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THE PATIENT ROLE IN HEALTH CARE SERVICE DELIVERY 

Abstract 
 

Interdependence between patients and providers is increasing in health care service 

delivery. The drivers of this dynamic are manifold. Innovation in biomedicine has increased the 

chronicity of disease and is shifting modalities of care from acute settings (bypass surgery) to the 

community (daily statin). Growing clinical complexity has increased logistical and coordination 

challenges in care delivery, while the higher costs that come with innovation have encountered a 

political economy emphasizing utilization management over price regulation. Normative 

commitments to patient-centeredness have increased efforts to include patients in care, such as in 

contributing to assessments of quality. Finally, burgeoning advances in consumer tech—such as 

telemedicine or remote monitoring—are beginning to accelerate the devolution of care from 

institutions to homes. This dissertation explores several facets of interdependence, making use of 

several new data sources and multiple methods.  

Chapter 1: Patient Administrative Burden in the U.S. Health Care System (with 

Austin Frakt) is a descriptive, quantitative study using a novel national survey to examine the 

prevalence of patient administrative work and its association with delayed and/or foregone care 

among insured adults VW-XY. We find [\% of respondents reported performing at least one 

administrative task in the past year. About one in three task-doers, or ^Y% of the population 

overall, reported delayed or foregone care due to an administrative task. Adjusted for 

demographics, disability status had the strongest association with administrative tasks and 

burden. The prevalence of delayed or foregone care due to administrative tasks is comparable to 
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similar estimates of cost-related barriers to care. Enhancing measurement of patient 

administrative work and associated burdens may open new avenues for assessing quality, value, 

and patient experience. 

Chapter 2: Dealing with health care bureaucracy: Doctors, patients, and fixers is an 

inductive, qualitative exploring the increasing administrative complexity at the point of care. 

Both patients and physicians describe substantial administrative burden, and report limited 

ability to cope with this work. In response to complexity, many health care settings deploy 

support roles, variously named care managers coordinators, navigators, facilitators. Roles 

creating a service out of expertise in navigating bureaucratic complexity may be described as 

fixers. Fixer roles have a common genesis, but the parameters of these jobs and the people who 

fulfill them are incredibly varied across and even within organizations. Fixers address an 

important challenge in care, but their potential is stymied by the lack of common understanding 

of what they’re expected to do. To improve service quality, clinicians and health care 

organizations should: (1) clarify administrative tasks and responsibilities at the point of care, 

with particular attention to the nebulous role of the fixer; (2) simplify and standardize 

administrative processes wherever possible. 

Chapter 3: Using patient-reported outcomes data in performance measurement: 

program design and methodological issues investigates the emerging use of patient reported 

outcome measures (PROMs) in performance measurement. PROM-based performance 

measurement is gaining traction, but the appropriate adaptation and interpretation of PROM data 

for aggreate use remains a subject of debate. This analysis of PHQ-9 data from a commercial 

insurer’s PROM performance measurement initiative focuses on measurement and incentive 

design issues in longitudinal quality measures. I find several programmatic and methodological 
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issues that merit further attention, primarily related to incomplete longitudinal data. For example, 

I find attrition in follow up screening meant that a complete measurement (pre/post data pair) 

was present only 55% of the time. And of those rescreened, 65% were rescreened within the 

performance incentive period. Targeted measurement and increasing the salience of incentives 

may improve data quality by enhancing collection. 

  



 

 vi 

Table of contents 
 

Copyright ........................................................................................................................................ ii 
Abstract .......................................................................................................................................... iii 

Table of contents ............................................................................................................................ vi 
List of tables and figures ............................................................................................................... vii 

Acknowledgements ....................................................................................................................... viii 
CHAPTER 1: Patient administrative burden in the U.S. health care system ................................. 1 

Abstract ....................................................................................................................................... 2 
1.1 Introduction ..................................................................................................................... 5 

1.2 Conceptual Model ........................................................................................................... 7 
V.\ Methods........................................................................................................................... 9 

V.Y Results ........................................................................................................................... 11 
1.5 Discussion ..................................................................................................................... 18 

1.6 Conclusion .................................................................................................................... 25 
CHAPTER 2: Dealing with health care bureaucracy: doctors, patients, and fixers .................... 26 

Abstract ..................................................................................................................................... 27 
2.1 Introduction ................................................................................................................... 29 

2.2 Methods......................................................................................................................... 30 
2.3 Results ........................................................................................................................... 31 

2.4 Discussion ..................................................................................................................... 36 
2.5 Conclusion .................................................................................................................... 40 

CHAPTER 3: Using patient-reported outcomes data in performance measurement: program 
design and methodological issues ................................................................................................. 41 

Abstract ..................................................................................................................................... 42 
3.1 Introduction ................................................................................................................... 44 

3.2 Methods......................................................................................................................... 48 
3.3 Results ........................................................................................................................... 50 

3.4 Discussion ..................................................................................................................... 60 
3.5 Conclusion .................................................................................................................... 66 

References ..................................................................................................................................... 67 
Appendices .................................................................................................................................... 78 

  



 

 vii 

List of tables and figures 
 
 
CHAPTER 1: Patient Administrative Burden in the U.S. Health Care System 
 

Figure Q.Q Percent of nonelderly adults who reported doing any of five types health care 
administrative tasks in the past V^ months 

 
Figure Q.R Percent of total respondents who reported any burden, any delayed care, or 
any foregone care, by administrative task type  

 
Table Q.Q Descriptive statistics: demographic characteristics of populations that did 
administrative tasks, experienced burden  

 
Table Q.R Results of logistic regression models: odds ratios and predicted probabilities of 
demographic characteristics associated with administrative tasks and burden   

 
 
CHAPTER 2: Dealing with health care bureaucracy: Doctors, patients, and fixers 
 
 Exhibit R.Q Patient vignette 
 
 
CHAPTER 3: Using patient-reported outcomes data in performance measurement: program 
design and methodological issues 
 

Exhibit S.Q PHQ-9 scoring 
 
Table S.Q Sample characteristics of members with a baseline screening and those who 
were rescreened, by baseline PHQ-9 score 
 
Table S.R Sample characteristics of members with a baseline screening and those who were 
rescreened, by baseline residential poverty level 

 
Table S.SA Sample characteristics and rescreening patterns, by site (1-5) 

 
Table S.SB Sample characteristics and rescreening patterns, by site (6-11) 
 
Table S.T Adjusted odds of being rescreened 
 

 
 
 

 
 



 

 viii 

Acknowledgements 
 

If you must write a dissertation during a global pandemic, I can only recommend you 
have a committee as experienced, generous, and intellectually curious as mine has been. I have 
learned so much from Mike Chernew, Rob Huckman, and Jay Lorsch; it would double the length 
of this document to describe their imprint on me. Even more than their prodigious expertise, my 
most enduring lessons come from observing—and benefitting from—the care and skill with 
which they develop new generations of their profession. I will try to pay it forward. 

I began the Ph.D. with no prior experience in research and I’m grateful for a community 
of mentors who have gotten me to this milestone. I am fortunate to have had Sara Singer as my 
very first mentor, I would not be here without her. I have had the great luck and intellectual joy 
of working with some amazing coauthors: Austin Frakt helped make Chapter 1 happen and 
taught me the art of revising; Emmilie Aveling taught me how to write; Michael McWilliams is a 
delightful thought partner; Bob Blendon’s enthusiasm for nurses in health management research 
has encouraged me greatly; John Benson and Mary Gorski helped me learn survey methods; 
Meredith Rosenthal showed up with practical input at pivotal moments. 

Equally important are my non-academic mentors, who taught me how work in a 
university and provided so much essential help on this path. Colleen Yout, Debbie Whitney, and 
Marais Young have always been wonderful, but especially during this last, chaotic year. Emily 
Corcoran, Lindsey Smith, and Taylor Dragin have fielded countless questions and organized all 
the meetings that made this work possible.  

My peers have sustained me through countless moments of success and failure, and I’m 
so grateful to be in such wonderful company. Lauren Taylor has been a partner throughout this 
experience; she has made me, my work, and my weekends better. Alex McDowell and Carrie Fry 
have been terrific peer mentors. Michaela Kerrissey and Bethany Sheridan have been invaluable 
role models ahead of me on this path, as have my fellow HPM classmates: Emilie Aguirre, A Jay 
Holmgren, Caroline Marra, Olivia Jung, Max Pany, Lucy Chen, Masha Kuznetzova, and Tuna 
Hayirli. Michael Christensen and Lumumba Seegars have been dear colleagues in my HBS 
community, and in my Health Policy community I am especially grateful for the support of 
Micah Aaron, Noémie Sportiche, Kate Lofgren, Emma Sandoe, and Adrianna McIntyre. 

