict
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open enrollment programs facilitate these behaviors. The former entails formally requesting a waiver
for a child to attend a non-assigned traditional public school within the residentially-assigned district,
while the latter entails requesting permission to send a child to a public school in another district
(Wixom 2017; see also Brunner, Cho, and Reback 2012; Carlson, Lavery, and Witte 2011; Lavery
and Carlson 2015; Reback 2008; Wells 1993). Valid reasons for such requests might include a recent
move, transportation necessities, employment proximity, or over-enrollment in the assigned public
school. Racial preferences may lurk beneath the surface of these inter- and intradistrict requests, yet
empirical evidence of them is relatively scarce. A non-legal pathway to neighborhood-school
decoupling is also plausible. In Cutting School: The Segrenomics of American Education, (Rooks 2017)
documents the pervasiveness of parental cheating to ensure their children attend a more desirable
(often whiter) public school. Faking residential addresses (e.g., using a relative’s address) is a

common strategy.

THE PRESENT STUDY
In sum, extant studies suggest minority avoidance-based school sorting patterns among white and
Asian families when pooled across core-city and suburbs (Hypothesis #1). The literature’s strong
focus on hyper-local non-traditional school supply (e.g., density within two miles of one’s home) as a
moderator of these patterns might imply weaker minority avoidance patterns in neighborhoods
where charters, magnets, and privates are scarcer (e.g., the suburbs). However, I argue that suburban
white and Asian families may in fact exhibit stronger minority avoidance school sorting patterns due,
perhaps, to stronger racial preferences and weaker transportation, resource, and policy constraints to
neighborhood school opt-out than is often assumed (Hypothesis #2).

Rigorously testing the first hypothesis and especially the second poses stringent data

requirements that few prior studies meet. Most related research employs ecological data, examines
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neighborhood and school sorting outcomes separately, rather than both simultaneously (Lareau and
Goyette 2014), or operationalizes neighborhood at a much larger spatial scale (e.g., school district or
PUMA) than residential and school sorting theories imply. An appropriate dataset must
simultaneously track children’s census tract locations and school enrollment outcomes, leveraging
geocoded public school catchment boundaries to determine whether children attended their
assigned school. Although administrative school enrollment data — disproportionately from core-
city school districts — is increasingly used, this study’s theoretical framework requires enrollment data
for suburban children and for private school attendees. Inclusion of private school attendance is
crucial to prevent biased estimates of neighborhood-school decoupling predictors. Another factor
crucial to mitigating bias is a method for capturing differences in the plausible school choice sets
available to various households based on spatial proximity. Lastly, school enrollment data is ideally
linked to administrative data on socio-demographic composition and school quality proxies (e.g., test
scores) to permit comparison of selected and assigned school characteristics.

As detailed below, I construct a dataset that fulfills all of these requirements. I track the
schools of enrollment and census tracts of residence for over 2,000 Los Angeles County children
linked to administrative data on school catchment zones, school type and schools’ average test
scores and socio-demographics. My analytic sample encompasses all four major racial/ethnic groups
— including Latinos and Asians — and spans both the core-city district of LAUSD, as well as neatly

fifty suburban school districts in the county.

RESEARCH DESIGN AND METHODS
To test the hypotheses outlined above, I leverage data at the school, neighborhood, household, and

child levels. To describe trends in core-city district (LAUSD) and suburban district schools’
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demographic composition and non-traditional school availability during the 2000s, I use
administrative data from the California Department of Education’s Academic Performance Index
reporting system and school directories.

My multivariate analyses rely on micro-level data from the Los Angeles Family and
Neighborhood Survey (L.A.FANS), a longitudinal study that explores the multilevel sources of
inequality and wellbeing within Los Angeles County. Wave 1 data collection was conducted in 2000-
2002, with a probability sample of 65 county neighborhoods (operationalized as census tracts).
Within each tract, a sample of blocks was selected, and within selected blocks, a sample of
households was selected. Within these households, researchers attempted to interview one randomly
selected adult (RSA) and, if present, one randomly selected child (RSC) under age 18. They also
interviewed the primary caregiver (PCG) of the child (who might or might not be the RSA but was
almost always the child’s mother) and a randomly selected sibling of the RSC (SIB). Ultimately,
2,306 RSCs, 1,378 SIBs, and 1,957 PCGs overseeing these children were included in wave 1 data
collection. Follow-up interviews were conducted with wave 1 respondents between 2006 and 2008 if
they still resided within L..A. County and were deemed eligible (wave 2 response rate: 63%). A
supplementary replenishment sample of respondents who did not participate in wave 1 were added
to wave 2 data collection to ensure a sample that was large and representative of the county. This
replenishment sample contained 246 RSCs and 141 SIBs. For more details on the L.A.FANS design,
see Sastry et al. (2000).

Because this study centers on K-12 school sorting processes, I specify my sample to include
child-wave combinations in which the RSC or SIB were aged 5 to 17, enrolled in neither college nor
special education, and for whom a complete L.A.FANS child survey was available. This initial
specification yields 3,180 child-wave combinations consisting of 2,539 unique child respondents

nested within 1,910 unique primary caregivers/households. 2,906 (91%) of these eligible child-wave
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combinations contain valid school enrollment information and census tract geocodes (using 2000
tract boundaries). I then exclude 5% of these remaining child-wave combinations (N=137) which
lacked valid data for any of the core independent variables described below. 2,769 child-wave
combinations, 2,252 child respondents, and 1,687 primary caregivers/households remain.

I link the L.A.FANS-provided school identification codes and geocoded census tracts for
this sample to Los Angeles County administrative data on traditional public schools’ catchment
zones as of 2002, which are relatively stable over time. Finally, I apply MABLE GeoCorr geographic
crosswalks based on children’s census tracts to generate a school district identifier for each
respondent. About half of the (unweighted) observations resided within LAUSD boundaries (core-

city subsample) and half were distributed across nearly fifty outlying districts (suburban subsample).

School Sorting as an Outcome

My primary outcome is a binary measure of neighborhood-school decoupling, which indicates whether an
L.A.FANS child respondent was enrolled in her residentially-assigned public school based on census
tract and catchment boundary data. L.A.FANS-provided data linked to state administrative data
reveal whether each child attended a private school, a charter school, or a traditional public school.
For children reported by L.A.FANS to attend a private or charter school in a given wave, catchment
boundaries are not relevant, and I mark the child-year as “1”, indicating their school and
neighborhood are decoupled.

The remaining children in my analytic sample attended either a magnet school or a
traditional public school. My data sources do not easily identify which students are magnet versus
traditional public school attendees because many magnet schools share a campus with a traditional
public school and therefore do not receive a unique school identification code from the state.

However, the state’s school directory does indicate whether a given school campus contains a co-
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resident magnet school. For the subset of children who attend a public school containing a co-
resident magnet program which they may or may not attend, if the primary caregiver of a child
within this group indicated her child attended a magnet program during the wave in question, I mark
the child as “1”, indicating she is a magnet student and therefore enrolled in a school other than
their traditional, residentially-assigned public school.

For all remaining children (i.e., those deemed to attend a traditional public school, I leverage
ArcGIS to construct a spatial overlay of their census tracts’ boundaries and the county’s catchment
boundaries (as of 2002) for either elementary, middle, or high schools depending on the child’s age.
If the child’s census tract intersects her reported school’s catchment boundaries during a given wave
of data collection, then she is deemed to attend her locally-assigned school and marked “0.” If, on
the other hand, the child’s census tract of residence does 7oz intersect the catchment boundaries of
the school she is reported to attend, then I assume she enrolled a non-assigned traditional public
school (perhaps via an intra- or interdistrict transfer program) and mark her as a school-
neighborhood decoupler (“1”). Because catchment boundaries may vary year-to-year and therefore
introduce potential measurement error when determining whether the residentially-assigned school
was selected within a given year., I run sensitivity checks that reclassify children who attended a
traditional public school but whose public school catchment zones do nof intersect their census tract
of residence from decouplers to non-decouplers if their school enrollment was located with 1-, 2-, 3-
, or 4-miles of their home census tract. These more conservative operationalizations of
neighborhood-school decoupling generate similar results. See Appendix C for more details on the

school sorting outcomes’ construction.
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Operationalizing Minority Avoidance in a Multiracial Metro

The three primary predictors posited by my theoretical framework are: (1) whether the child resides
in the suburbs (versus the core city); (2) the child’s race/ ethnicity (white — the reference group, black,
Latino/Hispanic, Asian/Pacific Islander, or multiracial/other; and (3) the racial composition of the
local public schools whose catchment zones intersect the child’s neighborhood (census tract) of
residence. Predictors (1) and (2) are used to stratify the sample into four quadrants: racially
disadvantaged child in the suburbs (versus core city) and racially advantaged child in the suburbs
(versus core city). Assignment into the suburban versus core-city quadrants is determined based on
whether the child’s census tract is located within LAUSD boundaries (core-city) or outside of them
(suburban). This district-based operationalization is not only parsimonious but also consistent with
prior school-oriented sociological analyses and highly salient (Owens 2016). LAUSD has long served
as an archetypal disadvantaged and underperforming school district. Perceptions of it likely shape
how parents navigate residential and educational sorting processes.

Within the core-city and suburban categories, I cluster families into racially advantaged and
disadvantaged strata. Although the minority avoidance literature traditionally employs a white-black
binary, Los Angeles’ multiracial composition calls for a more nuanced classification. I categorize all
white and Asian children as advantaged racial groups and all black, Latino, or Other/Multiracial
children as disadvantaged. This division reflects theoretical arguments that contemporary racial
hierarchies operate on a continuum of “blackness” (Bell, Marquardt, and Berry 2014) and that the
“model minority” myth may buoy perceptions of Asian Americans (Wong et al. 1998). Also note
that in Los Angeles, Latinos far outnumber blacks and their presence may be more symbolically
salient in the county’s neighborhoods. Moreover, Asian Angelenos resemble whites more than
blacks and Latinos in terms of socioeconomic status and neighborhood attainment (Sampson et al.

2017).
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With the four subsamples specified, I generate a tract-level estimate of disadvantaged
minority concentration within a child’s catchment-assigned public school. Because L.A.FANS does
not provide precise addresses of households’ residential locations, I cannot definitively confirm the
precise catchment zone in which they reside and thus which public school’s racial demographics
should be used. Thus, I construct a spatially-weighted average of the percentage of students who are black
or Latino within all schools whose catchment zones intersect the child’s census tract of residence
based on data from 2000-2001 for wave 1 child-year observations and 2006-2007 for wave 2 child-
year observations.

For descriptive results, I convert the percentage-based measure into a categorical variable
with three values to facilitate interpretation. Low concentration is defined as local public school
composition < 50% black or Latino, medium is 50 — 74.99%, and high is 75%-+. These particular
thresholds ensure sufficient child observations across the four subsample quadrants. Employing this
categorical operationalization, rather than the linear operationalization I use in all multivariate

models, generates substantively unchanged results, which are available upon request.

Child, Parent, and Household Controls

I supplement the key predictors described above with several potential child-, parent-, and
household-level confounders. First, I create a set of age-based fixed effects reflecting whether a child
is of elementaty school age (5-10), middle/junior high age (11-13), or high school age (14- 17) at the
time of data collection, given the likelihood that rates and drivers of neighborhood-school
decoupling vary by age and school level. I also use categorical variables to control for child sex
(reference: male), whether or not the primary caregiver is a first-generation immigrant, and the child’s
household income (logged). The latter is wave-specific, encompassing all income sources reported by the

head of household at wave 1 or 2. This estimate is standardized to year 1999 dollars and then logged.
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For most missing income values, L.A.FANS provides estimated imputed values (Peterson et al.
2012).

I include two additional time-varying socio-demographic variables that are often absent from
school sorting analyses, especially those drawn from administrative data sources: a binary measure of
whether the child resides in a home that is owned (reference: rented), a common proxy for wealth,
which may be especially important in predicting private chool enrollment and a set of categorical
variables to gauge the primary caregiver’s educational attainment. The latter variables indicate whether
the primary caregiver reported having not completed any college (reference), some college, or a
bachelor’s degree at the time of data collection. I also include household structure proxies, including
whether the primary categiver is married (reference: single and/or cohabiting) and a continuous
measure of the number of children in the household, given that household transportation resources are
critical to attending non-assigned schools far from home, but they are likely strained among single-

parent households with many children.

Spatial Control 1 ariables

A common critique of minority avoidance studies is that the patterns they capture may reflect not
racial prejudice or out-group hostility, per se, but rather perceived status differences (racial proxy),
given that disadvantaged minority concentration is highly correlated with reduced financial
resources, teacher quality, student achievement, and student safety (Lareau and Goyette 2014). What
might appear to be race-based sorting may in fact be quality-based sorting. To address this issue, I
control for a test score-based measure that is widely-disseminated via the Los Angeles Times and
online resources — the Szwilar Schools Ranking — of the local public school to which the child was
assigned. I also account for the possibility that class-based sorting underlies race-based sorting by

including a control capturing the spatially-weighted average percentage of students qualifying for free
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or reduced-price lunch for all public schools whose catchment zones intersect the child’s census tract of
residence. Beyond these two spatial controls drawn from California Department of Education data,
I include a neighborhood-level proxy for local crime — the #hree-year average homicide count (logged) —
procured from the Los Angeles Times and based on the Mapping L.A.-designated neighborhood,
rather than census tract, in which the child’s household was located at the time of data collection. All
three of the spatial controls listed above are time-varying.

Another important concern that could generate biased estimates is that the choice set of
plausible school options likely varies greatly across geographic areas within large metros. Spatial
proximity is a core driver of which school options parents consider and choose (Corcoran 2018).
Given that suburban neighborhoods with higher concentrations of proximate private and non-
traditional public school options may also contain higher concentrations of black and Latino
residents, what appears to be minority avoidance-based school sorting may merely reflect differences
in parents’ plausible school options. To account for this possibility, I include spatial fixed effects
capturing which of the eight county regions in which the child’s census tract is located. Over 90% of
children attend public or private schools within their county region of residence. School districts are
slightly more porous, with 86% of children attending a public or private school within their district’s
boundaries. Moreover, intraclass correlations based on unconditional hierarchical linear models
suggest that only approximately 30% of the variation in public school racial composition resides
within rather than between L.A. County school district. As a result, district fixed effects would likely
obscure the effect generated by the key variable of interest. On the other hand, 60% of the variation

in public school racial composition resides within rather than between county regions.
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ANALYTIC STRATEGY
My multivariate analyses begin by predicting the binary outcome of whether a child attends a school
other than their catchment-assigned option using logistic regression models. I estimate the equation

below separately by sample quadrant (Equation 1):

pj
log <1——p]) =Bo + B1x1j + Boxz; + 812%2j%qj -

s the probability of a given child-year ; entailing the child attending a non-assigned school,
whether public or private. This outcome’s log odds are predicted as a function of the child-, parent-,
household-, and tract-level variables (xj ;) described above. My core predictor within each
subsample is the tract-level estimate of the percentage of students who are Latino or black within
the assigned catchment public school for every given child-year combination 7 (X ;). Thus, the key
parameter is 1, the coefficient gauging the estimated effect of this racial composition on the log
odds that a child attends a non-assigned school. A positive coefficient value would indicate that
higher concentrations of disadvantaged minorities predict a higher likelithood of opt-out (minority
avoidance); a negative value would suggest the opposite. To test Hypothesis #1 indicating that
minority avoidance patterns are evident for the pooled sample of White and Asian children, I
include a set of interaction terms, represented by X3 ;X7 j, which multiplies the local public school
disadvantaged minority estimate with a categorical variable indicating whether the child is in the
advantaged (i.e., white or Asian) racial stratum. The key parameter here is represented by 81,, the
coefficient indicating whether higher concentrations of disadvantaged minorities in the local public
school exerts a stronger effect on white and Asian children’s likelithood of opting out of their
catchment-assigned school than on black, Latino, and other/multiracial children from doing the
same, as the minority avoidance argument would suggest. I test Hypothesis #2 regarding differences

in minority avoidance patterns by core-city versus suburban residence by specifying the sample to
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only include white and Asian children and by interacting the core disadvantaged minority student
concentration predictor with a dummy variable indicating residence within a suburban (i.e., non-
LAUSD) census tract. The coefficient on this interaction term indicates whether disadvantaged
minority concentration exerts a stronger effect on school sorting patterns among suburban versus
core-city White and Asian children. The logistic regression model relies on maximum likelihood
estimation to generate coefficient estimates. Across all models, I cluster standard errors by the

child’s county region of residence.

DESCRIPTIVE RESULTS

A key assumption underlying my hypotheses is that suburbs, which were historically homogenous,
are now very diverse. As a result, racially advantaged suburban families may be tempted to bypass
their residentially-assigned schools. Educational administrative data on school demographics and
school types during the 2000s are congruent with this possibility. Figure 3.1A shows that suburban
public schools contained lower levels of disadvantaged minorities, on average, than did LAUSD
schools throughout the timeframe. However, suburban schools’” experienced steeper growth in this
proportion. By the decade’s end, the average suburban public school was neatly 70% Latino or black
— far from the lily-white enclave of yesteryear. Thus, advantaged suburban parents with strong racial

preferences were likely highly motivated to engage in race-based school sorting.
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However, these racial preferences would collide with a strong constraint: the suburbs’ school
opportunity structure. Several studies implicate charter school availability as a key driver of
advantaged parents buffering their children from disadvantaged local public schools (Candipan
2020; Rich et al. 2019). Yet, as expected, suburban charter school options were remarkably scarce
during the 2000s and barely exceeded fifty by 2010. LAUSD parents with similar racial preferences
could access at least five times as many charter school options, which quintupled in number over the
same period.

Lacking this common escape hatch, white and Asian suburban parents faced a dilemma.
They could invest sizable sums in sending their children to a private school, or they could send their
children to a non-assigned traditional public school. Table 3.1’s descriptive statistics confirm that
these two forms of neighborhood-school decoupling were quite common among advantaged
suburban families within the analytic sample. The top rows of the table present school enrollment
patterns, with estimates weighted to account for L.A.FANS’s sampling and attrition procedures and
disaggregated by subsample: advantaged suburban children (versus LAUSD), followed by

disadvantaged minority suburban children (versus LAUSD).
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Despite the widely-reported allure of the “idealized package,” a surprisingly high percentage
of advantaged suburban children (39%) attend a non-neighborhood public or private school — a
figure very similar to the analogous PSID-based estimate that combines core-city and suburban
children of all races (Candipan 2020). Note that as the school-level descriptives suggested, nearly
90% of white and Asian suburban neighborhood-school decouplers were enrolled in neither magnet
nor charter schools — despite existing literature’s heavy emphasis on these school types — but instead
in a private or non-assigned traditional public school. Of the 20% enrolled in the latter, less than a
third attended a school outside of their home district, and two-thirds attended a non-assigned
traditional public school within their home district.

Shifting from the suburbs to the core city, white and Asian children residing within LAUSD
are twice as likely to engage in neighborhood-school decoupling than are suburban children of the
same racial background (a remarkable ~75%). This disparity reinforces minority avoidance studies’
focus on decoupling within core-city districts. Compared to advantaged suburban decouplers,
enrollment in charter and private schools is much more common among racially advantaged
LAUSD children; enrollment in a traditional public school outside of their catchment boundaries is
considerably less so.

Unlike the advantaged subgroups, disadvantaged minority children decoupling rates are
lower overall — although school choice policies were ostensibly intended for them — and the levels
do not vary sharply by suburban versus core-city residence. The descriptive racial and spatial
disparities in neighborhood-school decoupling described above are visualized in Figure 3.2, Panel A.
Panel B estimates the home-to-school network distance in road miles for children within each
sample quadrant, stratified by non-neighborhood school type (i.e., traditional public, non-assigned,
magnet/charter, and private). As I proposed in the theoretical framework section, suburban children

are sent very far from home to attend public schools of choice (an average of 7 miles for non-
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assigned traditional public schools and 11 miles for magnet or charter schools). These distances far
exceed the traditional two-mile threshold employed by recent school sorting studies (Candipan 2020;

Denice and Gross 2010).
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Figure 3.3, Panel A stratifies decoupling rates not only by sample quadrant but also by the
theoretically central predictor: the concentration of disadvantaged minorities within respondents’
local public schools. Despite the literature’s heavy emphasis on minority avoidance within core-city
districts, suburban advantaged children are the only ones who exhibit the predicted minority
avoidance pattern based on descriptive data, which is congruent with Hypothesis #2. Panel B uses
the same stratification but displays the average home-to-school network distance in miles for all
children for whom the measure is available. Once again the predicted minority avoidance pattern is
evident in the suburbs only; white and Asian suburban children are sent further from home, on
average, when their neighborhoods include public schools with higher concentrations of Latinos and

blacks, but the same is not true among white and Asian core-city children.
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MULTIVARIATE MODELS

The descriptive results reported above are congruent with Hypotheses #1 and #2 but not sufficient
to confirm that racially advantaged suburban families’ school enrollment decisions reflect racial
preferences rather than confounding factors. Multivariate models predicting the effects of children’s
local public school racial composition on these decisions are necessary. To this end, I first run four
logistic regression models that predict the binary outcome of a child enrolling in a non-assigned
school, whether public or private (Table 3.2). Model 1 emulates prior minority avoidance studies by
predicting this outcome for all white and Asian children in the analytic sample, regardless of
suburban versus core-city residence. The results provide a key data point supporting this literature’s
core proposition: a higher concentration of disadvantaged minorities in these racially advantaged
children’s local public schools significantly predicts a higher propensity to opt out of the
residentially-assigned public school (8 = 0.025, p < 0.01). This pattern holds when controlling for
differences in families’ plausible school choice sets and a wide range of covariates — including
household income, homeownership, and whether the primary caregiver holds a bachelor’s degree.
The latter exerts the expected positive effect on neighborhood-school decoupling. The estimated
magnitude of the minority avoidance effect is visualized in Figure 3.4, Panel A, which shows that a
20 percentage point increase in local public schools’ disadvantaged minority composition is
associated with a 10 percentage point increase in the likelihood of a white or Asian child attending a

non-assigned school, whether public or private.
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As a falsification check, I run an identical model for the pooled racially disadvantaged sample.
If the percentage of Latino and black students in local public schools also predicts neighborhood-
school decoupling for this group, then the minority avoidance effects evinced by Model 1 are likely
spurious. However, a clear minority avoidance pattern is 7oz evident within this group. Model 3 goes
a step further in ensuring that Model 1’s results are not spurious by pooling children of all racial
groups and residential locations together and including an interaction of White/Asian racial
background with local public school disadvantaged minority concentration. This interaction should
be significant and positive, indicating that advantaged racial groups’ school sorting patterns are more
sensitive to concentrations of disadvantaged students in the local public school than are
disadvantaged racial groups. Indeed this is the case (= 0.016, p < 0.01). The three models taken
together provide strong support in favor of Hypothesis #1.

The next model (#4) deviates from extant literature by examining minority avoidance school
enrollment patterns only among a rarely considered group: racially advantaged suburban, rather than
core-city, parents. Hypothesis #2 implies that these parents engage in minority avoidance, as other
studies have argued core-city parents do. Model 4 reinforces this contention. Higher concentrations
of disadvantaged minorities in advantaged suburban children’s local public school predict them
opting out of the school (f= 0.018, p < 0.01), Figure 3.4 Panel B visualizes the estimated magnitude
of the marginal effect of disadvantaged minority concentration on racially advantaged suburbanites’
propensity to opt out, which is nearly identical to the marginal effect estimated using an identical
model based on the pooled (i.e., suburban and core-city) racially advantaged sample.

Importantly, the same model specification when applied to the subsample traditionally
scrutinized in the literature — racially advantaged core-city families districts — shows no evidence of
minority avoidance (Model 5). In fact, this model generates a negative, though nonsignificant,

coefficient on local public school disadvantaged minority concentration. Model 6 provides the most
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rigorous test of suburban versus core-city disparities in minority avoidance-based school enrollment
patterns by pooling all white and Asian children together and interacting an indicator for suburban
(i.e. non-LAUSD) residence with the local public school percentage Latino or black variable.
Congruent with Hypothesis #2, the interaction is positive and statistically significant (= 0.057, p <
0.01), suggesting that minority avoidance patterns of school enrollment are stronger among racially
advantaged suburbanites compared to similarly situated core-city families.

A skeptic could counter that advantaged suburban families opt out of diverse local public
schools not because of their racial composition, per se, but because of correlated factors, such as
their socioeconomic composition, test score-based performance measures, and neighborhood crime
rates. Relatively few studies directly examine this racial proxy hypothesis due to data constraints, but
I leverage administrative data to directly control for these three potentially confounding explanations
of minority avoidance in general (Hypothesis #1), and particularly in the suburbs (Hypothesis #2).

Table 3.3, Models 1 — 3 bear on Hypothesis #1 by replicating Table 3.2, Model 3 which
pools all racial groups together and includes an interaction term testing the heterogeneous effects of
local public disadvantaged minority concentration by racial stratum, and sequentially adding in the
three racial proxy factors, interacted with the white/Asian dummy variable, one at a time. Partial
output for these models shows that across each of these three models, the new interaction terms are
not significant but the core interaction term — white/Asian X % Latino/black in local public schools

— remains positive and statistically significant (= 0.02, p < 0.01).
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Models 4 — 6 replicate Table 3.2, Model 6 which is specified only on white and Asian
children. The key interaction term is suburban residence X % Latino/black in local public schools,
but the three racial proxy factors, interacted with the white/Asian dummy variable, are sequentially
added in one at a time. Here, too, the key interaction term — suburban X Latino/black — remains
positive and significant (= 0.06 — 0.07, p < 0.01) — despite the inclusion of the racial proxy
interactions, strengthening support for Hypothesis #2.

The key parameters discussed thus far are interaction terms included in logistic regression
models. However, recent work suggests seemingly significant interaction effects generated by logistic
regression models should be interpreted cautiously (Mize 2019). Thus, I replicate all of Table 3.3’s
models but use a linear probability (i.e., OLS) specification, which is not subject to the same
concerns. All of Table 3.4’s models generate significant (p < 0.05) or marginally significant (p < 0.10)
coefficients on the interaction terms central to Hypothesis #1 (Models 1 — 3) and to Hypothesis #2

(Models 4 — 06), even when including racial proxy controls.
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SUPPLEMENTARY ANALYSES
To further assess whether racial bias truly undergirds white and Asian public school students’
decoupling behaviors, in general, and particularly those residing within the suburbs, I conduct a final
set of descriptive analyses that compares the racial composition and value-added proxy for school
quality (the California Department of Education’s Similar Schools Ranking) of the school actually
attended by neighborhood-school decouplers to the same features of their catchment-assigned
public school. Because these data are only available for public school and not private school
attendees, they paint only a partial picture of potential motives for neighborhood-school decoupling.
Figure 3.5A shows that White and Asian children who reside within neighborhoods of
medium or high disadvantaged minority concentrations and attend a non-assigned public school
reduce their exposure to black and Latino peers by nearly 25 percentage points, on average. The
analogous drop is about a quarter of the magnitude for black and Latino children who reside within
demographically similar neighborhoods. Shifting from racial composition to test score-based value-
added measures Panel B, white and Asian children residing within high disadvantaged minority
concentration neighborhoods who opt for a non-assigned public option enter schools that rank a
decile and a half lower than their assigned school on the Similar Schools Ranking. Black, Latino, and
other children see only minor differences. I interpret this supplementary descriptive evidence as
providing additional support for racially-motivated school sorting patterns among racially

advantaged families (Hypothesis #1).
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Do the descriptive school sorting patterns diverge not only between races but also within the
racially advantaged stratum on the basis of suburban versus core-city residence? Yes, but perhaps
less strikingly. Figure 3.5B shows that White and Asian children who reside within suburban
neighborhoods of medium or high disadvantaged minority concentrations and attend a non-assigned
public school reduce their exposure to black and Latino peers by nearly 25 percentage point, but the
analogous figure is nearly identical among LAUSD white and Asian children residing near racially
similar public schools. However, suburban white and Asian decouplers who reside near the most
racially disadvantaged schools sacrifice trade off an average of over 2.5 deciles in the school value-
added distribution in order to gain exposure to more advantaged school racial composition; core-city
white and Asian decouplers in racially similar neighborhoods sacrifice virtually no value-added
quality differences, on average, to achieve similar school racial composition changes. Thus, suburban
whites and Asians decouplers appear to pay a steeper price for more advantaged racial school
settings.

A set of multivariate Heckman-adjusted models that more rigorously examine race and
suburban residence disparities in the two school outcomes above, while accounting for non-random
selection into public school decoupling (the selection equation uses religious congregation
membership variable as the exclusion restriction; results are available upon request), are presented in
Table 3.5. Model 1 suggests that as catchment-assigned public school disadvantaged minority
concentration increases, the degree of reduction in Latino and black composition in a Latino, black,
and other/multiracial decouplet’s school of attendance compared to her assigned school is greater.
However, congruent with Hypothesis #1, this negative association is even stronger among whites
and Asians than it is among Latinos and blacks, though the association is only marginally significant
(B=-0.27, p < 0.10). Moteover, Model 2 reveals that, as catchment-assigned public school

disadvantaged minority concentration increases, the predicted value-added ranking of Latino, black,
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and other/multiracial decoupling children’s school of attendance relative to their assigned school
increases. However, the interaction term suggests the same association is significant and negative
among whites and Asian (f= -0.11, p < 0.01), suggesting a racial composition-value-added trade-off
for this group. Model 3 does not reveal suburban versus core-city heterogeneity in the effect of
assigned public school disadvantaged minority concentration on white and Asian children’s reduced
exposure to Latino and black students in their enrolled schools. However, Model 4 suggests the
negative effect of assigned public school disadvantaged minority concentration on white and Asian
children’s selected versus assigned school difference in value-added rankings is significantly stronger

in magnitude (f= -0.10, p < 0.01) among suburbanites than among core-city residents.
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DISCUSSION & CONCLUSION

Homogenous suburban public schools have long served as the linchpin of American segregation,
but advantaged families who fled core cities to access them increasingly see black and brown
children in their local schools. How do they respond? A small but growing literature examines
minority avoidance-driven residential flows between suburbs but few, if any, probe families’
educational decisions in the suburbs. I propose a resolution to the puzzle of enduring racial
preferences among racially advantaged parents within racially diverse suburbs that lack a robust set
of alternative school options: white and Asian suburban families living amongst Latino and black
children enact their racial preferences by commuting long distances to send their children to non-
assigned schools. Logistic regression models predicting school enrollment outcomes for over 2,000
Los Angeles County children during the 2000s reinforce my core argument. All else equal, higher
concentrations of Latino and black students in residentially-assigned public schools spur white and
Asian families, but not Latino, black, and other/multiracial families to opt out. Pethaps surprisingly,
this minority avoidance school enrollment pattern is stronger among suburban families who lack
easy access to alternative school options than it is among core-city families who have received
disproportionate attention in the literature on minority avoidance and school segregation.