The chapters of this dissertation reflect projects that were made possible by the support of 
many organizations and institutions. I am indebted to Sharon Long and Michael Karpman of the 
Urban Institute for making Chapter 1 possible. I am delighted that Lauren Smeeding and Trevor 
Wells have become professional colleagues in addition to longtime friends. Angela Li and Kat 
Eibensteiner worked tirelessly, in extraordinarily difficult conditions, to get me data that was 
pivotal to this dissertation—I am indescribably grateful for the efforts they made for work that is 
not their own. Finally, personal support is priceless, but resources matter a lot, and I gratefully 
acknowledge the Harvard Business School Doctoral Programs for supporting this adventure.  
 
 
 



 

 1 

 
 
 
 
 
 
 
 

CHAPTER 1: Patient administrative burden in the U.S. health care system  
 
with Austin Frakt, Ph.D. 
 
 
 
  



 

 2 

Abstract  
 
Objective: To assess the prevalence of patient administrative tasks and whether they are 

associated with delayed and/or foregone care. 

Data source: March ^qVr Health Reform Monitoring Survey.  

Study design: We assess the prevalence of five common patient administrative tasks— 

scheduling, obtaining information, prior authorizations, resolving billing issues, resolving 

premium problems—and associated administrative burden, defined as delayed and/or foregone 

care. Using multivariate logistic models we examined the association of demographic 

characteristics with odds of doing tasks and experiencing burdens. Our outcome variables were: 

five common types of administrative tasks as well as composite measures of any task, any 

delayed care, any foregone care, and any burden (combined delayed/foregone), respectively. 

Data collection: We developed and administered survey questions to a nationally representative 

sample of insured, nonelderly (VW-XY) adults (n=Y,Vtt). 

Principal findings: The survey completion rate was X^%. Seventy-three percent of respondents 

reported performing at least one administrative task in the past year. About one in three task-

doers, or ^Y.Y% of respondents overall, reported delayed or foregone care due to an 

administrative task: Adjusted for demographics, disability status had the strongest association 

with administrative tasks (adjusted OR ^.rV, P<q.qqV) and burden (adjusted OR V.XX, p<q.qqV). 

Being a woman was associated with doing administrative tasks (adjusted OR ^.Vr, p<q.qqV). 

Being a college graduate was associated with performing an administrative task (adjusted OR 

^.[r, p<q.qqV), while higher income was associated with fewer subsequent burdens (adjusted OR 

q.tt, p<q.qV).  
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Conclusions: Patients frequently do administrative tasks that can create burdens resulting in 

delayed/foregone care. The prevalence of delayed/foregone care due to administrative tasks is 

comparable to similar estimates of cost-related barriers to care. Demographic disparities in 

burden warrant further attention. Enhancing measurement of patient administrative work and 

associated burdens may identify opportunities for assessing quality, value, and patient 

experience. 

 
Keywords: Patient Assessment/Satisfaction; Access/Demand/Utilization of Services; Health 
Care Costs; Survey Research and Questionnaire Design 
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What is known 

• High administrative complexity is a central feature of the U.S. health care system, with 

underappreciated implications for patients.  

• Research examining the administrative costs of health care has primarily focused on 

clinicians and provider organizations.  

• Compared to financial barriers to access, evidence examining nonfinancial costs has been 

limited and not focused specifically on patients’ administrative burden. 

 

What this study adds 

• Using new evidence from a nationally representative survey of nonelderly adults, we find 

patients frequently do administrative work that can create burdens resulting delays in care 

and not getting needed care due to difficulties with administrative tasks.  

• We find the prevalence of delayed or foregone care due to administrative tasks is 

comparable to similar estimates of cost-related barriers to care.  

• Enhancing measurement of patient administrative work and associated burdens may 

identify opportunities for improving quality, value, and patient experience with the U.S. 

health system. 
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1.1 Introduction 

Health spending in the United States is highest in the world, driven in part by administrative 

functions.1 These include billing, documentation, scheduling, compliance, and other nonclinical 

activities required to coordinate within and across organizations. Estimates of total 

administrative costs range from eight to \Y% of total health care spending in the U.S., 

substantially greater than other wealthy countries.2,3 Most analyses of health care administration 

focus on its costs in the provision of care, and there is a paucity of research examining the 

administrative work borne by patients.4,5,6,7 No health system in the world is without 

administrative functions and costs, but the degree of complexity of the U.S. health and insurance 

systems may impose substantial indirect costs that are rarely systematically measured. These 

indirect, nonfinancial costs include the time, effort, and stress of navigating the health system to 

pay for or obtain care. 

To illuminate the size and consequences of patients’ administrative roles, we used data from a 

nationally representative survey to assess the annual prevalence of five common types of 

administrative tasks patients perform: appointment scheduling; obtaining information from an 

insurer or provider; obtaining prior authorizations; resolving insurance or provider billing issues; 

and resolving premium problems. We examined the association of these tasks with two important 

measures of their burden: delayed and forgone care. In addition to prevalence, we examined 

predictors of experiencing administrative tasks and associated burdens. 

Many literatures examine the roles and experiences of patients in the health care system, 

aspects of which touch on patient administrative work, but none focused exclusively on it. 

Patient engagement is a ubiquitous term that captures a broad set of activities and attitudes, but 

the central aim is for patients to participate in their clinical care, for example through a process 
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of shared decision-making.8 Treatment burden is a newer framework that measures multiple 

dimensions of chronically ill patients’ experience with health care, including clinical, 

psychological, and administrative burdens.9,10 Patient satisfaction is a widely used quality 

measure (e.g., Consumer Assessment of Providers and Health Systems [CAHPS]), and is 

typically oriented to customer service.11 CAHPS captures some aspects of administrative burden, 

such as ease of getting an appointment. And though the CAHPS instruments for health plans 

inquire about administrative tasks such as information seeking, billing issues, and ease of filling 

out paperwork, they do not directly associate these measures of patient administrative functions 

with access to care.12 

Evidence from public benefits enrollment illustrates that administrative complexity can 

substantially affect access to care. Prospective Medicare Advantage enrollees are less likely to 

choose a plan as the number of plan options increases.13 Medicare beneficiaries with lower 

cognitive function are less likely to enroll in the plan with the best available benefits.13,14 The 

introduction of Medicaid work requirements reduced Medicaid coverage in Arkansas, due in part 

to the program’s reporting requirements.15 But analysis of public benefits enrollment does not 

capture patient administrative complexity that may be involved in using the health care system 

once enrolled, nor does it capture complexity associated with commercial health insurance. 

There is rich evidence studying financial costs and access to care, but data examining 

nonfinancial costs has been more limited and not focused specifically on administrative burden.16 

Several surveys, including the National Health Interview Survey (NHIS) and Gallup poll, track 

the share of patients reporting delayed or missed care due to cost.17,18 Using a similar framework, 

we assess the prevalence and predictors of patient administrative burden in a nationally 

representative survey. To our knowledge, ours is the first study to both measure the role patients 
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play in key health care administrative tasks and relate them to the degree to which they affect 

access to care. 

 

1.2 Conceptual Model 

Timely access is considered foundational to health outcomes.19,20 Factors causing patients to 

delay or forego needed care are barriers to access potentially threatening health.19,21 The Healthy 

People ^q^q framework identifies barriers related to costs, inadequate or no insurance, 

unavailable services, and lack of culturally competent care. It does not highlight administrative 

barriers.19 Nonfinancial costs, including administration, are recognized as access barriers, but are 

understudied relative to financial costs.16,22 The scale of administrative complexity in the health 

care system overall suggests this aspect of patient experience merits specific attention, especially 

regarding access. 

Administration is not synonymous with burden; it is a neutral, often useful, aspect of 

management and coordination. While administrative tasks can be necessary, they are not costless.  

Public policy scholars examining citizens’ interactions with the government define 

administrative burden as the learning, compliance, and psychological costs associated with 

navigating administrative complexity.23 Administrative burden can delay or prevent access to 

services, whether unintentionally or by design. We characterize the administrative tasks patients 

perform as burdensome when they pose access barriers, defined as delayed or foregone care. 