These findings have implications for research on residential and educational segregation
processes and stratification, writ large. The sociology literature has traditionally focused on two key
mechanisms reproducing segregation: (1) residential flows from diverse urban to homogenous
suburban communities, enabling advantaged parents to bundle highly-resourced neighborhoods and
schools (“white flight”) and (2) educational flows of advantaged core-city dwellers from traditional
public schools to charter, magnet, and private schools (“minority avoidance”). Future studies should
probe the third path I propose, one in which diversifying suburbs and sparse non-traditional school

options spur advantaged suburban parents to seek more advantaged, even if poorer-performing,
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traditional public schools outside of their catchment zones. Simulations that estimate aggregate
neighborhood and school segregation levels under plausible assumptions regarding the frequency of
each of these three paths would clarify the complex causes of spatial inequality.

Shifting from segregation’s causes to consequences, contextual effects scholars should
disentangle the effects of neighborhood and school socio-demographic compositions on children’s
skill and status trajectories. Neighborhood effects scholars have long assumed that schools and
neighborhoods tightly overlap in socio-demographic properties, but this study suggests this
assumption may no longer hold. If the “neighborhood-school” sociodemographic gap is indeed
increasing (Bischoff and Tach 2020; Candipan 2019), even in the suburbs, and if school peer effects
are stronger than are neighborhood peer effects (Wodtke and Parbst 2017), then recent increases in
suburbs’ racial integration may ultimately accrue minimal benefits to local children.

This study also suggests the broader stratification literature should rethink the common
conceptualization of opportunity structures as fixed and rigid. An important educational opportunity
structure — a family’s plausible choice set of schools — appears more malleable than prior studies
portray, especially for highly advantaged parents. These families do not need a high concentration of
non-traditional public schools to exit their residentially-assigned public school. Perhaps their
transportation and financial resources, as well as their institutional navigation skills, enable them to
access schools would typically not be considered to be in their choice set (e.g., schools nearly ten
miles away from their homes). Thus, policies aimed at merely constraining the supply of charter,
magnet, and private schools are unlikely to root out minority avoidance behaviors. Future research
on other choice-making processes with implications for inequality (e.g., job and housing searches)
should consider that highly advantaged and highly skilled individuals may find ways to reshape the

opportunity structure to their liking. Studies that explicitly examine which types of individuals select
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options outside of their traditionally-conceived choice sets, as well as why and how they do so,
would valuably enrich social stratification research.

I note several important limitations of this study. Although Los Angeles County is
remarkably large, populous, and diverse, it is only one ecology examined during one period. Whether
the findings here, based on a relatively small sample size, generalize to other parts of the country
during other eras is unknown. Future studies would ideally leverage administrative data on core-city
and suburban children who attend both private and public schools and track their residential
histories. Qualitative data on parents’ school enrollment preferences and decision-making processes,
would further illuminate whether their decisions reflect preferences driven by racial bias or racial
proxy.

Large-scale multilevel datasets of the sort described above, especially if longitudinally tracked
over the entirety of children’s K-12 careers, could also help generate more plausibly causal effects of
disadvantaged minority proximity on advantaged children’s school enrollment patterns than my
study could. I attempted to mitigate validity concerns by incorporating a wider set of controls than
many similar studies have — including local schools’ socioeconomic composition, test score-based
quality measure of local school, and crime rates — and by accounting for spatial differences in the
plausible school choice sets available. However, the cross-sectional nature of my data constrains
causal interpretation. Longitudinal data would permit inclusion of household-level fixed effects;
temporal changes in local public schools’ demographics could be leveraged to determine whether
these shifts predict child opt-out, net of time invariant household characteristics. Another strategy
might entail using spatial discontinuities to determine whether similarly situated white and Asian
households on a more disadvantaged side of a catchment boundary than those on the other are

more likely to opt out of their local school.
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Despite these limitations, this study documents an emerging mechanism of school
segregation in the suburbs that most prior studies have missed. Because suburban schools educate a
growing plurality of the nation’s school children, understanding stratification processes here is
particularly important. Optimism that the suburbs’ increasing residential diversity would spill into
increasing educational diversity must be tempered by evidence of racially-stratified school sorting
processes that prevent meaningful integration. That suburban minority avoidance appears to operate
despite nontrivial school supply constraints suggest the minority avoidance preferences may be even
stronger than we expected, and the behavior may be particularly difficult to track and reduce.
Although researchers and policymakers often blame private, magnet, and charter schools for
exacerbating race-based school sorting, this study provides a sobering counterpoint: the minority
avoidance impulse is so strong that advantaged parents may enact their racial preferences even in the

absence of easily accessible schools of choice.
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4

School Sorting as a Stratification Process

The recent transformation of urban public school enrollment from a residence-based to choice-
oriented system has reinvigorated sociological research on the patterns and drivers of school sorting
above and beyond neighborhood sorting. This literature has primarily employed an “out-group”
avoidance lens, documenting how advantaged and especially white parents leverage school choice
options — whether charter, magnet, or private schools — to keep their children buffered from large
and growing concentrations of disadvantaged minorities in their local public schools (Bischoff and
Tach 2018, 2020; Candipan 2019; Saporito and Sohoni 20006). These dynamics temper optimism
regarding recent declines in neighborhood segregation (Rich et al. 2019) and fuel concerns that, sixty
years after Brown vs. Board of Education, individual choices have supplanted governmental policies as
drivers of school segregation (Reardon and Owens 2014).

However, as the white proportion of American school-aged children winnows,
supplementing minority avoidance accounts of school sorting with other theoretical frameworks that
account for school sorting patterns among white and non-white families alike, is crucial. In other
words, sociological research should expand to consider socially-stratified patterns of school sorting
across families of a// race and class backgrounds, attending a// types of schools. Studies taking a
holistic view are scarce; most hone in exclusively on the most — or occasionally least (e.g., Rhodes
and DeLuca 2014) — advantaged urban families, rather than the full distribution simultaneously. The
few that do often rely on data drawn only from core-city public school districts (Welsh and Swain

2020), to the exclusion of private schools and suburban school districts. As a result, validity and
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generalizability are compromised, and heterogeneity insufficiently examined. In short, contemporary
school sorting as a social stratification process remains undertheorized and undertested.

This omission is important because growing shares of American of all race and class
backgrounds now opt out of their residentially-assigned public school, reaching nearly 50% in some
large American cities (Cullen, Jacob, and Levitt 2005). Recent evidence also suggests that schools
stratify children’s life chances (Jennings et al. 2015), even among children residing within the same
district (Deming 2014; Lloyd and Schachner 2020), and that private, magnet, and/or chatter schools
may exert causal boosts to children’s cognitive development and long-term trajectories (Berends
2015; Figlio and Stone 2012; Wang et al. 2018), especially for disadvantaged students residing in
core-city neighborhoods (CREDO 2015; Goldhaber and Eide 2002). Thus, just as understanding
which families end up in which neighborhoods has emerged a central inquiry of stratification
research, revealing which children enroll in which is crucial to building our sociological knowledge
of how residential and educational conditions independently and interactively perpetuate inequality
today.

Drawing on the comparatively well-developed residential sorting literature — also known as
the neighborhood attainment paradigm — I propose an analogous school attainment account of school
sorting whereby families seek to place their children in the highest-prestige K-12 schools they can
access, which in the contemporary urban context are typically schools of choice — whether a a
private, charter, or magnet school. However, structural constraints stratify families’ abilities to
translate these preferences into reality. For example, a dearth of geographically-proximate alternative
school options within segregated neighborhoods, formidable resource barriers (e.g., private school
tuition, transportation costs), and institutional gatekeepers’ racial biases may stymie low-income and

disadvantaged minorities’ school enrollment objectives.
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Additional leverage in illuminating socially-stratified school enrollment patterns may be
gained by focusing not only on race- and income-based constraints but also parental education- and
skill-stratified preferences. Drawing on the burgeoning “concerted cultivation” and skill-based
parenting literatures to inform its predictions, this inzergenerational reproduction account assumes that
financial resources and racial bias are far less directly relevant to school enrollment processes than
they are to the housing market. Most alternative school options impose minimal financial costs, and
even private schools often offer financial aid; public transit renders transportation a meaningful but
not insurmountable hurdle in many cities. Moreover, charter and magnet schools typically employ
randomization to allocate spots, potentially neutralizing institutional gatekeepers’ biases.

With structural constraints reduced, the roles of parental education and skills may be
amplified. Highly educated and highly skilled parents of all racial groups and income levels
disproportionately enroll their children in extracurriculars (Lareau 2011; Weininger, Lareau, and
Conley 2015), engage in a wide range of activities linked to children’s cognitive and socioemotional
development (Anger and Heineck 2010; Bornstein et al. 1998; Sastry and Pebley 2010), and sort into
high-status neighborhoods with high-scoring public schools (Schachner and Sampson 2020). It
follows that the most educated and cognitively/socioemotionally skilled parents may also
disproportionately optimize for their children’s development by selecting a school choice option for
their children.

I leverage school enrollment patterns in Los Angeles County during the 2000s to examine
these two explanations of socially-stratified school sorting. In this temporal and geographic context,
the already vast and varied set of alternative school options was growing and school enrollment rules
were liberalizing. Yet only a quarter of school-aged children were white, rendering the minority
avoidance lens insufficient to explain socially-stratified school enrollment patterns. I develop logistic

regression models predicting the probability a child enrolled in a school of choice (i.e., magnet,
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charter, or private school) versus a traditional public school. When applied to data on over 1,000
elementary school-aged Angelenos drawn from the Los Angeles Family and Neighborhood Survey
and linked to administrative sources, the models provide modest support for the school attainment
account but strong support for the intergenerational reproduction account of school sorting.
Children of parents with higher cognitive skills and a lower likelihood of depression are much more
likely to access a school of choice, even when comparing families residing within the same
neighborhood. Taken together, the analyses cast contemporary school choice as another case of
Skill-based contextual sorting (Schachner and Sampson 2020) that potentially exacerbates the

intergenerational transmission of skills and status.

SCHOOL CHOICE: EXPANDING OPTIONS AND ENDURING SEGREGATION

The historically ubiquitous catchment-based model of school assignment, whereby geographic
attendance zones determine which children attend which schools, long ensured the vast majority of
American children attended their residentially-assigned local public school. However, beginning in
the 1990s, school reform efforts, reflecting market-based logics and predicated on choice and
information, have vastly expanded the proportion of parents with the legal and practical option to
decouple their child’s school from their neighborhood (Berends 2015; Berends et al. 2019; Hoxby
2003; Orfield and Frankenberg 2013). These market-oriented reforms consist of some combination
of intra- and inter-district transfer programs, private school vouchers, expansion of magnet and
charter schools, and access to detailed school performance data. Proponents claimed expanded
choice would diminish race and class-based gaps in access to high-quality schools by facilitating low-
income, minority families’ exit from poorly performing, under-resourced schools that they were
forced to attend due to the catchment-based assignment system. Many also believed competitive

pressures resulting from the redistribution of financial resources that come with these students to
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higher-performing schools would further bolster this objective (Archbald 2004; Gill et al. 2007; Le
Grand 2007; Rich and Jennings 2015).

Widely cited figures suggest that through the 2000s, approximately 70-80% of American
school children attended their local public school, with the rate reducing to 60-70% during the 2010s
(Grady and Bielick 2010; Snyder 2019). Private schools enrolled about 10% of elementary-aged
children during the two decades (Murnane and Reardon 2018), while public charter and magnet
schools operating outside of the traditional catchment area model each enrolled approximately 5%
of the same population (Snyder 2019). However, these national figures obscure substantial variation
in decoupling patterns across geographic contexts. In populous metropolitan areas — such as Boston,
New York City, and Chicago — “neighborhood-school decoupling” via private and public schools is
considerably more common, with overall rates reaching 40 — 50% of all children (Cullen et al. 2005;
Johnston 2015; Mader, Hemphill, and Abbas 2018).

Revealing not only the rates of, but the drivers underlying, school choice can illuminate our
sociological understanding of how families, schools, and neighborhoods interact to reproduce
inequality. However, the literature examining school and neighborhood selection processes
simultaneonsly pales in comparison to the bodies of work on neighborhood attainment and school
selection, separately (Lareau and Goyette 2014). A modest but growing body of work on
neighborhood-school decoupling rectifies this gap and highlights racial dynamics in shaping school
sorting patterns. These studies typically employ a black avoidance or out-group hostility lens (Oliver
and Mendelberg 2000). Whereas black concentration within a neighborhood may have historically
driven residential decisions among whites, manifested through suburban white flight (e.g., Crowder
and South 2008), today educational decision-making among white and affluent parents in urban
contexts may reflect a similar impulse. In other words, parents in contemporary American cities with

sufficient resources can keep their children “buffered” from low-income and black students (i.e.,
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minority avoidance) through one of two key channels: (1) by residentially sorting across school districts
on the basis of districts’ socio-demographics (Owens 2016, 2017; Rich 2018) or (2) by sending their
children to more advantaged non-neighborhood schools, whether public or private. Regarding the
latter, recent studies find that an increased concentration of minorities within a neighborhood is
associated with the local public schools containing fewer whites than neighborhood socio-
demographics would imply (Bischoff and Tach 2018; Candipan 2019), and the gap appears to be
larger in areas with more charter schools. Household-level analyses of within-district school sorting
also reinforce the minority avoidance hypothesis. A greater proportion of blacks in whites’ local
residential context and/or locally-assigned public school is associated with reduced petrceptions of
school quality (Goyette et al. 2012) and increased flight to private schools (Fairlie and Resch 2002;
Saporito 2009), public schools of choice, such as magnets or charters (Johnston 2015; Renzulli and
Evans 2005; Saporito 2003; Saporito and Lareau 1999; Saporito and Sohoni 20006), or traditional

public schools outside of the family’s assigned catchment zone (Schachner 2020b).

Supplementing Minority Avoidance

The minority avoidance literature on school sorting has enriched stratification research by tempering
optimism on declining residential segregation levels (Glaeser and Vigdor 2012), highlighting
enduring racial biases and preferences — especially among households with children — despite claims
to the contrary (Schuman et al. 1998), and helping explain strong and enduring racial segregation
between schools (Reardon and Owens 2014), sixty years after Brown vs. Board of Education and thirty
years after choice-based school enrollment policies emerged. However, the “minority avoidance”
lens limits a broader sociological understanding of neighborhood-school decoupling and social

stratification.
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Whites constitute a diminishing portion of American school children overall, and multiracial
metropolitan areas are on the rise. Thus, illuminating drivers and patterns of school sorting across
the full distribution of families is crucial. Yet full population studies tracking school choice drivers
remain relatively scarce in sociological literature. The few that do often rely on administrative data
drawn only from core-city public school districts (Welsh and Swain 2020) to the exclusion of
suburban districts and private schools and include limited sets of covariates (e.g., child race,
immigrant status, and free/reduced-price lunch eligibility), Moreover, extant work provides
insufficient coverage of two rapidly-growing race/ethnic groups: Latinos and Asians. In short,
contemporary school sorting as a social stratification process remains undertheorized and
undertested. Below, I outline two potential accounts of neighborhood-school decoupling as a
socially-stratified process that apply to families of all race and class backgrounds. One derives
predictions from the neighborhood attainment literature and the other from the intergenerational

reproduction literature.

SCHOOL CHOICE AS A STATUS ATTAINMENT PROCESS
Stratification scholars have long highlighted neighborhoods, schools, and childcare settings as crucial
environmental contexts that shape children’s development and, in turn, population-level race and
class inequalities. However, only one of these contexts — the neighborhood — has become the object
of a robust sociological literature on sorting patterns and processes. Until the 1990s, the focus of
contextual sorting studies on the neighborhood was well-justified: American children
overwhelmingly attended their local public schools, and neighborhood and local public school
resources and quality were tightly linked; a separate line of inquiry on school sorting was not critical.
Sociological studies of neighborhood sorting often employ what is known as the

neighborhood attainment framework. Following the classic status attainment model, which predicts
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the effects of individuals’ race, social origins, and lifecycle stage on their income or occupational
prestige, neighborhood attainment models estimate similar individual- and household-level factors’
effects on neighborhood status, proxied by race and/or class composition (e.g., Alba and Logan
1993; Logan and Alba 1993; Pais 2017; Sampson 2012; Sampson and Sharkey 2008; South et al.
2016; South, Crowder, and Pais 2011). The model assumes all households aim to sort into the
highest-status neighborhoods, typically perceived as the richest (e.g., Sampson and Sharkey 2008)
and often whitest (e.g., South et al. 2011), that they can. Realizing this preference, however, is
contingent on the constraints imposed by individual- and household-level characteristics and by the
degree of race and class discrimination within the housing market (see Bruch and Mare 2012; Krysan
and Crowder 2017; Quillian 2015). Empirical models estimate whether and why race- and class-
based gaps in neighborhood socio-demographics remain after accounting for group gaps in status
attainment markers, such as wages, wealth, and educational attainment; in the absence of
discrimination, these factors should substantially reduce group-based differences (Massey and
Denton 1985). Residual gaps are often chalked up to discriminatory barriers erected by real estate
agent and broker steering, zoning regulations, and other institutional mechanisms (Logan and
Molotch 1987; Trounstine 2018).

Though rarely considered, this structurally-oriented attainment framework could illuminate
not only neighborhood but also school sorting outcomes — especially in an era when rates of
neighborhood-school decoupling are sharply increasing (Grady and Bielick 2010; Snyder 2019) and
income-based divides in child investments are growing (Kornrich and Furstenberg 2013; Schneider
et al. 2018). Analogous to other attainment models, the core assumption of a schoo/ attainment model
would be that school options are organized in a widely shared status hierarchy and that parents seek
to place their children in the highest-status K-12 schools they can. In large urban areas, one could

reasonably assume that schools of choice (i.e., private, magnet, and charter schools) are perched at
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the top of the school status hierarchy.. Enacting these near-universal preferences for school status is
contingent on structural factors, such as race, resources, and household structure.

Concretely, high levels of residential segregation by race, income, and immigrant status in
American cities (Logan et al. 2004; Reardon and Bischoff 2011), especially among households with
children (Owens 2016), and the geographic concentration of elite private, magnet, and charter
schools in advantaged neighborhoods (Logan and Burdick-Will 2016) may preclude disadvantaged
minority and immigrant parents from fulfilling their desire to send their children to high-status
school options (Bell 2009; Corcoran 2018) — especially when transit options are scarce and
expensive. In addition to transportation costs, private schools typically impose a major resource
barrier in the form of tuition.

Beyond resource constraints, discrimination on the part of school principals and
administrators — analogous to race-based steering on the part of real estate brokers and landlords
(Korver-Glenn 2018) — may also play a role in stratifying access to private, magnet, and charter
schools on the basis of family socio-demographics. Alternative school options often require parents
to enlist the support of key institutional gatekeepers to gain access. For example, principals and
other administrators (e.g., private school admissions officers) play a crucial role in updating parents
on often-complex admissions procedures (Corcoran et al. 2020) and effective strategies to maximize
one’s chances of acceptance. They may also make exceptions for favored parents who miss
deadlines (Fong and Faude 2018) or stumble in navigating various institutional hurdles. It is
plausible that these gatekeepers consciously or subconsciously favor white, high-income, and non-
immigrant families, to bolster tuition payments and donations (in the case of private schools) or to
optimize school performance on high-stakes tests (in the case of publics); the latter practice is well-

documented and often referred to as “creaming” (Lacireno-Paquet et al. 2002).
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Household structure, while less central than race or class to theoretical accounts of
neighborhood attainment, appears to play a nontrivial role in shaping residential sorting and could
affect school sorting, as well. All else equal, two-parent and especially married households tend to
have higher, more stable incomes and devote more income to child-centered investments (Omori
2010). Though rarely considered, marital status could plausibly shape school sorting, as well, insofar
as married couples may better shoulder the burden of tuition costs (in the case of private schools)
and transportation burdens (in the case of non-catchment schools of any type) than single or
cohabiting/unmartied parents could. The number of children may cut in the opposite direction by
reducing resources available for each child to meet tuition and/or transportation costs.

Opverall, the school attainment model above implies the following concrete hypotheses. All
else equal:

White and Asian children and those with native-born parents enroll in schools of choice than are black and 1atino
children and those with immigrant parents (Hypothesis #1).

Children from housebolds with higher levels of income and wealth are more likely to enroll in schools of choice
(Hypothesis #2).

Households with two parents and fewer children are more likely to send their children to schools of choice than are other
household types (Hypothesis #3).

SCHOOL SORTING AS A PROCESS OF INTERGENERATIONAL REPRODUCTION
A skeptic could counter that structural constraints are far less salient in contemporary educational
markets than they are in housing market, rendering the attainment framework of limited utility in
illuminating socially-stratified school sorting . Whereas urban housing markets typically impose a
formidable financial hurdle to high-status neighborhoods in the form of rent or purchase price, and
wealth shapes mortgage terms and credit checks, most high-status school options impose minimal

resource requirements. Private schools often offer financial aid to disadvantaged students, and while
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school-related transportation costs are often nontrivial, public transit can make them surmountable
(Corcoran 2018). Moreover, charter and magnet schools typically employ randomization to allocate
spots, potentially neutralizing institutional gatekeepers’ biases.

With structural constraints reduced, parental education- and skill-based preferences may be
amplified. The “concerted cultivation” literature highlights how parents’ class position (typically
proxied by educational attainment) fosters cultural preferences toward optimizing for children’s
development. These preferences are manifested through distinct parental practices like facilitating
child-oriented investments (e.g., extracurricular activities) (Weininger et al. 2015), navigating
educational institutions in ways that ensure their children’s needs are being met (Lareau 2011), and
exchanging valuable information on school options (Bader et al. 2019). A logical extension of this
argument is that highly-educated parents disproportionately seek to enroll their children in high-
status school options — like magnet, charter, and private schools — and exhibit the market knowledge
and institutional savvy to do so.

A related but distinct strand of this intergenerational reproduction model implicates parents’
cognitive and socioemotional skills as key drivers of child-centered parenting strategies. Skills
encompass “capacities to act... [shaping] expectations, constraints, and information” (Heckman and
Mosso 2014: 691). The conceptual model connecting skills to socioeconomic inequality suggests:
cognitive, linguistic, social, and emotional skills shape individuals’ socioeconomic outcomes; genetic
endowments, parenting tactics, and environmental conditions interact to form children’s skills; and
skill acquisition occurs in a cumulative and complementary fashion, rendering early childhood
experiences especially important (Cunha and Heckman 2007; Heckman 20006). Recent research
establishes that highly skilled parents — of a// race, income, and edncational backgrounds — more effectively
and consistently engage their children in developmentally-enriching activities like reading and high-

quality conversations (Anger and Heineck 2010; Bornstein et al. 1998; Sastry and Pebley 2010) and
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may be more attuned to their children’s educational needs. A recent study extends this paradigm
from day-to-day parenting tactics to residential decision-making: parental cognitive skill levels
(operationalized as acquired knowledge, not IQ) predicts stronger preferences for, and efficacy in,
optimizing for children’s skill development via access to high-status neighborhoods, especially those
with high-scoring public schools (Schachner and Sampson 2020).

A logical extension of this argument is that parents’ cognitive skills may shape school
selection, conditional on neighborhood of residence, especially given the explosion of school quality
measures and information via local newspapers and websites like NeighborhoodScout and
GreatSchools. These emerging resources may advantage those who prioritize and swiftly process
often-complex information. The most cognitively skilled may be more likely to track the constantly-
evolving set of school options, exhibit less difficulty in finding the highest-status school options and
navigating complex administrative hurdles (e.g., school applications, magnet/charter lotteties)
(Corcoran et al. 2020), and enjoy a first-mover advantage in accessing high-status schools, especially
those that have recently opened. Moreover, institutional gatekeepers may reward perceived
knowledge, signals of engaged parenting, and deft communication skills with valuable support in
navigating admissions processes.

Socioemotional skills and health may also implicated, by enabling parents to cope with the
inevitable demands and pressures that come with modern parenting — especially in places that are
flush with neighborhood and school options and saturated with publicly-accessible information on
their quality. In these places, higher socioemotional skills plausibly bolster child-optimizing decision-
making and facilitate parents’ ability to overcome the institutional hurdles imposed by highly coveted
schools. Parents must manage a complex set of processes consisting of paperwork, lotteries, and
strict deadlines to turn their choices into reality (Brown 2020; Corcoran et al. 2020; Fong and Faude

2018). Socioemotional skills may enable parents to navigate this fraught bureaucratic terrain and to
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ingratiate themselves to institutional gatekeepers. Indeed, a recent study suggests parents’
socioemotional health shapes school enrollment patterns (Schachner 2020a).

These two strands of what I call the zntergenerational reproduction model of school sorting — one
implicating parents’ educational attainment and the other parental skills and health — suggest the
following concrete hypotheses, which are visualized along with the three previously-articulated
hypotheses, in Figure 4.1:

Hypothesis 4: Parental educational attainment is positively associated with children enrolling in a school of choice.

Hypothesis 5: Parental cognitive and socioemotional skills/ health are positively associated with children’s enrolling in
a school of choice.
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RESEARCH DESIGN AND METHODS

To test the school attainment and intergenerational reproduction models of school sorting I employ
data from L.A.FANS, a panel study that explores the multilevel sources of inequality and wellbeing
within Los Angeles County during the 2000s. L.A.FANS wave 1 data collection was conducted in
2000-2002, with a probability sample of 65 Los Angeles County neighborhoods (census tracts).
Within each tract, L.A.FANS selected a sample of blocks, and within selected blocks, a sample of
households. Within each of the 3,085 households that completed a household roster, researchers
attempted to interview one randomly selected adult (RSA) and, if present, one randomly selected
child (RSC) under age 18. They also interviewed the primary caregiver (PCG) of the child (who
could, or could not, be the RSA but was almost always the child’s mother), and a randomly selected
sibling of the RSC (SIB). Ultimately, 2,306 RSCs, 1,378 SIBs, and 1,957 PCGs overseeing these
children were included in wave 1 data collection. Follow-up interviews were conducted with wave 1
respondents between 2006 and 2008 if they still resided within L.A. County. A supplementary
replenishment sample of respondents who did not participate in wave 1 were added to wave 2 data
collection to ensure a sample size that was large and representative enough to generate statistically
valid cross-sectional estimates for L.A. County resident measures at wave 2. For more details on the
L.A.FANS design, see Sastry et al. (2000).

This study centers on school sorting processes among elementary school-aged children
because studies suggest parents are most concerned with and proactive in residential and educational
decisions when young children are present (Goyette et al. 2014; Schachner and Sampson 2020).
Middle/junior high school and high school enrollment decisions, on the other hand, likely reflect
children’s own skills, social networks, and preferences at least as much as parental preferences and

constraints, which are the central concerns of this study. Moreover, theories of skill development
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suggest skills are more malleable at earlier ages than later ages (Heckman and Mosso 2014). If true,
elementary school status and quality may matter more than that of middle and high schools.

With these considerations in mind, I specify my sample to include child-wave combinations
in which the RSC or SIB were ages 5 to 10, not enrolled in special education, and for whom a
complete L.A.FANS child survey was available. This specification yields an initial eligible sample of
1,453 unique child respondents contacted during either wave 1 or 2, nested within 1,168 unique
primary caregivers/households. Valid school enrollment information and census tract geocodes are
available for 1,332 (92%) of these eligible children. I then exclude those for whom core model
variables (described below) were missing (N=183), producing a final sample of 1,149 child
respondents, and 926 unique primary caregivers. I link the L.A.FANS-provided school identification
codes and census tracts for this analytic sample to Los Angeles County data on public school
catchment zones from the year 2002, and California Department of Education data on school types
and test scores from 2001 if the child was in elementary school at the time of L.A.FANS wave 1 data
collection and 2007 if the child was in elementary school at the time of wave 2. The procedures used

to link these various datasets and construct key variables are described below.

School Status as an Ontcome

Operationalizing status — whether of occupation, neighborhood, school, or any societal dimension —
is often contested, given the possibility that status is likely conceived differently by different groups
of people (e.g., by race, class, urbanicity) (see Bruch and Mare 2012). Operationalizing schoo/
status/desirability is even more difficult due to a lack of standardized data on school socio-
demographics and quality across school types and districts and due to a lack of consensus on which

school factors predict their causal effects.
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In the absence of a commonly agreed-upon status marker for schools, I employ a
parsimonious binary measure indicating whether an L.A.FANS child respondent was enrolled in a
school of choice using L.A.FANS-provided data linked to state administrative data reveal whether each
child attended a magnet, charter, or private school (versus a traditional public school). The school
type designation is straightforward for students attending private or charter schools at the time of
data collection, given that they never share California Department of Education school identifier
codes with traditional public schools. Thus, for children whose L.A.FANS-provided school
identifier codes are reported by the California Department of Education to be associated with a
private or charter school, I mark the child-year as “1”, indicating that the child attended a school of
choice at the time of data collection.

The remaining children in my analytic sample attended either a magnet school or a
traditional public school. My data sources do not easily identify which students are magnet versus
traditional public school attendees because many magnet schools share a campus with a traditional
public school and therefore do not receive a unique school identification code from the state.
However, the state’s school directory does indicate whether a given school campus contains a co-
resident magnet school. Thus, for all children attending a public school without a co-resident magnet,
I can safely assume they are traditional public school attendees and therefore mark them as “07,
indicating they did not attend a school of choice. The final subset of children attend a public school
containing a co-resident magnet program which they may or may not attend. If the primary caregiver
of a child within this group indicated her child attended a magnet program during the wave in
question, I mark the child as “1”, indicating she is a magnet student and therefore enrolled in a
school of choice. All remaining children are marked as “0” because I have no evidence they attended
a private, charter, or magnet school, even if a co-resident magnet school is located on their school’s

campus.
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School Attainment Predictors
In line with the neighborhood attainment literature, my core school attainment predictors are
categorical measures of the child’s race/ ethnicity (i.e., reference: white, black, Latino/Hispanic,
Asian/Pacific Islander, Other/Multiracial), a binary indicator of whether the child’s primary
caregiver is a first-generation immigrant (i.e., not born in the United States), and a continuous measure
of the child’s household income (logged). The latter is wave-specific, encompassing all income sources
reported by the head of household at wave 1 or 2. This estimate is standardized to year 1999 dollars
and then logged to reduce the distribution’s skew. For most missing household income values,
L.A.FANS provides estimated imputed values (Peterson et al. 2012).