 

Drawing from evidence on patient experience, access to care, and administrative costs more 

broadly, we focus on five common types of administrative task.  
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(V) Appointment scheduling. This is a common patient task given that most adults have a 

medical office visit in a given year, and these often require scheduling.24 The ability to 

get an appointment when needed is a commonly used access metric appearing in surveys 

such as the CAHPS and NHIS.25,26  

(^) Information seeking. Patient-facing information is often inaccurate.27,28 Making data 

accessibility and exchange less burdensome for patients and clinicians has been an 

ongoing policy priority and is among specific recommendations to reduce systemic 

administrative costs.28,29,30 

(\) Prior authorization. Their use is increasing and may pose barriers to access for patients.31 

Simplifying prior authorizations has been recognized as a policy priority by medical and 

insurance groups.32,33  

(Y) Billing issues. Evidence shows billing is complex and generates significant 

administrative work for clinicians and health care organizations; as bill recipients, this 

complexity likely affects patients, too.4,6,34  

(t) Insurance premium problems. For individuals not in a group plan with automatic 

deductions, managing premium payments may be potentially challenging.35,36,37  

 

Administrative tasks may be a potential source of inequity because some groups may face 

larger burdens, and some groups may have fewer resources with which to navigate 

administrative complexity.16,14 People with complex needs may have more frequent and/or 

complicated encounters, with more tasks creating more opportunities for burden.38 Insurance 

design could affect administrative work required of beneficiaries.39 Women do a disproportionate 

share of unpaid caregiving, which may include performing health-related administrative tasks.40 
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Last, but not least, people who face racial or other discrimination may experience disparate 

burdens.41,42  

 

Q.S Methods 

1.3.1 Survey sample 

This study uses data from the Health Reform Monitoring Survey (HRMS). Conducted 

twice annually by the Urban Institute, the HRMS is a nationally-representative, probability-based 

internet sample drawn from the Ipsos KnowledgePanel.43 The KnowledgePanel is a bilingual 

(English/Spanish) national survey research panel consisting of about tt,qqq U.S. adults.44 The 

HRMS draws a stratified, random cross-sectional sample of adults VW-XY years old from the 

KnowledgePanel and is weighted to be nationally representative.43 In March 2019, the survey 

completion rate for the HRMS was 64% (n=r,trX). 43 Prior research benchmarking HRMS 

results against the American Community Survey found the HRMS yielded comparable 

estimates.45   

The administrative burden question module was administered to a random half of the 

March ^qVr HRMS respondents who reported having health insurance for all of the past V^ 

months (n=W,\qt) for a final sample of Y,Vtt. 

1.3.2 Survey questions 

We defined administrative tasks as non-clinical aspects of care; this definition excludes 

direct care, such as attending a clinical appointment or self-administering a treatment. Consistent 

with this, the survey included questions in five general categories of administrative work: (V) 

appointment scheduling (one question); (^) information seeking (three questions — one on 

seeking information about an insurance network, one on seeking other information from a health 
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plan, and one on seeking information from a provider; (\) obtaining prior authorization for care 

(one question); (Y) dealing with insurance premium problems (one question); (t) addressing 

insurance-related or provider-related billing issues (one question on each). (See Appendix A^ for 

survey questions.) We asked all respondents a series of eight binary questions about which 

administrative tasks they had undertaken in the last year, if any. For each task undertaken by a 

respondent we asked two follow-up questions: (V) whether they had delayed needed care because 

of the task; (^) whether they had foregone needed care because of the task. We modeled 

questions about burden on the NHIS questions, which ask respondents whether they have 

delayed or foregone needed care in the past V^ months.17  

1.3.3 Composite measures 

We created binary composite measures for the two task categories with multiple 

questions: information seeking (three questions) and billing problems (two questions). We also 

created binary composite measures to aggregate responses across all task categories into 

summary measures: any task done, any delayed care because of a task, any foregone care 

because of a task, and combined burden (delayed and/or foregone care because of a task).  

1.3.4 Statistical analysis 

We calculated weighted descriptive statistics for each summary measure and for the five 

task categories (Figures V &^, Table V). We stratified each measure by the following demographic 

variables: sex (male/female), age (VW-\Y, \t-Yr, tq-XY); race/ethnicity (non-Hispanic white, non-

Hispanic Black, other race, Hispanic ethnicity); educational attainment (high school graduate or 

less, some college, college graduate), family income (≤V\W% of federal poverty level [FPL], V\r-

^Yr% FPL, ^tq-\rr% FPL, ≥Yqq% FPL), insurance type (employer-sponsored insurance [ESI], 

public insurance, direct purchase/marketplace/other coverage), marital status (married/not 
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married), and disability status (disabled/non-disabled). We used two-sided t-tests to compare 

demographic differences between “yes” and “no” respondents for each summary measure and 

task category. The survey logic asked questions about delayed or foregone care conditional on 

having undertaken the task. In addition to reporting the conditional responses, we calculated 

percentages based on the total sample denominator to determine population prevalence of 

administrative tasks and burden for insured adults VW-XY. 

We used multivariate logistic regression models to estimate adjusted odds of doing a task, 

and conditional on doing a task, odds of any burden (combined delayed and foregone care), 

delayed care, or foregone care. Our primary outcome variables were composite measures of any 

task, any burden, any delay, and any foregone care. Demographic covariates for all models were: 

sex, age category, race/ethnicity, marital status, disability status, education, income, and 

insurance type, all as defined above. We estimated odds ratios and additionally report predicted 

probabilities for ease of interpretation.  

 

Q.T Results 

1.4.1 Respondents  

Our sample was tV% female. We grouped respondents by age: VW-\Y (\t.Y%), \t-YY 

(^r.r%), and Yt-XY (\Y.[%). Respondents were X\.r% non-Hispanic white, V^.V% non-Hispanic 

Black, and r% another race; VY.r% reported Hispanic/Latino ethnicity. Disability status was 

r.[%. Twenty percent of respondents reported family income at or below V\W% of FPL, \\.r% 

from V\r-\rr% FPL, and Yt.\% at Yqq% FPL or above. Seventy-two percent had employer-

sponsored insurance, VX.t% public insurance, VV.t% direct purchase/marketplace/other coverage.  

1.4.2 Administrative tasks are common 
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Administrative tasks are common, with nearly three-quarters ([\.^%) of insured, non-

elderly adults reporting at least one of the five types of administrative task in the past V^ months 

(Figure V.V). Of those adults, most (55.2%) reported undertaking multiple types of tasks, with 

5.2% doing all five types of tasks over the year. 

 
Figure Q.Q Percent of nonelderly adults who reported doing any of five types health care 
administrative tasks in the past QR months 

 
Legend: Authors’ analysis of QV ^qVr Health Reform Monitoring Survey. Note: Percentages are 
survey-weighted, unadjusted descriptive statistics. Denominator for all categories is the total 
sample (n= Y,Vtt) 
 
 

The most common task types were contacting a provider to make an appointment (64%) 

and information seeking, which includes seeking network information, other information from 

insurers or providers, and gathering information to share between providers (57%). These 

common tasks are often associated with initiating care. Less common were tasks related to health 

using care or maintaining health insurance coverage, such as billing problems with either an 

insurer or provider (26%), prior authorizations (21%), and premium problems (9%).  

1.4.3 Administrative tasks often result in delayed or foregone health care 

Among the people who undertook an administrative task, one in three (33.4%) reported 

either delaying for forgoing needed health care because of an administrative task (Appendix 
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Exhibit A8). Delayed care (30.9%) was more common than foregone care (21.5%), but people 

often experienced both. The overall population prevalence of administrative burden in our 

sample, including respondents who did not report doing a task, was 24.4% (22.6% reported 

delayed care and 15.7% reported foregone care) (Figure 1.2). 

 
Figure Q.R Percent of total respondents who reported any burden, any delayed care, or any 
foregone care, by administrative task type  

 
Legend: Authors’ analysis of QV ^qVr Health Reform Monitoring Survey. Note: Percentages are 
survey-weighted, unadjusted descriptive statistics. Denominator for all categories is the total 
sample (n= Y,Vtt). 
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the task who experienced a burden. About one in four people reported delayed and/or missed 

care related to common tasks such as seeking appointments (24.7%) or seeking information 
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who dealt with a billing problem (36.4%) or prior authorization (37.6%), and nearly half (45.6%) 
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prevalence of each of these tasks meant that in absolute terms, more people experienced delayed 

and/or missed care related to appointment seeking (15.7% of the total sample) than to premium 

problems (3.9% of the total sample). 

1.4.4 Prevalence of administrative tasks and burdens varies by demographic factors 

Those who reported any administrative tasks in the past V^ months were significantly 

more likely to be female than those who did not report a task (tt% vs ^r.r%, p <q.qqV), more 

likely to be aged tq-XY  (\W.W% vs ^Y.[%, p <q.qqV), more likely to be white (XX% vs tW.V%, p < 

q.qt), more likely to be married (tW.t% vs YV.V%, p <q.qqV), more likely to have a disability 

(VV.\% vs t.Y%, p <q.qqV), more likely to be a college graduate (YV.X% vs ^Y.X%, p <q.qqV), more 

likely to have a family income above Yqq% FPL (Yr.t% vs \\.X%, p <q.qqV), and more likely to 

have employer-sponsored insurance than those who did not report a task ([Y.[% vs X^.t%, p < 

q.qqV) (Table V.V).  
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Among the subsample of people who did a task, those who reported any burden (delayed 

and/or missed care) differed from those who completed tasks without either consequence. People 

reporting a burden remained more likely to be female than people who completed a task without 

a burden (Xq.[% vs t^.^%, p <q.qV), and more likely to have a disability (VX.Y% vs W.[%, p 

<q.qqV). People who reported any burden were less likely to be white than people who did a task 

without a burden (tW.W% vs X[.r%, p <q.qqV), less likely to be married (tV.W% vs XV.r%, p 

<q.qqV), and less likely to be college graduates (\Y.t% vs Yt.^%, p <q.qqV). Those reporting a 

burden were more likely to have a family income below V\W% FPL (^X.Y% vs V\.r%, p < q.qqV), 

and to have public insurance than people who completed tasks without a burden (^^.V% vs VV.Y%, 

p < q.qqV).  