I supplement these core structural predictors with three others that are often missing from
school sorting analyses, especially those drawn from administrative data sources. First, I include a
binary measure of whether the child resides in a home that is owned (reference: rented) at the time of
data collection; home ownership is a common proxy for wealth, which may be important when
sending a child to private school. I also incorporate two household structure proxies, including
whether the primary categiver is married (reference: single and/or cohabiting) and a continuous
measure gauging the number of children in the household at the time of data collection, given that
household transportation resources are critical to activating school choice, but they are likely

strained among single-parent households with many children.

Intergenerational Reproduction Predictors
Shifting from structural factors to education and skills/health, which are central to intergenerational
reproduction accounts of inequality, I first construct a set of categorical variables to gauge the

primary caregiver’s educational attainment (reference: completed no college, some college, or a
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bachelor’s degree), reported at the time of data collection. I also include two parental skill measures,
which are rarely employed in contextual sorting studies (Schachner and Sampson 2020), especially
school sorting studies. The first is a measure of the primary caregiver’s cognitive skills, typically
conceptualized in the skills and stratification literature as acquired knowledge (Heckman et al. 2000;
Kautz et al. 2014). I use results from the Woodcock-Johnson Passage Comprehension assessment,
conducted in either English or Spanish, based on the eatliest wave of data available for a given
primary caregiver because L.A.FANS typically only fielded the test to PCGs once, even if they were
panel respondents. The test captures individuals’ ability to process written information, a
theoretically important skill for evaluating school options, by asking test takers to identify missing
key words from short passages of increasing complexity. I convert the national percentiles rankings
generated by the test, which are highly skewed, into sample-based percentiles. Note that passage
comprehension scores are highly correlated with scores generated by Woodcock-Johnson tests
gauging other cognitive skill types (0.6 — 0.7).

The other parental skill measure I employ is a commonly employed proxy for individuals’
socioemotional skills: the Pearlin Self-Effficacy Index. The index is constructed by averaging Likert
Scale-constructed answers to six questions (two of which are reverse-coded) that gauge the extent to
which primary caregivers believe they can effectively translate their goals and objectives into reality.
Concretely, questions ask respondents to report beliefs in their abilities to solve problems and exert
control over their conditions, as opposed to feeling helpless and pushed around. Note that this
index, unlike the cognitive skill measure, is recalculated for each primary caregiver at each wave.
Thus, I employ the index value that is temporally aligned with that of the school enrollment
outcome in the analytic sample. To reduce skew and ensure a parallel scale to the cognitive skill
proxy, I convert each primary caregiver’s average Likert Scaled score across all six questions into a

sample-based percentile ranking. For more details on Pearlin Self-Efficacy Index, see Pearlin et al.
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(1981). I supplement the socioemotional skill measure with a closely related socioemotional health
control — the probability of depression, ranging from 0 to 1, exhibited by each child’s primary caregiver
because recent research suggests this factor independently predicts school sorting outcomes
(Schachner 2020). This metric is based on respondents’ answers to the Composite International
Diagnostic Interview-Short Form (Kessler et al. 1998), which was developed by the World Health
Organization, based on the Diagnostic and Statistical Manual of Mental Disorders, and used in the
U.S. National Health Interview Survey. I convert this linear measure into a binary one to facilitate
interpretation and mitigate the highly skewed nature of the distribution. A probability of depression

over 0.5 is marked 1, indicating a high likelithood of depression; any lower probability is marked 0.

Controls

I control for child age at time of data collection and sex (reference: male) and include fixed effects for
the child’s census tract of residence at the time of data collection. Inclusion of these fixed effects provide
an unusually rigorous test of my core hypotheses for three reasons. First, the quality of children’s
local catchment-based public school option likely varies considerably between tracts even within the
same district but minimally within tracts, given that residents of the same tract typically live within
the same catchment school’s boundaries. Second, since spatial proximity appears so crucial in
shaping school sorting (Corcoran 2018), the tract fixed effect essentially controls for spatial
differences in parents’ proximity to, and quality of, plausible school options. Third, between-
neighborhood selection is likely to be an even more highly selected process than is between-region
and between-district sorting. If neighborhood sorting is nontrivially shaped by unobserved factors,
as neighborhood effects skeptics have long noted (Jencks and Mayer 1990), then the tract fixed

effect may partially net out these factors’ confounding effects on the depression-school selection
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association. These fixed effects essentially disentangles predictors of schoo/ sorting from predictors of
neighborhood sorting; the vast majority of sociological literature treats the two sorting processes as one

and the same.

ANALYTIC STRATEGY
My core analyses predict the binary outcome of whether a child attends a school of choice (i.e.,

magnet, charter, or private( using logistic regression models (Equation 1):

pj
log <1——p]) =Bo + B1x1j + Baxz; + 812%2j%qj -

s the probability of a given child-year ; entailing the child attending a school of choice, whether a

magnet, charter, or private school. This outcome’s log odds are predicted as a function of the child-,

parent-, household-, and tract-level variables (X ;) described above. The key parameters are

captured by Sy, the coefficients gauging the estimated effects of predictors drawn from the school
attainment and intergenerational reproduction accounts on the log odds that a child attends a school
of choice (versus a traditional public school) for the sample as a whole. A positive coefficient value
would indicate that a given factor predicts a higher likelihood of school choice activation; a negative

value would suggest the opposite.

DESCRIPTIVE RESULTS
According to the California Department of Education, approximately 1,200 public elementary
schools (serving Kindergarten through 5" grades) and 1,000 private schools — which typically have

far fewer students — were operational in Los Angeles County during the L.A.FANS panel study:
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2000 through 2008. Of the public schools, approximately 85 were designated by the state as
containing a magnet program, and the number of charter schools grew from 53 to 118.

Shifting from ecological to individual data, my analytic sample suggests that 16% of
elementary-aged Angelenos during the 2000s attended a school of choice, whether a magnet, charter,
or private school. Table 4.1 permits a more granular analysis of school sorting patterns by school
sector. The left-hand column provides mean values of each variable for children attending a
traditional public school, the middle column provides means for children attending a magnet or
charter, and the right-hand column provides means for children attending a private school. The
hypothesized school attainment model would predict disadvantaged racial minority and lower-
income children to be overrepresented in the traditional public school sector and more structurally
advantaged children to be overrepresented in the two higher-status school options. Indeed this is the
case. For example whites, who constitute only about 18% of the total analytic sample, are
underrepresented within traditional public schools (15%), and overrepresented in each alternative
school option: magnet/charter (26%), and especially private school (38%). Conversely, Latinos
constitute 55% of the analytic sample, and are overrepresented within residentially-assigned public
schools (60%) and the magnet/charter option (59%), but sharply underrepresented in the private
school sector (19%). Average household income levels also appear to be higher among school
choice attendees, increasing from 10.26 in logged units among traditional public enrollees to 10.47

among magnet/chatter enrollees and finally 11.25 among private school enrollees.
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However, another less-frequently examined pattern — congruent with the hypothesized
intergenerational reproduction model — is also evident: children enrolled in schools of choice are
disproportionately likely to have highly-educated and highly-skilled parents. For example, children
who attend a traditional public school are less likely to have a primary caregiver with a bachelor’s
degree (11%) than are children who attend a magnet/charter (14%) and especially a private school
(48%). Similar patterns emerge when examining the average cognitive skill sample-based ranking of
children’s primary caregivers, which rises from the 47th percentile among traditional public school
enrollees to about the 54% petcentile among magnet/charter students to the 71* percentile among
private school enrollees. A similar, but less steep, gradient is evident when it comes to primary
caregivers’ socioemotional skills. Lastly, children who attend a school of choice are about half as
likely to have parents with a high probability of depression as are children who attend a traditional
public school.

A visualization of school sorting patterns by race/ethnicity and income, as well as by
race/ethnicity and cognitive skills (Figure 4.2) provides preliminary evidence that both the
structurally-inflected school attainment account and skill-centered intergenerational reproduction
account may provide traction in illuminating which children attend schools of choice. Sizable race-
based disparities in school choice are evident when comparing the racially advantaged stratum (i.e.,
whites/Asians) to the racially disadvantaged stratum, even when controlling for household income
(Panel A) or parental cognitive skills (Panel B). Moreover, within each racial strata, both income and
parental cognitive skills appear to stratify the propensity of children to attend a school of choice,

especially private schools.
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FIGURE 4.2
Unconditional Probability of Enrollment in a Magnet, Charter, or Private School
By Race/Ethnic Stratum, Income, and Skills

A. By Race/Ethnicity and Household Income Tercile

0.50
W Private Charter m Magnet
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B. By Race/Ethnicity and Primary Caregiver’s Cognitive Skill Level
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Notes
2 Income terciles defined (in constant 1999 dollars) as: Bottom: < $20,000, Middle: $20,000 — $44,299, Top: > $44,300.
b Skill levels defined as: Low < 33th sample-based percentile, Middle: 34% — 66t percentile, High: >66t% percentile.
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SCHOOL SORTING AS AN ATTAINMENT AND INTERGENERATIONAL PROCESS?
Multivariate models are required to more rigorously establish whether race, income, parental
educations, and/or skills exert effects on children’s propensity to attend a school of choice. Before
shifting to the model results, it is worth noting that these predictors are correlated but less so than
often assumed. Within this analytic sample, household income (logged) is correlated only 0.32 with
primary caregivers’ cognitive skills, 0.21 with socioemotional skills, and 0.42 with whether or not she
has a bachelor’s degree (full correlation matrix available upon request). Thus, parental skills and
education plausibly exert effects on school sorting that are not subsumed by classic structural
predictors.

Recall that the structurally-oriented school attainment model (Hypotheses #1 — 3) suggests
that race/nativity, resoutces, and household structutre predict school status, but that residual racial
gaps in school status remain net of the latter two clusters of factors. Beginning with a simple logistic
regression containing only basic controls and race/nativity vatiables (Table 4.2, Model 1), with
census tract fixed effects, only the white-Latino and native-first generation immigrant gaps in school
choice propensity are statistically significant (p < 0.01). This finding is notable because
neighborhood attainment studies typically find a large white advantage over all other racial groups,

especially blacks — even in multiracial Sunbelt metropolises like Los Angeles (Sampson et al. 2017).
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Do income and wealth independently predict school status and potentially mediate
race/nativity gaps, as is typically the case in the neighborhood attainment literature? Model 2
suggests household income (logged) independently predicts an increased likelihood of school choice
enrollment (f = 0.50, p < 0.05). Net of income and wealth, the white-Latino and nativity gaps in
school status remain significant, as they do once household structure variables — which are not
significant — are added in (Model 3). The household income variable remains significant in this
model, as well.

The story shifts considerably, however, once intergenerational reproduction variables are
included. Starting with educational attainment (Model 4), children of primary caregivers who
attended college or have bachelor’s degrees are significantly more likely to attend schools of choice
than are children whose primary caregivers did not complete college. Yet the previously-observed
nativity gap attenuates to nonsignificance, as does the household income effect, though the Latino-
white gap remains significant at the p < 0.05 level.

In the subsequent model (Model 5), which adds in primary caregivers’ cognitive and
socioemotional skill sample-based rankings and parental depression probability, parents’ cognitive
skills are positively and significantly correlated with school choice enrollment (§ = 0.015, p < 0.05),
while parental depression probability cuts in the opposite direction (f = -1.382, p < 0.05). The
Latino dummy variable is the only other variable that remains significant in this most-complete
model (6 =-1.784, p < 0.05)..

Conditional predicted probabilities based on these models are visualized in Figure 4.3, Panel
A. The figure shows that that, all else equal, a child of parent at the 75th percentile of the sample-
based distribution of cognitive skills is over 50% (or 8 percentage points) more likely to enroll a
school of choice than is a child of a parent at the 25" percentile of the distribution. Parental

depression also appears to exert a large independent effect on school choice. All else equal, children
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of parents who are likely depressed parents are 55% (12 percentage points) less likely to attend a

school of choice than are children of parents who are unlikely to be depressed.

169



“Z PPOIN ‘€' 9[qE.I, UO paseq 9Je SUORB[WIS ¢] [PUTJ ‘G [PPOIN ‘C'H 2[qeL, UO PIstq 93t SUONB[NWIS |/ [QUE q
‘G"() 3940 st paunap st Lrqeqord y3ry romor
30 G°() se pauyop st A1iqeqoid vorssardop mor *onuadrad G/ st paunep ysiy ‘vonngmsip sduwes Jo 9[RUIAd G SE PAULIP ST [9AJ] [[IYS QARIUTOD MO ¢

Simqeqosd ysiH Simqeqoig aog

K -

- SO0

— 010

S1°0

S ySrH [INS A0

00

§co

0€0
uorssalga(J Jo (iyrqrqosJ (g

1247 [RYS oauo)y A

A[uQ waIPIIYD PP /eI /ouneT

Simqeqosd ysiH Simqeqoig a0
: 00°0

— S00

— 010

— S10

— 0¢0

NS YSrH IS M0

S910N]

00°0
GO0
010
G1°0
0c0
Gco
0¢0

00°0

— S00
— 010

S1°0

0C0

Al

Al

0€0
uorssalda(J Jo Gyiqoqosd (g
ordureg [ny 'q

1247 [RYS oauo)y A

0€0

uorssarda(T Jo AIIqeqoI PUE [9AYT [[INS 2ARTUS07) £q [0OYIS NLATIJ JO FNFeY) WUIEN € SUTPUINY JO LIIqeqOF ] [EUONIPUOT)

€Y H4NOIA

170



Taken together, Table 4.2’s models provide evidence in support of the skills and
socioemotional health strands of the intergenerational reproduction model (Hypothesis #5).
However, the residual Latino-white gap in school choice probability suggests a key structural factor
— race—may play nontrivial roles in shaping school sorting patterns, providing some support in
favor of Hypothesis #1. Note that in the neighborhood attainment literature, race and income gaps
in neighborhood status typically remain large and significant even after accounting for a wide range
of potential confounders, including education and skills. Yet this study’s school sorting model show
that parental skills exert strong, independent effects on school status while household income and

wealth do not.

Race/ Ethnic Heterogeneity in Skill and Socioemotional Health Effects?

The models presented thus far illustrate school sorting patterns across all racial groups and suggest
skills may play important roles. Does the same patterns emerge within racial groups? As noted at the
outset, far more sociological work has centered on advantaged groups’ patterns and drivers of
school sorting than the more disadvantaged; racial heterogeneity, in particular, is rarely probed. To
rectify these gaps, I stratify my analytic sample in two: with the advantaged racial stratum consisting
of white and Asian children and the disadvantaged group consisting of Latino, black, and
other/multiracial children and run models identical to the most complete from Table 4.2, but make
two key shifts. First, I replace census tract fixed effects with fixed effects representing which of eight
commonly-conceived regions of Los Angeles County each child resides within (for more details on
these county regions, see Sampson et al. (2017) and Schachner and Sampson (2020) I make this
decision to mitigate statistical power limitations associated with employing census tract fixed effects
when running models on smaller, racial subsamples. Second, I bring in two census tract-level

variables that, based on prior studies, appear to shape school sorting patterns: a spatially-weighted
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measure representing the average concentration of Latino and black children in local public schools
and the average value-added quality of local schools based on the California State Department of
Education’s Similar Schools Ranking. Both factors could conceivably confound the observed skill,
health, and race effects on school sorting generated by the most complete model in Table 4.2.

The baseline model in Table 4.3 (Model 1) runs this slightly modified specification on the
full analytic sample. Despite the replacement of census tract fixed effects with county region fixed
effects and the inclusion of two potentially salient tract-level covariates, the previously-observed
parental cognitive skill and parental depression effects remain significant and run in the expected
directions. In this model, not only are Latinos at a disadvantage to whites as the previous model
suggested, but Other/Multiracial children are as well (5 = -0.957, p < 0.01). Moreovetr,
homeownership also appears to boost school choice enrollment probability (§ = 1.012, p < 0.01), as
does having a parent who attended college (6 = 1.038, p < 0.05) or completed a bachelor’s degree (8
= 1.015, p < 0.05). Note, too, that minority avoidance appears to shape school choice; all else equal,
the higher the concentration of Latinos and blacks in local public schools, the higher the likelihood a
child will attend a school of choice (§ = 0.025, p < 0.01).

Are parental skill and health factors disproportionately more — or less — salient to school
sorting among racially disadvantaged children than they are among the advantaged? Starting with the
disadvantaged subsample, one might expect that even if highly-skilled parents disproportionately
exhibit stronger preferences for school status, institutional gatekeepers’ racial biases may stymie their
efforts. However, Table 4.3, Model 2 which replicates Model 1 for only the disadvantaged
subsample suggests both cognitive and socioemotional skills exert significant and positive effects for
this group. Moreover, depression probability exerts a significant and negative effect on school
choice. Meanwhile, the coefficients on parental education variables remain significant and positive as

they did in the prior model, as is household income (logged).
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These findings raise the possibility that skills are actually more important for disadvantaged
minorities than they are for whites and Asians. I test this possibility by returning to the full analytic
sample and adding in interactions between racial stratum and cognitive skills, socioemotional skills,
and socioemotional health (Model 3), while preserving all other controls and county region fixed
effects. These interaction terms suggest only depression exerts a stronger negative effect for the
racially disadvantaged than for the white/Asian stratum (5 = 1.429, p < 0.01). All main effects
remain largely unchanged compared to the prior model.

Models 4 and 5 employ identical specifications as Model 3 but the outcome is more narrowly
specified to two specific types of choice: private or charter, but not magnet (Model 4) and private
only (Model 5). These models reduce the potential role of measurement error introduced by
indirectly inferring which children attend magnet schools. Yet both sets of model results are largely
consistent with those produced by Model 3. All else equal, higher levels of parental cognitive and
socioemotional skills/health appear to shape school choice, regatdless of how the choice outcome is
constructed. Moreover, there is some evidence that parents’ socioemotional skills predict private
school enrollment to a greater degree among racially disadvantaged children than among the more
advantaged.

Opverall, the skill and socioemotional health strand of the intergenerational reproduction
model of school sorting (Hypothesis #5) receives more robust and consistent support as a driver of
school sorting than does the school attainment model among the full sample and perhaps especially
within the disadvantaged sample. Although there is some evidence of white-Latino and parental

educational attainment disparities, these patterns are considerably less robust than skill-based
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disparities; indeed, Thus, s&i//- and socioemotional health-based based contextual sorting emerges as a rarely

considered driver of school sorting.

DISCUSSION & CONCLUSION

Increasing numbers of children in American cities are opting out of traditional public schools.
However, sociological research on school sorting as a socially-stratified process — distinct from
residential sorting — remains scarce with one notable exception: studies documenting advantaged
and especially white families leveraging school alternatives to avoid minority children in their local
schools. This study set out to theoretically develop and empirically test a more expansive account of
school sorting that explains not only whites’ propensity to bypass their local public schools but also
why increasing shares of non-white children — who constitute the vast majority of students in many
metropolitan areas — are doing the same. To this end, I leverage the well-developed literature on
another form of socially-stratified contextual sorting — the neighborhood attainment paradigm — to
derive hypotheses on how race, economic resources, and household structure may explain school
sorting. I then draw on the burgeoning literatures on concerted cultivation and skill-based parenting
to propose an alternative possibility: that parental education and skills shape school sorting, even
after accounting for traditional structural factors.

Data on over 1,000 Angeleno children and logistic regression models predicting their
schools’ status support the skills and health strand of the intergenerational reproduction model:
parents’ cognitive skills and socioemotional health consistently predict school status for the sample
as a whole, and particularly for black children, even after controlling for a wide range of traditional

structural characteristics and spatial differences in families’ plausible school choice sets. On the
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other hand, the structurally-inflected school attainment hypothesis, which draws heavily from the
status and neighborhood attainment traditions, receives less support; white-Latino are evident, but
the large the expected penalties of being black or having lower household income do not appear
consistently salient to school sorting as they do to neighborhood sorting.

These analyses have important implications for the sociology of education and urban
stratification literatures, which have long assumed that neighborhoods and schools were tightly
linked and, as such, cast local public schools as central to the causes and consequences of American
residential segregation. This study reinforces recent work suggesting neighborhood and school
selection need to be conceptualized as related but distinct social processes (Lareau and Goyette
2014) that implicate different parent, household, and child-level factors. We know that race and class
loom large in dictating neighborhood conditions, but the results here suggest we cannot automatically
infer they play an outsized role in stratifying educational conditions. After accounting for
neighborhood-level differences, school choice systems appears to reward children less on the basis
of race and class and more on the basis of parental skills and health.

This is no cause for celebration. The findings merely suggest that while neighborhoods may
mediate the intergenerational transmission of structural (dis)advantage (Sharkey 2013), schools may
mediate the intergenerational transmission of skills (Schachner 2020) — two possibilities that should
be explicitly tested using causal mediation analyses. Of course, skills are profoundly shaped by
structure (Sampson, Sharkey, and Raudenbush 2008), so it may be difficult to truly separate the two.
Nonetheless, future stratification scholarship should attempt to disentangle the distinct causes and
consequences of residential and educational selection and simultaneously assess structural and skill-

based explanations for each. Ideally, an integrated theoretical framework that considers whether and
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why race, income, wealth, education, skills shape sorting into various contextual domains that are
crucial for children’s development — i.e., neighborhoods, schools, and childcare — will emerge.
Highlighting skills as a central driver of contemporary stratification may elicit resistance
within a discipline that has long viewed these individual-level attributes with skepticism (England
2016). But this study and others (e.g., Sastry and Pebley 2010; Schachner and Sampson 2020) make a
compelling theoretical and empirical case for skills and opportunity structures interacting to produce
inequality, in general, and to stratify contextual conditions, in particular. Further theorizing is needed
to clarify how skills, education, and culture are related and how they interact to reproduce inequality
across generations. This is a thorny task, but it will likely invigorate and valuably refine conceptual

models of intergenerational reproduction that have resided at the heart of sociology since Bourdieu.

Limitations, Exctensions, and Policy Implications

Admittedly, this study examined a relatively small and narrowly-defined analytic sample of
elementary-aged children within a particular timeframe and metropolitan area that may not resemble
other places and other eras. Indeed, the choice set of plausible school options likely varies sharply
across place and time, as well as across the age distribution. Future studies should theorize and
empirically examine whether and why the school attainment or intergenerational reproduction
hypotheses provides more traction in illuminating school sorting patterns in particular types of
places, time periods, and within particular segments of the age distribution. I believe the
intergenerational reproduction account may matter more for young children in large metropolitan
areas when school options are plentiful and school enrollment rules liberalized, but future studies

should leverage larger samples, perhaps even administrative data, to test these possibilities.
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This study’s primary outcome — school status — is a difficult concept to operationalize, just as
all other manifestations of status (e.g., neighborhood status) are. I attempted to employ a
theoretically- and empirically-justified and parsimonious operationalization of school status (i.e.,
school choice) but alternative operationalizations should be considered and tested. Future studies
might use value-added measures of school quality as the core school status outcome, given that
these measures appear to capture schools’ causal effects on skill development far better than do
average test scores or socio-demographics (Lloyd and Schachner 2020). Better yet, studies employing
qualitative and experimental methods could be leveraged to understand parents’ stated preferences
regarding which school status proxies are most valued and whether these preferences vary by race,
income, education, or skills. Eventually, studies should relax the assumption of homogeneous
preferences for school status and probe which types of parents and children disproportionately
optimize for which particular school characteristics, beyond status (e.g., test scores, race/class
composition, geographic proximity, truancy, extracurriculars), using discrete choice models that
account for the spatial proximity of plausible school options.

Lastly, the key finding of this study — that parental skills shape school sorting — requires
more scrutiny in future work. I attempted to account for a wide range of potential confounders,
including the uneven spatial distribution of school options and difficult-to-observe heterogeneity
captured by census tract fixed effects. However, more plausibly causal skill effect estimates could be
generated by leveraging exogenous shocks such as the introduction of school rating systems — which
might be predicted to amplify skill effects on school sorting — or the rapid expansion of charters,
magnets, private schools or liberalization of school enrollment rules. Other potential explanations of

school sorting beyond skills were missing, such as parental physical health, cultural orientations, and
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social networks. Incorporating more information on children’s own educational background and
skills, mental/physical health, and social networks would also be helpful.

Despite these limitations, this study points the way to a richer account of contemporary
school sorting with important policy implications. Choice-based policies, which have transformed
America’s educational landscape, risk amplifying rather than attenuating the role of parental skills in
shaping their children’s trajectories. Other forms of choice-based policies, like housing vouchers,
may do the same and should be reexamined from this perspective. Empowering parents of all skill
levels with clear and actionable information on school and neighborhood quality and counseling
appears promising (Bergman et al. 2019). But ultimately narrowing the distribution of parental skills
and of childcare, school, and neighborhood conditions may be necessary to meaningfully reduce the

intergenerational transmission of skills and status.
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Conclusion

In this dissertation, I revisit a longstanding line of sociological inquiry: which families gain access to
the most skill-promoting neighborhoods, schools, and childcare settings available? Theoretical
progress on this question has lagged that made on other spatial stratification questions, such as why
and for whom neighborhoods matter. I proposed a theoretical shift in how stratification scholars
conceptualize contextual sorting: from a primarily structural process pertaining to residential
mobility and implicating race and resources to an overlooked pathway of intergenerational
reproduction that highlights not only residential but also educational sorting.

The intergenerational reproduction lens I apply draws attention the roles of parental class,
educational attainment, culture, and skills in stratifying the quality of children’s environmental
contexts even after accounting for race and income differences. I pay particular attention to parents’
cognitive and socioemotional skills, given their scarcity in recent sociological research on
reproduction and their theoretical importance in contemporary residential and educational markets.
My view is not that cognitive and socioemotional skills s#pplant race and resources as explanations
for contextual stratification but that they supplement these explanations by providing additional
explanatory power in certain contexts and by interacting with race and class to amplify or attenuate

structural advantages.
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Before each empirical examination I pursued, I articulated precisely how contemporary
residential and educational opportunity structures have transformed in ways that render parental
skills and structural characteristics independently and interactively predictive of children’s
neighborhood and school conditions. These theoretical arguments turn heavily on three key themes:
(1) increasing preferences for pursuing child-centered investments, especially among higher-income
households and perhaps via access to more advantaged neighborhoods (Kornrich and Furstenberg
2013; Owens 20106); (2) the shifting nature of residential markets, whereby the enforcement of fair
housing legislation, destruction of high-rise public housing, and restructuring of the brokerage
industry (Ross and Turner 2005) have collided with the Information Age to saturate prospective
renters and home buyers with choices and data; and (3) the liberalization of school assignment rules
and proliferation of alternative options, like charter schools, which enables highly-motivated parents
to send their children to non-assigned schools (Archbald 2004).

In each chapter, I use these theoretical arguments to develop a set of concrete hypotheses
that I subsequently test using Los Angeles Family and Neighborhood Survey and Mixed Income
Project data, which together follow a panel of households in Los Angeles County between 2000 and
2013. The datasets, when linked to administrative sources from the county and the California
Department of Education and geospatial resources, paints a remarkably rich portrait of parental
residential and educational decision-making in a vast, fragmented, and multiracial urban ecology
where choices and data are rapidly expanding but racial hierarchies persist: dynamics that potentially
amplify parental skills’ direct and indirect effects on children’s environmental conditions.

Across a diverse set of models characterizing neighborhood and school sorting, I find that

parental cognitive skills and socioemotional health play important but previously underappreciated
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roles in stratifying both contextual domains for children. The first chapter, which leveraged discrete
choice models of residential sorting, suggests that parental cognitive skills interact with
neighborhood socioeconomic status to predict neighborhood selection, even after testing and
confirming the expected influences of race, income, spatial proximity, and housing markets.
Morteovert, highly-skilled uppet/uppetr-middle class parents appear to sort specifically on the basis of
average public school test scores rather than neighborhood socioeconomic status, broadly.

The second, third, and fourth chapters place school sorting rather than neighborhood
sorting at their center. They show that 30 — 40% of Angelenos during the time period in question
attended a non-neighborhood school and that these patterns are highly race- and class-stratified
suggesting sociological research should pay additional attention to school sorting as a social process
distinct from residential sorting. The second chapter proposes contextual sorting in general — and
school sorting in particular — as an unexamined pathway linking parents’ socioemotional health to
their children’s cognitive and socioemotional development. Congruent with this argument, I find
that parents who are more likely to be depressed are less likely to engage in school choice (e.g.,
private, charter, magnet). These depression-based disparities are starkest among disadvantaged
minority families and potentially contribute to black children of depressed parents attending schools
that are lower-performing and more disadvantaged.

The third chapter also examines school sorting but shifts the focus from the most
disadvantaged racial groups to the most advantaged and examines whether whites’ and Asians’ well-
documented racial preferences to avoid Latinos and blacks are manifested through school sorting
patterns in the suburbs. Prior literature focuses heavily on these dynamics within core-city districts,

assuming perhaps that in the suburbs, schools are considerably whiter and non-traditional school
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alternatives considerably sparser, so minority avoidance via school selection is less prevalent.
However, I find that suburban schools in Los Angeles are actually remarkably diverse. Lacking the
traditional magnet, charter, and private school escape hatches in close proximity, white and Asian
parents living amongst high concentrations of blacks and Latinos often send their children to non-
assigned traditional public schools far away that are whiter, but often poorer-performing, than the
ones to which they were assigned.

The fourth and final chapter attempts to articulate, and adjudicate between, two theoretical
accounts of contemporary school sorting that draw on the two traditions at the heart of this
dissertation: structural sorting and intergenerational reproduction. I argue that the former tradition
might posit that race and income play central roles in shaping who gains access to high-status school
alternatives (e.g., private, magnet, and charter schools) due to spatial isolation from these school
options, nontrivial resource constraints they impose, such as tuition and transportation costs, and
institutional gatekeepers’ biases for white and high-income students. I then articulate an additional
account, drawing on the intergenerational reproduction literature, that implicates parents’
educational attainment and cognitive skills and socioemotional health in shaping preferences for
sending children far away to a highly-coveted school option and for conferring the institutional
savvy and resilience to navigate a bureaucratically complex and often emotionally fraught selection
process. I find strong support for the latter argument: parents’ cognitive skills and socioemotional

are the most consistently predictive factors of children’s school status.
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IMPLICATIONS FOR FUTURE RESEARCH

This dissertation’s theoretical framework and empirical findings motivate contextual sorting and
intergenerational reproduction scholars to reconsider some of their fundamental assumptions and to
move toward theoretically integrating the two rich paradigms. Starting with the contextual sorting
literature, this dissertation suggests the “big three” — racial preferences, resources, and discrimination
— still loom large in contemporary residential and educational selection processes. Indeed, I found
that race and resources were consistently predictive of neighborhood sorting. In terms of schools,
racial preferences were so strong that even in a place where they could not easily be enacted —
suburban school districts in Los Angeles County — white and Asian parents managed to realize them
anyway. These patterns suggest structural sorting processes should remain central to sociological
research, but in line with Krysan and Crowder (2017), the precise mechanisms by which race and
resources operate need to be more thoroughly theorized and tested. My dissertation proposes an
alternative to residential “white flight” and “minority avoidance” via core-city alternative school
options: minority avoidance school enrollment patterns in the suburbs. Future work on structural
sorting should consider the possibility that even when confronted with residential and educational
opportunity structures not typically viewed as conducive to race- or-class based stratification,
advantaged households find ways to separate themselves anyway. Leveraging fine-grained
quantitative and especially qualitative data that spans multiple catchment zones and school districts —
and ideally captures information on district enrollment policies — is crucial to revealing the subtle
ways in which these processes operate and the rationales parents employ in pursuing rule-bending

and rule-breaking behaviors.