1.4.5 Characteristics associated with administrative tasks and burdens 

After adjusting for demographic covariates, disability status was the variable most strongly 

associated with doing tasks and experiencing burdens (Table V.^). Women had significantly 

greater adjusted odds of doing any task and experiencing burdens, but burden was driven by 

delayed care and not foregone care. Having an income above Yqq% FPL did not significantly 

increase odds of doing a task, but did make people significantly less likely to experience any 

type of burden. Younger people were significantly less likely to do tasks, but age was not 

significantly associated with burden. ESI did not significantly affect the odds of doing a task or 

experiencing delays, but it did significantly decrease odds of foregone care due to an 

administrative burden. 
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Table Q.R (Continued) Results of logistic regression models: odds ratios and predicted 
probabilities of demographic characteristics associated with administrative tasks and 
burden   
Legend: Authors’ analysis of QV ^qVr Health Reform Monitoring Survey. 
*/**/***/**** Significantly different from zero at the .Vq/.qt/.qV/.qqV level, using two-tailed tests.  
Numbers may not sum due to rounding 
† Regression-adjusted estimates comparing those who reported doing any administrative task 
and those who did not report doing any tasks 
‡ Regression adjusted estimates comparing those who did any task and reported delayed and/or 
foregone care and those who did any task and did not report delayed and/or foregone care 
§ Regression adjusted estimates comparing those who did any task and reported delayed care and 
those who did any task and did not experience did not report any delayed care 
¶ Regression adjusted estimates comparing those who did any task and reported foregone care 
and those who did any task and did not experience did not report any foregone care 
 
 
1.5 Discussion 

Administrative complexity in the U.S. health care system has implications for insured 

non-elderly adults. In a national survey of this population, nearly three-quarters of respondents 

reported doing at least one of five types of health care-related administrative tasks in the past V^ 

months. Administrative tasks often impose barriers to care: ^Y.Y% of respondents in our sample 

reported delayed or foregone care due to administrative tasks. Placing our findings in 

perspective, our estimate of administrative burden prevalence is roughly commensurate with a 

comparable estimates of financial barriers from a ^qVr Kaiser Family Foundation survey, which 

found that ^X% of insured adults VW-XY said that they or a family member had postponed or put 

off needed care in the past V^ months due to cost.46 Our estimate of administrative burden was 

larger than similar NHIS questions related to financial cost: in the ^qVW NHIS, V[% of 

continuously insured adults VW-XY said they or someone in their household delayed care or did 

not get needed care due to cost.26 

One in three people who undertook a task experienced delayed and/or missed care, 

ranging from ^Y.[% of people who sought an appointment to Yt.X% of people who had a 
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problem with their premium payment. The most common tasks, appointment seeking and 

information seeking, were the least onerous, but many more people were exposed to these tasks 

so they posed the largest burden in terms of number of people affected. Fewer people 

experienced insurance or provider billing issues, prior authorizations, and premium problems, 

but these tasks were relatively more burdensome for those who faced them, compared to other 

tasks. We are likely undercounting the prevalence and burden of coverage-related tasks, like 

dealing with premium problems, because our sample excluded people with coverage 

interruptions in the past 12 months. 

Several other findings are worth highlighting. Disability status is the demographic 

characteristic most strongly associated with administrative burden; people with disabilities are 

more likely to engage in every type of administrative task and to report every type of burden. 

This is layered on top of the additional work people with disabilities do related to self-care and 

navigating other social services. 48 Our findings likely reflect the fact that people with disabilities 

use more care—so are more likely to encounter tasks and subsequent administrative burdens. 

They may also reflect the fact that some disabilities are cognitive and navigating the U.S. health 

system is especially challenging for persons with cognitive impairments.14  Similarly, women 

tend to use more care than men, which may underly  relatively higher prevalence of tasks and 

delayed care among women.49 Additionally, women disproportionately provide caregiving, 

which may include administrative tasks.40 

Second, the characteristics of people who reported doing administrative tasks were quite 

different than the characteristics of people who experienced a burden. White people, older adults, 

college graduates, and people in high income families were all more likely to do a task. But 

among those doing tasks, non-white people, younger people, people with less than a college 
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degree, and people in low-income families were more likely to report experiencing a burden. In 

our adjusted estimates, more education was significantly associated with doing a task and higher 

income was associated with lower odds of experiencing all burdens. Additionally, identifying as 

a race other than Black or white and identifying as Hispanic was associated with burden. People 

with fewer advantages may be less proactive in interacting with the health care system, and are 

less able to avoid or resolve administrative barriers when they do.50,51,52 These results may reflect 

that some people have less experience or knowledge of how to engage the health care system, 

and/or they may reflect that some people encounter racial or ethnic discrimination that heightens 

barriers.42 This raises equity concerns meriting further attention. 

Finally, we note that insurance type is not strongly associated with administrative burden. 

Although descriptive analyses showed people with public insurance (mostly Medicaid given our 

nonelderly sample) reported more burdens, insurance type was not statistically significant in 

multivariate analyses, with one exception: ESI is associated with lower odds of experiencing 

foregone care, but is not associated with lower odds of delayed care or delayed/foregone care in 

combination.  

Administration in general is not categorically bad. Indeed, administrative costs and 

complexity may arise from efforts to increase take-up, improve quality and efficiency, and to 

avoid rationing by price (e.g., prior authorization instead of a higher copay). There is strong 

evidence that cost-sharing is a blunt instrument for distributing resources and causes attrition 

from both necessary and unnecessary care.53 Social policy uses ‘targeting and ordeals’ as a non-

price mechanism to optimize the distribution of finite public resources, targeting populations 

through the reduction (i.e. auto-enrollment) or introduction (paperwork) of administrative 
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ordeals.54,55 There is evidence to show that these approaches can direct resources cost-

effectively.56,33,58  

But using administrative mechanisms to mitigate financial inequities may have 

unintended consequences: time and knowledge are also unequally distributed resources with 

consequences for access.59 Consumerism is a popular approach to insurance and delivery system 

reform that envisions patients taking the role of discerning customers to drive market 

efficiencies. But uneven take-up of financially attractive benefits hints at the presence of 

potentially inefficient non-price costs.60 Consumer-driven programs have underappreciated 

implications for patient administrative burden, as patients have to navigate more complex 

incentives. For example, one high deductible health plan made diabetes care free, but saw poor 

uptake of this financially advantageous benefit in low-income ZIP codes.61 

Our results suggest administrative mechanisms may have equity implications on par with 

price-based rationing. We find administrative burden falls disproportionately on people with high 

medical needs (disability), which raises distributional concerns. And, we find existing racial and 

socioeconomic inequities are associated with administrative burden. Administrative complexity 

is endemic to all post-industrial health systems, but there may be opportunity to design 

administrative tools with greater care to avoid exacerbating or reinforcing inequities. 

1.5.1 Limitations 

Survey data is self-reported and subject to recall bias. However, what constitutes an 

administrative burden is itself a personal judgement. As such, the sense that one has been 

burdened by the system is a valid feeling no matter when it occurs. Additionally, estimates of 

cost-based delayed or forgone care in the literature, which are widely reported as indicative of 



 

 22 

underinsurance, are also derived from survey responses. The contribution of our work is to 

compare administrative-based access limitations to these cost-based ones.  

Our questions were restricted to adults VW-XY years old who were continuously insured 

over the prior V^ months; the extent of generalizability to older, younger, and uninsured 

populations is unclear. However, according to the ^qVW NHIS, WV.r% of the VW-XY year old 

population was continuously insured for V^ months, so our findings are widely applicable. 

While response rates are a poor proxy for nonresponse bias, response rates for consumer 

surveys are declining, raising concerns about  nonresponse bias.62,63 Bias may be avoidable even 

with lower response rates as long as the sample is representative of the study population.64 

Evidence suggests that low response rate surveys with probability sampling and weighting based 

on established population parameters can produce results similar to high response rate surveys 

and objective measures.65,66  

We do not expect views about administrative burden systematically attracted or 

dissuaded respondents from completing the survey as this topic was a subset of a larger 

instrument. Nevertheless, unobservable bias could arise. Our respondents show a propensity to 

complete surveys and may differ systematically from the general public. Arguably, follow-

through on completing surveys indicates greater administrative capability and may bias our 

results toward the null, but potential unobserved differences between our sample and the general 

population are a key limitation of this study. 

Our survey items were new questions developed for this study. The tasks we included 

were necessarily limited by space constraints in the survey and we acknowledge that ours is not 

an exhaustive list of administrative tasks. (In particular, it omits work patients may do 

coordinating between entities, time spent on administrative work, the frequency with which 
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people did each task type/number of delays/foregone care.) We did not know ex ante what the 

prevalence of tasks or delayed/foregone care would be, or which were most important. Modeled 

on similar questions about cost in the NHIS, our questions asked about delayed or foregone 

needed care, but we did not assess the nature of need (routine, urgent, emergent). Our questions 

were based on a review of consumer survey instruments and ad hoc discussions about 

administrative tasks with patients. As there is little prior work on any patient administrative 

tasks, our findings represent a substantial contribution and a foundation for future work, these 

limitations notwithstanding.  

Recent work examining health systems “hassles” is not directly comparable in terms of 

survey items or populations, but suggests hassles are common and ranked by frequency our 

studies found the same most common challenges (scheduling, information).67 Another study 

using the same hassles framework examined delayed and foregone care among women veterans 

with 3+ visits in past year, finding 29.3% of respondents reported delayed or foregone care; 

while these studies are not directly comparable to ours, it is reassuring to see broadly consistent 

patterns.68 

1.5.2 Future directions 

Patients bear administrative costs in health care, and a priority for researchers and 

practitioners is to develop a more nuanced understanding of what administrative work patients 

do and why, as well as its implications for care and outcomes. Clarifying which burdens are 

intentional (prior authorization) or unintentional (provider billing errors) is one step. Among 

intentional administrative tasks, examining unintended consequences is key, particularly 

tradeoffs between degree of complexity and access to care. Out-of-pocket spending is rightly a 

central priority in health policy and reform, but ameliorating the administrative burden of care is 
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a comparatively untapped dimension of Americans’ health care experience. Unintentional 

burdens deserve attention because they impose unintended consequences disproportionately felt 

by those with greater health care needs and lower knowledge and skills. 

Measuring patient administrative work with greater richness and precision is foundational 

to informing practice and policy. Aggregate measures of health system administration are 

incomplete without taking into account the share of this work done by patients and their families. 

Many estimates of delivery-side administration are based on time costs. The American Time Use 

Survey is a source of valuable data enabling patients’ time costs of care associated with travel to 

and participation in clinical encounters and/or self-care, but while it captures household 

administration generally, it does not specifically capture health administration.47,59 The NHIS, 

CAHPS, Medicare Current Beneficiary Survey, Health and Retirement Survey, and the National 

Health and Aging Trends Study currently include some questions related to patient administrative 

work and are poised to capture richer measures.  

While it is a reasonable inference that nonfinancial access barriers pose threats similar to 

cost-based barriers, we have not explicitly shown that connection. It remains a worthy topic for 

future study. Examining administrative burden among children (or their caregivers) and older 

adults (particularly contrasting Medicare Advantage with traditional Medicare) would be 

valuable ways to extend this work. Examining the administrative burden of caregiving and 

dependent relationships more generally merits attention. We did not elicit detail about 

administrative pathways and how or why barriers arose; this warrants study as multiple barriers 

can co-occur. We did not ask about the nature of care that was delayed or foregone (routine, 

urgent, emergent), which is an important direction for future inquiry. Future work could explore 

other tasks and burdens, like psychological burden, life and work disruption, etc. Finally, our 
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dataset did not include measures of health care utilization, which has a causal relationship with 

task exposure and chance of burdens. This was a descriptive study characterizing prevalence of 

and demographic characteristics associated with administrative burden in the general population, 

which we hope will spur causal studies. 

 

1.6 Conclusion 

High administrative complexity is a central feature of the U.S. health care system. 

Largely overlooked, patients frequently report doing administrative tasks, and report delayed or 

foregone care because of difficulties with administrative tasks. Prevalence of administrative 

burden is comparable to similar estimates of financial barriers to care. Enhancing measurement 

of patient administrative work and associated burdens may identify opportunities for improving 

quality, value, equity, and patient experience. 
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CHAPTER 2: Dealing with health care bureaucracy: doctors, patients, and fixers 
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Abstract 

As the scale of care has increased, it has necessitated a bureaucratic infrastructure to 

support coordination of work and transmission of information. Perhaps owing to the common 

perception that administration is a diversion from care (scutwork) rather than a constitutive 

element, administrative roles, responsibilities, and processes are neglected relative to clinical 

concerns. In a two-part inductive, qualitative study, I conducted semi-structured interviews 

(n=69) with physicians and patients to examine how these groups cope with the increasing 

administrative responsibilities they face. I find that administration is intrinsic to the delivery of 

medical care. Patients and physicians recognize that administration is an essential dimension of 

care, but do not feel equipped to cope with it due to lack of time and expertise. In response to 

complexity, many health care settings deploy a “fixer” role of some kind, variously named care 

management, coordination, navigation, facilitation. Fixer roles have a common genesis in 

navigating bureaucratic complexity, but the parameters of these jobs and the people who fulfill 

them are incredibly varied across and even within organizations. Fixers address an important 

challenge in care, but their potential is stymied by the lack of common understanding of their 

role. To improve service quality, clinicians and health care organizations should: (1) clarify 

administrative tasks and responsibilities at the point of care, with particular attention to the 

nebulous role of the fixer; (2) simplify and standardize administrative processes wherever 

possible.  
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Exhibit 2.1 Patient Vignette 

 
  

 
The day before my cataract surgery, the eye doctor called and said the hospital has no records 
for you from your doctor that you're approved for surgery at 7:30 the next morning. This was 
6:00 at night. And I was freaking out, because I had scheduled my whole life around getting 
this surgery. 
 
And if I could tell you, it took about three hours of phone calls back and forth between my 
primary doctor's office and the eye doctor's office and the hospital, records and admitting and 
all kinds of people. It took three hours to figure out that the paperwork ... Well, bottom line is 
the paperwork went to the wrong spot when it was released three weeks earlier from the 
doctor. Some of it was human error, but a big part of it was that my primary doctor is with 
System A and the eye doctor was with System B, and the two don't interface. So, they 
couldn’t say, "Oh, let's just look up on the computer and find your records, and, oh, there they 
are.” No.  Everything was done the old-fashioned way with faxing, with calling.   
 
And then when I called back into my primary doctor, and this, again, this was ... maybe it 
wasn't 6:00. Maybe it was 4:00 in the afternoon. But all I know is it was right before I was 
scheduled for the surgery at the crack of dawn the next morning. 
 
So, anyway, again, kind of a long story there. But what I found is it's a lot of effort on the 
patient's part to be an advocate for themselves to make sure that the correct paperwork is 
where it needs to be, and it's all on the patient. Luckily, I was able to take the time from work 
and get everything correct, and it went to the very, excuse me, last hour, where the next 
morning, right before my surgery, they confirmed they finally have the paperwork. 
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2.1 Introduction 

Proliferating biomedical discoveries have increased the complexity of medical care by 

increasing the volume of medical knowledge and morbidity and modality of care. Whereas 

historically people lived or died, or received a narrow set of interventions, today multiple, 

complex conditions can be managed for years across a range of settings. The scale and 

complexity of medical care necessitate administrative infrastructure to support the coordination 

of people and information involved in care delivery. Today, the scale of medical enterprise in the 

United States is monumental. In 2017, health care spending accounted for 17.9 percent of GDP; 

in 1960, its share was five percent.69  

As the scale of care has increased, it has necessitated a bureaucratic infrastructure to support 

coordination of work and transmission of information.5 Health care organizations now deliver 

services that span multiple organizational units and time periods, making the need for 

management infrastructure and coordination increasingly important. Clinicians can spend hours 

per day on administration and physicians in the U.S. are more likely to report problems related to 

their administrative duties than peers in other wealthy nations.5,4,7,70,71,72,73 From the patient 

perspective, an emerging literature on treatment burden and hassles reveals that patients interact 

with administrative features of the health system fairly extensively.9,74 In Chapter 1 of this 

dissertation, I find that three-quarters of adults 18-64 have done a health care task in the past 

year, and 24%--one-third of task-doers – report delayed or foregone needed care because of an 

administrative barrier. 