184



However, race, resources, and discrimination do not tell the whole story of contextual
sorting, as my three other dissertation chapters reveal. Enriching the contextual sorting literature
with additional explanations of residential mobility is long overdue. Housing markets have
transformed in important ways since the emergence of the neighborhood attainment literature, yet
extant studies still do not adequately account for the roles played by information saturation (e.g., via
emerging platforms like Zillow, Redfin, and NeighborhoodScout), choice-based housing policies,
the enactment of fair housing laws, and the restructuring of the brokerage industry. I proposed, and
generated evidence congruent with the possibility, that these dynamics stratify residential outcomes
on the basis of parental cognitive skills and their school-based preferences. Future neighborhood
attainment sorting studies should theorize why and examine whether skills may matter more among
particular household types and within particular temporal and geographic contexts than others.
Other explanations of residential sorting that relax the assumption of homogenous preferences for
neighborhood socio-demographics and look beyond race, class, and household structure as drivers
should be considered. Emerging administrative data on additional neighborhood characteristics
ranging from environmental toxicity to crime to organizational resources should be leveraged to
determine which types of households sort on which types of neighborhood features. Long-assumed
patterns of race- and class-based residential sorting may be partially confounded by these factors.

The other key pivot this dissertation calls for is greater attention to school sorting as a
socially-stratified process that is distinct from neighborhood sorting and that may implicate a
different set of child-, parent-, and household-level factors. I found that 30 — 40% of Angeleno
children attended a non-neighborhood school during the 2000s; this percentage likely increased

during the 2010s. Moreover, recent evidence suggests schools stratify children’s outcomes, even
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among those residing within the same school district (Lloyd and Schachner 2020). Yet contextual
sorting studies in sociology often assume neighborhoods and schools are a package deal; modeling
the former is sufficient to explain socially-stratified patterns in the latter. This study reinforces other
studies from sociology of education in suggesting this is no longer the case. However, whereas that
literature examines contemporary school sorting primarily through the prism of race-based
preferences (“minority avoidance”), this dissertation suggests parental cognitive skills and
socioemotional health may also play a key role and should be probed further. Ideally, the contextual
sorting literature will evolve from a myopic focus on neighborhood selection to a catholic
orientation that examines selection into a wide range of environmental contexts — including schools
and childcare settings — and develops an integrated theoretical framework for understanding socially-
stratified selection into each.

As the contextual sorting literature develops this broader conceptualization of which
contexts matter and which household- and individual-level factors shape selection into each, the
intergenerational reproduction literature should update its models accordingly. The vast majority of
studies within that tradition have focused on parenting practices and family conditions. However, a
richer model of contextual sorting, such as that proposed here, promises to open up additional
pathways by which parents’ transmit skills and status to their children. Intergenerational
reproduction scholars should take these pathways seriously and devote more research to examining
how parents’ educational attainment, cultural orientations, cognitive skills, and socioemotional
health shape their preferences and constraints when it comes to selecting neighborhoods, schools,

and childcare options for their children.
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These developments will lay the groundwork for a research agenda devoted to understanding
whether neighborhood, school, and childcare sorting processes mediate the intergenerational
transmission of skills. These contexts are often perceived as moderators rather than mediators of
intergenerational processes in stratification literature. But they are not exogenously determined,
especially in an era of liberalizing housing markets and school enrollment regimes and choice-based
policies. Causal mediation analyses will play a critical role in testing the proportion of the
intergenerational correlation in skills explained by contextual sorting and whether and why this

proportion varies across time and place.

LIMITATIONS AND EXTENSIONS
Although this dissertation provided an in-depth view of neighborhood and school sorting within
one urban ecology during one temporal era, it is unclear how generalizable the findings are beyond
Los Angeles County during the 2000s. It is possible that Los Angeles’ neighborhood and school
ecosystems uniquely privilege parental skills and socioemotional health due to their vast size,
fragmentation, and complexity, while residential and educational sorting in other places does not
accrue the same skill-based advantages. This is a testable proposition that future analyses leveraging
nationally-representative data can test. Additional theorizing is needed to determine which
metropolitan-level and temporal factors amplify or attenuate the roles of parental skills in shaping
sorting versus the traditionally-emphasized race and resources.

The empirical strategies employed were also not without shortcomings. Future school
sorting analyses should use the discrete choice model as a means of relaxing the assumption of

homogenous preferences and incorporating a broader set of school-level factors (e.g., test scores,
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geographic location, truancy rates) to predict selection. Contextual sorting studies will never lend
themselves to experimental and quasi-experimental methods as well as contextual effect studies do.
However, creative strategies that increase the plausibility of causal relationships between individual-
and household-level factors and residential and educational selection should be deployed. For
example, exogenous shocks to neighborhoods and schools in the form of catchment boundary
changes, nearby charter openings, and district policy reforms might be leveraged to determine
whether particular types of families disproportionately opt into or out of the affected residential and
educational contexts.

Finally, the dissertation was incomplete in its treatment of potential forms of contextual
sorting that may mediate the intergenerational transmission of skills, such as selection into childcare.
Theories of skill development suggest childcare environments may be as, if not more, influential on
children’s long-term development than neighborhoods and schools. Yet I did not theorize or test
which factors may lead families to select various types of childcare arrangements. Future work will
need to place childcare sorting on an equal plane with neighborhood and school sorting. Clearly-
articulated and well-substantiated theories of how sorting unfolds across each of these three

domains will meaningfully enrich our understanding of intergenerational reproduction processes.
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Appendix B

Skill-Based Contextual Sorting: Methodological Appendix
Analytic Sample
300 respondents were designated as primary caregivers (PCGs) at wave 1 and confirmed both to
have resided within L.A. County and to have completed a survey during each of the three waves of
data collection (i.e., waves 1 and 2 of L.A.FANS and MIP). Fifteen lacked Woodcock-Johnson
Passage Comprehension scores and one additional respondent was dropped because s/he resided in
a sparsely-populated, unincorporated portion of the Santa Clarita Valley within L.A. County that
ArcGIS software could not locate for the purpose of calculating network distance to other potential
neighborhood destinations.

We exclude year 2000 residential data from our analyses because origin tract identifiers are
missing for nearly 15 percent of the analytic sample (i.e., tract of residence in year 1999). As
described in the text, all models include a dummy variable indicating whether the selected tract is the
origin tract. A high rate of missing data on this variable may yield imprecise, if not biased, estimates.
We exclude year 2013 from our analyses because only a small portion of respondents completed the
MIP survey in this year; the vast majority completed the MIP survey in 2011 or 2012.

As with any longitudinal survey, the bias generated by panel attrition must be addressed. We
model the probability that PCGs exited the survey based on a range of individual- and household-
level variables. See Sastry and Pebley (2010), Peterson et al. (2012), and Sampson, Schachner, and
Mare (2017) for details on the attrition models used for attrition between waves 1 and 2 and
between waves 2 and MIP. We weight all individual-level data based on the product of the inverse
probability of attrition between waves 1 and 2 and waves 2 and 3, as well as sampling weights that
adjust for L.A.FANS’ original sampling design.
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These specifications produce our analytic sample of 284 PCGs, most of whom have
continuous census tract-coded residential history data (in 2000 boundaries) throughout the 2001-
2012 timeframe. If all 284 of these PCGs had continuous residential history data, 3,408 person-
years (284 * 12) would be available for analysis. However, we remove person-years that lack valid
GIS-coded census tracts and that entail moving out of L.A. County, into L.A. County from outside
the county, or into a census tract for which network distance cannot be calculated by ArcGIS
software, which reduces the analytic sample slightly, to 3,317 person-years of residential mobility
data (97% of total). The residential history data span 2001 to 2012 and contain geocoded census
tracts (based on household location as of January 1* of each year), enabling us to integrate annual
estimates of tract-level data using U.S. census 2000 data and American Community Survey (ACS)
2004 — 2008 through 2011 — 2015 data, administrative data provided by state and local governments,
and GIS data into our dataset. Note that because the Census Bureau redraws tracts every decade, a
standardized set of tract boundaries is required for any analyses that cross the decade threshold.
Thus, we standardize all our tract-level data to 2000 census-defined boundaries, given that this was
the first year of the L.A.FANS survey. To standardize data from the 2010-2014 and 2011-2015 ACS,
which employed 2010 tract boundaries, we use the Backwards Longitudinal Tract Data Base’s

interpolation code (Logan, Xu, and Stults 2014).

Calenlating Tract-level Estimates of K-12 Test Scores
Beyond the tract status index, our other core neighborhood-level measure is an annual estimate of K-

12 public school test scores. As we mention in the text, scholarly consensus regarding how to calculate
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neighborhood-level measures of local public school test scores remains elusive. We develop a
measure based on census tract boundaries, Los Angeles County-provided school catchment
boundaries, and public school test score data from the California Department of Education. The
educational accountability movement, which gained strength in the late 1990s, spurred the California
Department of Education to calculate a school-level measure of average student achievement levels
based on state test scores across multiple content areas, termed the Academic Performance Index
(API), for every campus with eleven or more valid scores, every year between 1998 and 2013. The
school API is calculated on a standardized scale of 200 to 1000 for the entite school, as well as
disaggregated by students’ race-ethnicity and socioeconomic status. These scores are publicly
disclosed via the Internet and newspapers, rendering them accessible to parents and the public.

We aggregate local public schools’ average API scores, reflecting all valid student test results,
up to the neighborhood level by overlaying school catchment boundaries provided by Los Angeles
County in 2002 with 2000 census tract boundaries via a GIS spatial merge. Given that catchment
boundaries do not perfectly align with 2000 census tract boundaries, we estimate the spatial portion
of each tract that is covered by each school’s catchment boundaries that intersect the tract, which
generates a relative weight for each school’s test scores. Then, separately for all elementary, middle,
and high schools, we generate a spatially-weighted tract-level measure of local schools’ average test
scores. Finally, we calculate a simple average of the separate elementary, middle, and high school-
based API tract measures to create an aggregate K-12 test score measure for each Los Angeles

County census tract that varies each year between 2001 and 2012.
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Modeling the Choice Set

Whether the choice sets employed in discrete choice analyses of residential selection should include
the tract chosen in the prior period (#-1) —i.e., the origin tract — remains contested among
residential mobility scholars. Inclusion or exclusion of the origin tract indicator determines whether
the residential histories of households that remain in place during a given time period (“stayers”) will
be analyzed or if only movers’ behavior will be examined. The discrete choice models of Spring et al.
(2017) and Quillian (2015) incorporate only time periods in which a household moves and
consequently exclude the origin tract from the choice set. However, Bruch and Mare (2012) provide
a compelling argument for including it, which enables the decisions of (1) whether to move or stay
and of (2) where to move to be modeled simultaneously rather than as a two-step process requiring
two separate models. The latter strategy is employed by several residential mobility studies to
examine selection into mobility and then neighborhood sorting predictors, conditional on moving
(e.g., Crowder, South, and Chavez 20006; Spring et al. 2017).

Incorporating the origin tract indicator is not only a more streamlined approach that
combines two separate behavioral models into one. It also accounts for the fact that the decision to
stay in place is a common and theoretically important outcome that is partly determined by the
characteristics of both one’s current neighborhood and of other available neighborhood options
(Bruch and Mare 2012). Sampson and Sharkey (2008) reinforce the importance of attending to
stayers’ patterns: “Choosing to remain in a changing or even declining neighborhood is a form of
selection, after all, and can be just as consequential as the decision to relocate, an often overlooked

point in debates about neighborhood effects.”
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We agree with their assessments, particularly given our theoretical questions and the
ecological and temporal context in question. Theoretically salient features of L.A. neighborhoods
meaningfully changed around stayers between 2001 and 2012 — a period marked by an immigration-
fueled shift in the race-ethnic composition of the region, the exogenous shock of the Great
Recession, volatile housing prices, a precipitous drop in crime, and the enactment of major reforms
to local school systems. To the extent these changes meaningfully affect the conditions of origin
neighborhoods and potential destinations, preserving stayers’ residential histories and including the
origin tract in the choice set is critical to acquiring a fuller picture of residential sorting in this spatial
and temporal context and to mitigating potential bias generated by only tracking a strongly-selected
group (i.e., movers).

Moreover, practically speaking, including the origin tract indicator enables interactions
between moving/staying behavior and individual-, household-, and neighborhood-level features to
be included in discrete choice models. These interactions can be interpreted as suggesting whether
certain characteristics suppress or amplify the likelihood of moving out of one’s origin
neighborhood. It is also worth noting that because 94 percent of our analytic sample’s person-years
of residential history data consist of staying in place, rather than moving, we would lose a substantial
amount of statistical power if we focused exclusively on movers.

For all of these reasons, we decide to include respondents who remained within the same
census tract in a given year in our core analytic sample, and use the origin tract indicator to
distinguish between the stayers and movers. Importantly, all models’ core results are robust to origin
tract indicator interactions with our core neighborhood-level measures of interest (i.e., tract status

index and K-12 test scores) and core individual/household level measures of interest (i.e., household
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income quintile and cognitive skills). Moreover, the results from our most complete model (Model 4,
Table 5) are replicated with an analytic sample that consists solely of respondents who moved within
a given year (Appendix A: Table Al). Unfortunately, Model 1, Table 6 contains too small of an
analytic sample to replicate results within a mover-only analytic sample, but our descriptive analysis
of recent movers’ stated preferences (Figure 3) suggests that the model’s core findings plausibly hold
when only movers’ behaviors are examined.

Another important feature of the choice set beyond inclusion or exclusion of the origin tract
is which non-selected tracts to include for each respondent. Prior discrete choice models typically
conceptualize the choice set of non-selected tracts as every non-origin tract in a metropolitan area,
given that households are far more likely than not to move within these geographic parameters (e.g.,
Bruch and Mare 2012; Quillian 2015; Spring et al. 2017). However, the computational intensity of
constructing a choice set with over 2,000 county tract options, theoretical considerations regarding
“importance sampling” (Bruch and Mare 2012; Spring et al. 2017), as well as emerging evidence
suggesting that individuals generally consider only a small set of nearby neighborhoods options
(Bruch and Swait 2019; Krysan and Crowder 2017) and that Angelenos’ actual residential moves are
highly geographically circumscribed (Sampson et al. 2017) lead us to take a different tack. Based on a
review of schematic maps from various Los Angeles County government agencies and of the crowd-
sourced Mapping L.A. project overseen by the Los Angeles Times, we assign all county tracts to one of
eight geographic regions — Central Los Angeles, San Fernando Valley, San Gabriel Valley, Gateway
Cities, South Bay, Westside Cities, Santa Clarita Valley, and Antelope Valley — and use these regions
to structure construction of respondents’ choice sets. These regions are widely recognized as distinct

sectors among locals, and Angelenos are likely to have a greater degree of familiarity with other
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neighborhoods within their region of residence than in other regions of the sprawling county (Bruch
and Swait 2019). In fact, our data reveal a very high degree of within-, versus between-, region
residential sorting, even among mobile households. As Figure 1 shows, between waves 1 and 3 of
L.A.FANS-MIP, the two outlying regions retained fully 100% of randomly selected adults and two
retained over 90%. Central L.A.’s retention rate is slightly lower, but still high at 70%.