In response to increasing health system complexity, improving the coordination of care has 

become a major policy priority.75,76 Large scale efforts at delivery system reform have sought to 

shift payments to groups or organizations rather than individual providers to encourage 

collaboration.77,78 At a smaller scale, care coordination roles have proliferated in an effort to 

manage the complexity of care.75,79,80 However, a perplexing thing about care coordination is that 
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evaluations of these roles reveal little, if any, impact on patient outcomes or spending.76,81 One 

potential contributor to the lackluster performance of care coordination is that this concept is 

executed in myriad ways. Care coordinators, care managers, navigators, facilitators are among 

the terms used to describe staff supporting clinical care. On top of which there are practice 

assistants and other administrative workers who provide overlapping support. These supporting 

roles have different titles, job descriptions, qualifications, parameters. The common theme is that 

they create a service out of expertise in navigating bureaucratic complexity. In other words, they 

are fixers.82 

This study examines the administrative and managerial work involved in direct patient care. 

Drawing on evidence from 69 semi-structured interviews with patients and physicians, I describe 

the interdigitation of administration and clinical care. I explore how the reliance on individual- 

rather than unit-level cohesion results in a lack of coordination and integration as classically 

defined, and the consequent administrative burden on patients and physicians.  

 

2.2 Methods 

In a two-part inductive, qualitative study, I interviewed cohorts of patients (n=52) and 

physicians (n=17), for a total study sample of n=69. Both cohorts were drawn from national 

convenience samples, yielding a diverse array of health care settings and individuals that allowed 

me to identify universal themes in the administrative dimension of patient care. All data were 

deidentified and both studies were approved by the Harvard University Area Institutional Review 

Board. 

Part 1 consisted of semi-structured interviews with patients, focused on understanding the 

administrative challenges they reported and their characterizations of the patient role in service 

delivery. In Part 2, I used the patient findings from Part 1 to engage a cohort of physicians to 

share their own experiences with administrative work in patient care, as well as get their 
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reflections on my patient findings to ascertain their awareness of the scope of the patient 

experience outside the clinical encounter.  

All interviews were transcribed verbatim to enable coding, which was supported by Nvivo 12 

software. In my first stage of analysis, I open-coded all transcripts using constant comparative 

methods, developing a set of basic codes.83 I then proceeded with axial coding, during which I 

identified relationships across basic codes and drew on sensitizing concepts to elaborate a 

conceptual framework from the data.84  

 

2.3 Results  

2.3.1 Administrative work is intrinsic to clinical care for both patient and physician 

Both patients and physicians reported that administrative work was a major feature of 

patient care. The types of administrative work described were consistent across patients and 

physicians, which was notable given that the study drew a varied sample of patients and 

physicians from across a range of contexts around the United States. Common administrative 

tasks reported by both patients and physicians included: managing information and 

documentation; dealing with issues of billing and payment, especially prior authorizations; 

scheduling care; and communication with individuals, units, and organizations outside the 

patient-physician dyad.  

Evident in both patients’ and physicians’ descriptions of administrative work was the 

extent to which administration and logistics were intrinsic to clinical care.  

 
I think it's a really difficult question, but one thing that is abundantly clear to me is the 
success of the treatments and the long-term health of the patient depend just as much on 
these administrative things being done well as the medical things. They're just 
intertwined. And so, finding good solutions is good medicine. [Physician 2] 

 
2.3.2 Responsibility for administrative work unclear 
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The patient and physician are the two fixtures in the health care encounter, with a variety 

of other roles whose presence and scope vary by practice and individual. Because patients are 

physicians are central to all permutations of care teams, they always hold some part of the 

responsibility – either as the highest-status professional, or as the beneficiary of the care. 

However, there was little consistency in perceptions of whether accountability ultimately rested 

with the physician or the patient. Despite recognizing the centrality of administrative work to 

effectively executing a plan of care, I found no consistent approach to the division of 

administrative labor. Indeed, there was often no deliberate accounting for the work—patients and 

doctors only knew that they felt overburdened and ill-equipped to manage the administrative side 

of care. 

Patients felt stressed and overwhelmed by efforts to deal with the logistics of their care. 

 
In fact, I have to be my own advocate. And there's personal responsibility issues in here 
too. And even if it is my care, the doctors are supposed to know this stuff, and they don't. 
And they don't have to because they're supposed to deal with the medicine. And we're 
dealing with administrative barriers. [Patient 3] 
 
Lack of better terms, it's a clusterf***. It really is a tornado. And when you're dealing 
with such serious health issues, your brain can't process most of this. You literally feel 
like you're in a whirlwind, you're just spinning around. [Patient 13] 

 
Physicians recognized the same administrative challenges, and felt an acute tension between 

dealing with patients’ administrative needs and the many other duties to other patients that filled 

their to-do lists.  

 
You have a big list of patients. The time you spend with one person is time that you don’t 
spend with others. You have one block of time, and you divide it amongst the patients, 
right? [Physician 3] 
 
I feel we often push patients to find out themselves whether things are [covered by their 
insurance]. Because I can't take that on for them. I just don't have enough hours in the 
day to do it, unfortunately. [Physician 4] 
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Both physicians and patients repeatedly emphasized the administrative barriers they encountered 

when care involved multiple units within an organization or multiple organizations.  

 
Each one of those entities just passes you off to another one. Nobody assumes 
responsibility for actually coordinating with you. [Patient 20] 

 
2.3.3 Enter the fixers 

To help with administrative burden, many health care settings involve some form of fixer 

role, formally described in a range of ways, such as practice assistant or care coordinator. A key 

characteristic of this role was that it typically functioned in ad hoc and contingent ways. Fixers, 

when present, were not standard—they ranged from receptionists with GEDs to master’s-

prepared nurses or social workers working as care coordinators. The presence of additional 

support, and the type of work these individuals were able or willing to do, varied widely across 

clinical settings, even within the same organization.  

 
I would emphasize that it's been interesting about the amount that administrative tasks 
varying from context to context, and the amount that's expected to be done by one party 
or the other, also that expectation changes from context to context. One of the things that 
I do in moving contexts is clarify with teams what sort of administrative tasks I'm 
expected to do, someone else is expected to do, and maybe even the patient is expected to 
do. [Physician 2] 

 
The variability of the roles designated to support the administrative dimension of care 

and the people in them illustrated a key point: people in coordination roles navigated the same 

inter-unit disjunction faced by patients and physicians on their behalf rather than create 

underlying alignment within the system. 

Physicians indicated a high receptiveness to fixer roles, with a willingness to be part of a 

system of care rather than guarding their professional independence. The availability and type of 

help in a given clinical setting was sometimes an intentional design choice by the practice’s 

physician leadership, and other times was the discretion of organizational leadership. In private 

practices, physicians’ ownership responsibilities meant they were responsible for staffing, and in 
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those settings physicians sought to develop robust support systems as resources allowed, 

maximizing the potential of roles such as receptionists and medical assistants. In larger systems, 

where the majority of physicians in this study and the country overall are employed, supporting 

roles were largely a function of planning by organizational leadership, though physician leaders 

within an individual unit might have budgetary discretion to tailor their support staff. Some 

employed physicians worked in settings where administrative support was limited to 

receptionists who were paid minimum wage, and consequently had minimal facilitation support. 

Other times, practices within a system would be provided with a supporting role as part of an 

enterprise initiative, such as a care coordinator for high-risk Medicare patients.  

Physicians repeatedly described skilled fixers as the most valuable asset in alleviating 

administrative burden and facilitating the coordination necessary for patients to receive the care 

they need. Reinforcing the “fixer” characterization, the key skills of people in administrative 

support roles were characterized in terms of their tacit knowledge—their ability to uncover and 

forge connections rather than navigate standard organizational processes: “Because you have to 

know how to get somebody to that cardiology clinic, you have to know who to email.” [Physician 

7] 

Though not always able to articulate it precisely, physicians recognized that the root 

cause of much administrative dysfunction was a lack of systemic rationality and coordination, 

and that solving this problem by creating workarounds for fundamental organizational flaws 

might not be the ideal solution, and might in fact perpetuate problems. 

 
The question is: is there a role that's best equipped to do [administrative work]? And the 
ones that come to mind are navigator-type roles. But then as I say that I'm also very wary 
of adding people to our health system as a band-aid for some really basic limitations and 
flaws that we have as a system. [Physician 1] 

 
From the patient perspective, the most common suggestion they had for how to improve 

care delivery was to have a designated point person. Whereas the prototypical idea of the doctor-
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patient relationship might suggest that the patients would identify the physician as their point 

person, patients uniformly suggested a separate role. Often patients envisioned a support role 

akin to a fixer, someone who would help them through their care journey: I don't really know 

how this could happen, but just having an advocate, or someone to help me out. [Patient 16] 

Sometimes, however, patients—like physicians—intuited that the gap in the system was a 

lack of integration and suggested addressing the design of the organization itself, though they 

were pessimistic about this solution coming to pass. 

Maybe have a department that's a go-between. They could contact the insurance. They 
would be knowledgeable enough to know that if prior authorization was needed, or 
something like that. But I can't see that happening. [Patient 25] 

 
2.3.5 Process standardization 

Many administrative processes were unnecessarily complex, consuming more time than they 

need to. Both patients and physicians identified standardization as key to alleviating 

administrative work, distinguishing between complexity arising from challenging medical needs 

and complexity arising from inefficient or dysfunctional systems. Both identified simplified 

billing practices as a high-value avenue for improvement. Physicians repeatedly brought up prior 

authorizations as an example of effort that could be substantially reduced with standardization. 