Given this strong pattern, for each person-year combination we construct a circumscribed
choice set of tract options, consisting of the tract selected; the tract within which the person resided
during the prior year (i.e., the origin tract, which may or may not be the same as the tract selected);
and 49 to 50 randomly-sampled non-selected, non-origin tracts, about half of which are drawn from
the county region in which the respondent resided in the prior year, and about half from the entire
county as a whole.

To ensure each county tract’s probability of selection into the choice set as a non-selected,
non-origin tract is consistent across all person-years, we construct the choice set in a slightly distinct
way based on one of the following three scenarios. In scenario 1, the selected tract is the same as the
origin tract (i.e., the individual stayed in place) during a given year and we add 25 non-selected tracts
randomly drawn from the stayet’s county region and 25 randomly drawn from the county as a
whole, yielding a total choice set of 51. The remaining two scenarios capture two types of moves: to
a tract lying within the same county region as the origin tract (scenario 2) or to a tract outside of the
origin tract’s region (scenario 3). In the former scenario, we only draw 24 additional choice set tracts
from the region-specific sample because the selected tract is also within the same region, ensuring
the total within-region options equals 25. We then add 25 tracts drawn from the county as a whole.

The final scenario refers to moves outside the origin tract’s county region. In these cases, we count
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the selected tract as one of 25 choice set tracts drawn from the county as a whole and draw 24
additional tracts from this stratum. 25 tracts are drawn from the region of the origin tract. There are
158,712 person-period-tract alternatives within scenario 1 (3,112 person-periods * 51 tract options)
and 10,250 person-period-tract alternatives (205 person-periods * 50 tract options) within scenarios
2 and 3, for a total of 168,962 person-period-tract alternatives. Note that the total number of
person-period-tract alternatives included in our analytic sample is slightly lower (IN=167,342) due to
missing data on certain tract variables.

To account for sampling the tract choice set, Bruch and Mare (2012) argue that it is
necessary to include an offset term, q, that differentially weights tract options based on the
probability of the tract entering the circumscribed choice set for a given person-year. Following this
guidance, Quillian (2015) and Spring et al. (2017) assign q a value of 1 for all selected tracts, given
their automatic inclusion in respondents’ choice set. All other tracts receive a value equal to the
number of non-selected tracts within the choice set divided by the total number of non-selected
tract options within the relevant sampling frame. Jarvis (2018), however, argues that employing a
simple random sample to generate the choice set, as these studies do, obviates the need for an offset
term and can actually generate biased coefficient estimates.

Because we instead apply a stratified random sample using county regions, rather than a
simple random sample, an offset term is required. Based on Jarvis’ guidance, we assign q a value of 1
for all origin tracts but assign selected, non-origin tracts a value equal to what g would be if it were
any other tract within the choice set. If the selected, non-origin tract or the non-selected tract is
located within the origin region sample stratum, then it is assigned a q value equal to 25 divided by

the total number of tracts within that region (@ = 0.06 — 0.43). If the tract is drawn from the full
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countywide sampling frame, then it is assigned a q value equal to 25 divided by the total number of
tracts within the county (0.01). The final offset term is calculated by applying a natural log
transformation to the q values and multiplying them by -1, per Bruch and Mare (2012). Our models’

core results are robust to excluding the offset term.

The Independence of Irrelevant Alternatives

Quillian (2015) and Bruch and Mare (2012) note that a key assumption underlying conditional logit
models is that the odds ratios between any two options within the choice set will remain the same
magnitude, regardless of whether a third option is added to, or removed from, the choice set. The
implication of this assumption — commonly referred to as the independence of irrelevant alternatives
(ITA) — is that reconstructing a given choice set by increasing/decreasing the number of options
and/or by replacing certain options with other alternatives should generate model estimates that are
consistent in magnitude and therefore valid predictions of selection behavior.

Quillian (2015) warns that widely employed tests of IIA produce contradictory results and
simulation analyses discourage their use. Despite the lack of consensus on what tests to use and
whether the test results uphold or violate the IIA assumption, Train (2009) finds that conditional
logit model coefficients accurately reflect average effects of options’ characteristics on the
probability of selection, regardless of whether IIA holds — a conclusion he draws by comparing
estimates generated by conditional logit and mixed logit models, the latter of which is not predicated
on the ITA assumption. Thus, despite the aforementioned concerns, Quillian (2015) and Bruch and
Mare (2012) argue that conditional logit models remain useful in characterizing, or at least

approximating, neighborhood sorting processes.
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Until better tests of IIA are developed, Quillian (2015) and Bruch and Mare (2012) advise
discrete choice analysts to hedge against the concern by (1) specifying their models as fully as
possible, (2) acknowledging that results may shift based on how the choice set is constructed, and (3)
refraining from extrapolating results to other ecological and temporal contexts. In this study, we
address (1) by adding important predictors that several past discrete choice analyses of
neighborhood sorting have missed (e.g., network distance of potential destination tracts from origin
tract, individuals’ cognitive skills, neighborhood K-12 school quality). As for (2), we develop
plausible choice sets for every respondent in an innovative way that is both theoretically and
empirically informed (see Bruch and Swait (2019) for another strategy of constructing choice sets
that capture “cognitively plausible” outcomes). Lastly, with regard to (3), we repeatedly clarify that

our results are particular to Los Angeles County during the time period in question.

Educational Expectations and Extracurricular Investments

L.A.FANS captures proxies for educational expectations and investments for about 90% of our
analytic sample. To evaluate educational expectations, we use the following question from the L.A.
FANS Parent questionnaire fielded in waves 1 and/or 2: “What amount of schooling do you expect
your child [i.e., the L.A.FANS randomly selected child or sibling] to complete?” The variable ranges
from 0 to 20, with 0 to 12 capturing the number of years of K-12 schooling the parent expects the
child to complete and 13 to 20 capturing enrollment in, or completion of, vocational school, college,
or a graduate/professional degree program. Thus, higher values are associated with higher

educational expectations among parents.
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As a proxy for the amount of extracurricular investment devoted by analytic sample parents to
their children, we count how many of the following activities the parent reported her L. A.FANS
child respondent(s) participates in at waves 1 and/or 2: sports teams, spotts lessons, music lessons,
music group, drama/arts club, game-related club, student government, hobby-related club, outdoor
activity club, drill team/cheetleading, scouts, church youth group, religious study, boys/gitls club,
police athletic league, YMCA/YWCA, and volunteer activities. This vatiable theoretically ranges
from 0 (the parent’s child does not participate in any of the listed activities) to 17 (the child
participates in all of the listed activities). We recognize that this measure conceptualizes investment
in broad — not merely financial — terms. Indeed, several of the activities are based within the school
context and may not require any direct parental payments. However, we believe that many activities,
even if based in a public school, require nontrivial financial investment (e.g., team uniforms, dues,
materials, field trip expenses) and non-financial parental investments (e.g., time spent on transport,
game/recital attendance). Therefore our measure gauges the degree to which the parent invests in
the child’s enrichment. This conceptualization is congruent with how Annette Lareau and other
concerted cultivation scholars describe engaged parenting.

If the primary caregiver completes the educational expectation question or activity list for
multiple children (i.e., the randomly selected child and sibling respondent) and/or during multiple
waves of data collection, we create a pooled average of all of their responses to proxy their overall
expectations and investment in all of their children over the course of the panel. There are a
maximum of four available responses to the educational expectation question and activity list for
each parent respondent (i.e., one for the randomly selected child and one for the sibling respondent

during both waves 1 and 2) that can be averaged to create each of the two measures.
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For the ~10% of analytic sample parents lacking any available data across waves for the
educational expectations and extracurricular investment constructs, we use imputation models to
estimate the measures in order to preserve our already-limited statistical power and facilitate
mediation-type analyses for an identical analytic sample. The imputation models use OLS to predict
educational expectations and extracurricular investments as a function of the parent’s race, class,
gender, age, income, homeownership, educational attainment, household structure, and
socioemotional health (i.e., proxies for self-efficacy and likelihood of depression).

For educational expectations, our person-year analytic sample exhibits a mean of 16.8 years
of schooling (~a bachelor’s degree), with an S.D. of 2.07 and a range of 10.5 years to 20 years (~a
graduate school degree). For extracurricular investments, our person-year analytic sample exhibits a
mean of 1.05 activities with an S.D. of 1.12 and a range of 0 to 5 activities. Both sets of descriptives

are based on imputed and nonimputed values.
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Appendix C

Racial Stratification and School Segregation in the Suburbs: Methodological Appendix

Calenlating Tract-level Estimates of ocal Public School Racial Composition
A key predictor I use to assess minority avoidance school enrollment patterns is the percentage of
students who are black or Latino within each child’s local public schools. Because my data do not
definitively identify each child’s catchment-assigned public school, I develop a tract-level estimate of
% black/Latino students in the traditional public schools whose catchment boundaties intersect the
tract. This estimate is based on census tract boundaries, Los Angeles County-provided school
catchment boundaries, and demographic data from the California Department of Education’s
Academic Performance Index (API) reporting system, which tracks demographic and test score data
for every public school campus with eleven or more valid scores, every year between 1998 and 2013.
I aggregate local public schools’ racial composition from API reports (2001 data for analytic
sample child-years drawn from wave 1, 2007 data for child-years drawn from wave 2), reflecting all
valid student data, up to the neighborhood level by overlaying school catchment boundaries
provided by Los Angeles County in 2002 with 2000 census tract boundaries via a GIS spatial merge.
Given that catchment boundaries do not perfectly align with 2000 census tract boundaries, I
estimate the spatial portion of each tract that is covered by each school’s catchment boundaries that
intersect the tract, which generates a relative weight for each school’s test scores. Then, separately
for all elementary, middle, and high schools, I generate a spatially-weighted tract-level measure of

local public schools’ % black and Latino composition. Finally, I calculate a simple average of the
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separate elementary, middle, and high school-based disadvantaged minority composition tract-level

measures to create an aggregate measure for each Los Angeles County census tract.

Calenlating Tract-level Estimates of Socioeconomic Composition and Test Scores

I employ the same data sources and procedures described above to generate a tract-level estimate for
the percentage of students who qualify for free or reduced-price lunch and test score-based
performance of each analytic sample child’s local public schools. The free or reduced-price lunch
measure is straightforward and drawn directly from API reports (2001 data for wave 1 child-years
and 2007 data for wave 2 child-years) for each school whose catchment boundaries intersect a
child’s census tract of residence. As noted above, each school’s free or reduced-price lunch eligibility
percentage is spatially weighted separately by elementary, middle, and high school and then averaged
across these three school levels to generate one tract-level proxy for local public schools’
socioeconomic composition.

The tract-level measure of local public schools’ test score performance uses the same spatial
weighting system described above but leverages the API reporting system’s Similar Schools Ranking
rather than the sociodemographic data. The foundation of the Similar Schools Ranking was the API
score assigned to every public school campus with eleven or more valid test scores, every year
between 1998 and 2013. A schoolwide API score, ranging from a low of 200 to a high of 1000, was
generated based on all students’ /eve/s of performance on standardized tests (aggregated across
reading, math, and other subjects). The California Department of Education reported this score as

an “absolute” measure and also generated two types of statewide “relative” rankings based on it: (1)

API Statewide Rank and (2) API Similar Schools Ranking. The API Statewide Rank merely ranked
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all schools of the same level (e.g., elementary, middle/junior, high) in the entire state and assigned
each school a decile (1-10) based on this ranking, with 10 indicating the school scored in the top
10% of all state schools. Instead of ranking all schools in the entire state relative to each other, the
API Similar Schools Ranking attempted to only rank the API scores of schools relative to other
schools with siwilar socio-demographic characteristics. Although the methodology for calculating the peer
group against which each school would be ranked for its 1-10 Similar Schools Ranking is complex,
the main intuition is that this ranking operated as a kind of value-added measure that attempted to
isolate school performance from the influence of race and class composition differences across
campuses that could explain why some schools performed better than others. See the 2011-12
Academic Performance Index Reports Information Guide (pages 57 — 61: https://edsource.org/wp-

content/uploads/old/API-explanation20121.pdf) for more details on the methodology undetlying

the Similar Schools Ranking

I use this score as my core proxy for local public school academic quality rather than raw
API score (200 — 1000) or the Statewide Schools Ranking because its decile construction is more
intuitively interpretable than the former and because it is, by design, less highly correlated with
schools’ racial composition than either of the other two rankings. This latter feature reduces
multicollinearity concerns associated with including local public schools’ racial composition and
academic quality proxy in the same model. Also note that the Similar Schools Ranking, like the other
two measures, is publicly disclosed via the Internet and newspapers, rendering them accessible to
parents and the public. For savvy parents seeking to maximize academic quality it is this particular

value-added type ranking that should, in theory, drive their school enrollment decisions.
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Spatial Fixed Effects Capturing School Choice Sets

Several school sorting studies address this concern by controlling for the density of non-traditional
public school options (e.g., magnets, charters, and privates) within a short radius of the home (e.g., 2
miles) (e.g., Candipan 2020). I opt for a different tack for two key reasons. First, a core premise of
my theoretical framework is that advantaged suburban parents disproportionately opt for fraditional
public schools outside of their catchment zone (Hypothesis #2). Thus, the availability of non-
traditional school options may not be relevant to their decision. Second, it is very difficult to
establish an appropriate distance threshold to capture plausible school choice sets in this vast and
varied county. In the densest portions of the county, parents are only likely to enroll their students in
schools within a mile or two of their homes; in the sparsest portions, it is customary to send
students ten miles away.

I choose instead to include spatial fixed effects capturing which of the eight county regions the
child’s census tract is located within: Central Los Angeles, San Fernando Valley, San Gabriel Valley,
Gateway Cities, South Bay, Westside Cities, Santa Clarita Valley, and Antelope Valley. These regions
are geocoded based on schematic maps from various Los Angeles County government agencies and
of the crowd-sourced Mapping L.A. project overseen by the Los Angeles Times. They are widely
recognized as distinct sectors among locals, and Angelenos are likely to have a greater degree of
familiarity with schools within their region of residence than in other regions of the sprawling
county (Bruch and Swait 2018; Schachner and Sampson 2020).

Descriptive analyses gauging whether analytic sample children were sent to schools within
their county region of residence or to another county region reinforce this intuition. Over 90% of

children attend public or private schools wzzhin their county region of residence, suggesting the
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county region accurately capture the plausible school choice sets parents consider. I run robustness
checks that replace these county region fixed effects with school district fixed effects, but these
boundaries are more porous when it comes to school sorting; 86% of children cross district
boundaries to attend school due, in large part, to private school students crossing district

boundaties.
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