Patients were less precise or confident in their assessments of what would ameliorate 

administrative work, they identified similar challenges to physicians:  

 
We have nine different insurance companies that have nine different, or 20 different ways of 
doing things for each patient in each plan or something like that. That is insane. And I 
recognize that our health systems that we work in have pools and massive teams of 
administrators who manage all of that and make it more translatable, but all of that labor 
should be going elsewhere. [Physician 11] 
 
Well, I'm not sure I have any specific suggestions, but to me, the whole deductible and 
coinsurance and copay process is just very confusing.  Some way to make that simpler I think 
would be helpful to most people. [Patient 22] 
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2.4 Discussion 

In this chapter, I argue that administrative work is intrinsic to medical care, but the 

administrative dimension of care is an orphan. I find that patients and physicians recognize that 

clinical service delivery is inextricably managerial as well as biomedical, neither are clear about 

their respective roles and responsibilities. The organizational systems surrounding physicians 

and patients similarly lack coherence around the administration of care delivery. As the 

permanent members of any given health care team, stitching together services across units often 

defaults to patients and/or physicians. A range of supporting roles participate in care delivery, 

though the scope and robustness of this support varies across clinical settings, even within the 

same institution. In contrast to the prevailing policy and scholarly conversations about care 

coordination, the supporting roles involved in care do not coordinate or integrate services across 

units. Instead, like patients and physicians, supporting roles make individual linkages to facilitate 

patients’ journeys through fragmented systems.  

Ambiguity about what administrative work needs to be done and who is responsible is likely 

harmful to patient outcomes. If patients cannot effectively access and complete the services they 

need as a result of administrative barriers, they may experience worse health as a result. Patients 

cannot be relieved of all administrative work, but in the effort to center patients as members of 

the care team, clinicians and health care organizations would do well to keep in mind that 

patients are not staff, they are customers who are often paying significant sums for medical 

services. Physicians are likely not optimally suited to hold all administrative responsibilities—

much of work could be delegated, freeing physicians to serve more patients—but neither do they 

bear zero responsibility. Physicians need to recognize that scut is part of care, and requires their 

attention and effort. At the same time, physicians could promote better administration broadly by 

using the power they hold within health care organizations to encourage better management 
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systems, even when the common benefits of standardization may attenuate their traditional 

freedom to tailor their individual workflows.  

2.4.1 Proposal: Standardize fixer roles 

A challenge for administrative work is that it is unassigned to a role. This creates major 

coordination and workflow challenges because there is no shared understanding of what work 

needs to be done or – more important – who will do it. In the absence of clear responsibilities, 

and often even designation of the work itself, work may default to the patient. Fixers comprise a 

group so diverse they nearly evade description, but this study suggests there are patterns within 

the variation worth articulating and codifying. In contrast to clinicians such as physicians and 

nurses, fixers do not have a standardized set of duties and qualifications, if they are present at all. 

Study participants described support ranging from no help, to someone with a high school 

degree, to a master’s-prepared social worker or nurse. Refining the scope and responsibilities of 

the facilitator role would bring greater clarity to the roles and responsibilities of patients and 

physicians as well. 

There are two key advantages to establishing a standardized care coordination role. First, 

a standardized role is consistent with medical professionals’ current mental model of 

coordination – clinicians are trained and acculturated to coordinate across clinical roles. A role-

based model of care coordination might therefore be more intuitive than layers of bureaucracy.85  

Second, a vital characteristic of health care is that it involves coordination across multiple units 

and organizations. If each unit develops a unique local solution to administrative burdens, this 

will not ameliorate the struggle they face in trying to cooperate effectively with each other. In 

administration, as in clinical practice, while customization is often the default, there are valuable 

benefits to standardization.86,87  

2.4.2 Proposal: Simplify and standardize administrative workflows 
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Underpinning efforts to clarify roles should be attention to administrative workflows, 

with the aim of reducing and simplifying this work such that patients, physicians, and fixers can 

work more effectively. There are models of health care delivery that pursue systematic 

coordination, and they are unsurprisingly famous for their management practices. Integrated 

delivery units are one such model of care, typically organized around a defined treatment 

pathway.88,89 Specializing is another way that organizations improve service delivery, such as 

Toronto’s Shouldice Hospital’s focus on hernia surgeries.90 But much of health care, and 

especially the ascendant wave of chronic conditions and multimorbidity, likely needs to be dealt 

with by generalist organizations.86 Some institutions, such as the Mayo Clinic, emphasize 

process standardization due to a historical commitment to management science as well as the 

imperatives of caring for a large population of patients who travel to receive care and therefore 

need services executed in an efficient time frame.91 But the renown of Mayo underscores the 

enduring deficiencies in administration among most diversified health systems. 

The consistency of administrative tasks and hassles across diverse study participants and 

contexts suggests that there is a basic, definable set of administrative work that could be better 

managed. In addition to intra-organizational process standardization, global efforts at 

standardization, such standardizing insurance forms, could help broadly. Such simplification 

would require policy solutions above the level of individual organizations. Rising administrative 

costs have given rise to policy proposals focused on reducing and streamlining administrative 

processes, recommending standardization and automated information exchange.30,33 Now is a 

good time to act on these proposals. 

2.4.3 Limitations 

This research has a number of limitations. Foremost is my approach to sampling of both 

patients and physicians. A strength of my patient sample is that it drew from wide swath of 

individuals nationally and found highly consistent characterizations of the patient role. However, 
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a major limitation is that I did not sample theoretically or based on an organizational framework 

(e.g., identifying cohorts of patients based on particular characteristics, or cohorts affiliated with 

a particular set of organizations.) Similarly, the physician sample was drawn based on 

convenience and snowball sampling, and lacked any theoretical or organizational frame. The 

approach to sampling does not allow this study to make inferences about organizations. 

Another limitation of this study is that it focuses exclusively on patients and physicians. 

There are many other roles involved in administrative work, including other clinicians (e.g., 

nurses, pharmacists) and administrative staff (e.g., front desk staff). 

The limitations to the sampling strategies and the range of roles engaged are constraints 

imposed by the Covid-19 pandemic, which significantly limited organizational access. 

Finally, as with all qualitative research, the findings of this study are specific and may not 

be generalizable. 

2.4.4 Future directions 

This study suggests several promising avenues for future research. A comparative case 

study examining the features of administration in patient care across several organizations would 

provide insight into best practices and contraindications. Such a study, leveraging interviews 

with multiple members of care processes and conducting direct observation in the field would 

deepen the insight into topics raised in this paper.  

Opening the black box of care coordination is another compelling avenue for inquiry. 

What this work consists of, who does it, and how it works (or doesn’t) remains nebulous despite 

the touchstone “care coordination” has become. This study described a very diverse set of 

individuals and roles involved in care coordination, and found that this work might be better 

described as facilitation. The findings in this paper are consistent with the varied constructions of 

care coordination programs described in the health management literature and in the job 

descriptions posted by health care organizations. There are several specific ways to fill gaps in 
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our understanding of care coordination. A study might examine the variation in care coordination 

roles within and across organizations, developing an inventory and taxonomy of care 

coordination roles based on primary human resources data such as job descriptions and 

qualifications, and/or organizational surveys. Another study might involve observing people in 

these roles and conducting time and motion studies of how they spend their time and effort. A 

third path might leverage human resources data, surveys, and claims data to examine the 

relationship between different types of care coordination and patient outcomes. 

Finally, this study suggests simplification and standardization may be valuable mechanisms 

for reducing administrative burden, and future work could test a redesign of processes or 

paperwork and investigate any resulting efficiencies. 

 

2.5 Conclusion 

Administrative work is intrinsic to patient care, but this dimension of care is often 

overlooked in the design and delivery of health care services. In contrast with other professional 

service firms, health care organizations do not integrate work by unit, instead relying on 

individuals within units to form connections. To improve service quality, clinicians and health 

care organizations should: (1) clarify administrative tasks and responsibilities at the point of 

care; (2) simplify and standardize administrative processes wherever possible.  
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CHAPTER 3: Using patient-reported outcomes data in performance measurement: 
program design and methodological issues 
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Abstract 
 
Context: Patient-reported outcome measures (PROMs) are clinical scales increasingly used as 

aggregate performance measure. This study examines a commercial payer’s use of the PHQ-9 

depression scale as a PROM-based quality measure.  

Objective: To examine PHQ-9 rescreening with a goal of understanding potential sampling and 

selection challenges in longitudinal quality measures. 

Data sources/Study setting: This study uses statewide data from a large commercial insurance 

plan between 2014-2019. The sample consists of 60,545 unique members with a baseline PHQ-9 

PROM score collected between January 2014 and September 2018. 

Methods: Descriptive analyses look at patterns of initial screening and rescreening by: baseline 

PHQ-9 score category (e.g., disease severity); residential ZIP poverty quartiles; year of baseline 

screening; site of baseline screening. Multivariate logistic regressions estimated the adjusted 

odds of being rescreened conditional on baseline PHQ-9 score category, age, sex, residential ZIP 

poverty quartile, site, baseline screening year, and baseline screening month. Finally, unadjusted 

linear regressions were used to predict rescreening PHQ-9 score, and these estimates were 

compared to observed scores. 

Principal Findings: Of the 60,545 unique members with a baseline PHQ-9 screening, 55,495 

(92%) remained in the sample beyond 13 months. The number ever rescreened was 30,457—

which is 55% of those remaining in sample. Of those rescreened, 38% were rescreened by the 

PROM performance measure target (365 days) and 65% were rescreened within the grace period 

(395 days). The median time to rescreening was 387 days (IQR 173-454). Overall, 7% of 

observations had a score decrease of 5 or more (the MCID); this figure was 56% for those with a 

baseline score of 10 or more. The rescreened sample was slightly less female (49%), slightly 
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older (48 years), and lived in slightly wealthier neighborhoods (mean ZIP below FPL was 7.4%, 

median was 6% [IQR 3.7-9.3]). 

Conclusions: There are considerable deficits in follow-up PHQ-9 screening, which poses a 

potential threat to performance indicators relying on measurement. Targeted measurement and 

increasing the salience of incentives may improve data collection and enhance reliability. 
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3.1 Introduction 

Patient-reported outcome measures (PROMs) have historically been used as clinical tools, to 

aid clinicians in assessing the health status of a given patient and tailor their particular 

treatment.92,93 The most enduring use of PROMs is in mental health, where conditions lack 

objective clinical markers and assessment relies primarily on patient-reported symptoms of 

disease. For example, the PHQ-9 (Patient Health Questionnaire with nine questions) is an 

extensively validated scale used to diagnose depression and inform clinical treatment decisions. 

PROMs have additionally proven valuable for evaluating the impact of physical treatments on 

patients’ symptoms and functional status; for example, they have been used to compare the 

impact of different interventions for prostate cancer on urinary, bowel, and sexual function.94 

Now, PROMs are garnering interest for their potential to shift quality measurement from 

process- to outcome-based indicators. This study contributes to the nascent literature on PROMs 

in performance measurement by examining features of PROM (PHQ-9) data itself to uncover 

strategic and methodological challenges and opportunities.  

3.1.1 Current uses of and challenges in PROM-based performance measurement 

Using PROMs as aggregate measures and evaluative tools is an ascendant health policy 

topic across OECD countries.93,95,96 The United Kingdom’s National Health Service was the 

earliest adopter, it began using PROMs-based pay-for-performance measure for several elective 

surgeries in 2009.97 Scandinanvian countries also use PROMs in performance measurement.98 In 

the US, the Centers for Medicare and Medicaid Services (CMS) is pursuing the use of PROMs in 

performance measurement, working with key stakeholders such as the National Quality Forum 

(NQF).93 CMS has introduced PROM-based quality measures into programs including the 

Comprehensive Joint Replacement demonstration99, and the Accountable Care Organiztion 
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(ACO) quality measures added a PROM-based metric in 2018: remission of depression.100 

PROM-based quality measures are gaining traction among private insurers, also focusing on 

elective procedures and mental health.101  

PROM-based performance measures are gaining traction, but the appropriate use and 

interpretation of PROMs data remains a subject of debate. In the UK, where incentives are tied to 

PROMs results, there remains open debate over how to appropriately evaluate and risk-adjust 

PROM-based performance indicators.97 Current PROM-based performance measurement 

initiatves in the US tie incentives to data collection and do not as yet evaluate providers on the 

PROMs data directly. While clinicians have enthusiastically supported increasing use of PROMs 

to support clinical care, they have indicated resistance to the use of PROM-based performance 

measures; for instance, the American College of Physicians registered its opposition to the 

addition of ‘remission of depression’ to the ACO quality measures.102,103 Some resistance may be 

political, but—as the NHS foreshadows—there is legitimate uncertainty around the optimal 

construction and interpretation of aggregate PROMs data; answering methodological questions is 

key to promoting the acceptability of PROM-based performance measures.   

Studies examining the use of PROMs in performance measurement have primarily 

focused on program implementation.96,104 For example, studies examine rates of collection and 

organizational barriers or facilitators associated with PROMs collection.103,105,106  This scholarly 

focus may reflect that PROMs performance measures are still in the credit-for-collection phase, 

making successful data collection highly salient. Practical considerations around data collection 

are important because PROMs involve longitudinal rather than cross-sectional measurement, 

making them more complex than most existing cross-sectional measures. Examining the 

application and implementation of PROMs is important work, but there remains a large gap in 
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evidence related to the PROMs data itself. PROMs data are designed and validated for individual 

assessment; there is considerable uncertainty around their construction and interpretation as an 

aggregate measure. Understanding the aggregate features of PROMs data is key to understanding 

their methodological potential and limitations in quality measurement.  

A fundamental analytic issue is that the pre-post formulation of PROMs introduces 

complexity because it relies on multiple measurements. Collecting cross-sectional data can be 

difficult in itself, and current mental health metrics lag physical health indicators in quality 

improvement.107 Evidence on attrition in follow-up screening is scarce in the large literature 

studying the use of PROMs in depression care. An analysis of the depression screening and 

depression remission ACO quality indicators found a mean of 62% of ACOs met the screening 

measure threshold, and one-third of ACOs did not report enough data to assess the remission 

measure.108 One major study of measurement-based care (i.e. depression care based on serial 

PROM screenings) reported a re-screening rate of 47%.109 A case study of a community health 

center described their discovery of high rates of attrition among people with depression, and 

developed a targeted intervention increasing follow up from 8% to 38%.110  

Gaps in re-screening pose consequential missing data challenges. The most basic of these 

is that even random attrition in re-screening could create sample size problems impeding reliable 

measurement. More importantly, non-random attrition in follow-up screening poses concerns for 

selection (is the measurement biased) and equity (is it serving all patients). Finally, if the patient 

is not re-screened, then the PROM measure is incomplete—and the organization does not capture 

the incentive. 

3.1.2 PROMs use case: Major Depressive Disorder (MDD) and the PHQ-9  
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PROMs may have a particular utility in mental health for two reasons: (1) the absence of 

biometric indicators of disease means that PROMs are a primary tool for assessing these 

conditions; (2) mental health PROMs are among the best-validated screening instruments.  

Evidence supports the use of PROMs in mental health, and specifically for the treatment 

of depression. While PROMs are prevalent in mental health, they are not ubiquitous. 

Standardized evaluation scales gained purchase in the past 20 years, and with that an interest in 

“measurement-based care”, wherein PROMs are used not just on an ad hoc basis, but in 

systematic pathways to guide treatment decisions. In randomized trials, measurement-based care 

has repeatedly outperformed routine care in increasing reduction and remission of depression. 

Major Depressive Disorder (MDD, also commonly known as depression) is one of the 

leading causes of disability globally.111,112 The high prevalence of depression and its association 

with greater morbidity and health care costs make it a compelling target for efforts to improve 

health outcomes and reduce costs. Further, depression is underdiagnosed, which is a problem 

because untreated or under-treated depression may increase morbidity and health care costs.113 

There is no biometric diagnostic measure for depression (as opposed to e.g., hypertension). 

Consequently, there are numerous extensively validated patient-reported outcome survey 

instruments designed to diagnose depressive symptoms in patients.  

The PHQ-9 is one such patient survey instrument used to diagnose depression. The PHQ-

9 was developed in 2001 for the purpose of diagnosing depression in primary care.114 It has since 

been validated in many languages and clinical settings. The PHQ-9 has been cross-validated with 

other depression scales, and routinely performs the best in sensitivity, specificity, and 

reliability.115,116,117 Scales such as the PHQ-9 are validated against clinical interviews, and the 

PHQ-9 performs very well – this includes both evaluations of the PHQ-9 to diagnose depression 
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at a point-in-time and evaluations of interventions that use clinical interviews to assess the 

performance of the PHQ-9 in discriminating changes in clinical status.114,118 ,119,120 

In the US, the PHQ-9 is recommended as a screening tool for all patients in primary care 

(and possibly other settings). In the UK and in Canada, they changed their guidelines from 

universal screening to screening for patients with depression.112 This discrepancy hints that there 

may be some unresolved questions about whether/how the PHQ-9 should be targeted. 

Exhibit 3.1. PHQ-9 scoring a b c  
Score Severity Clinical recommendation 
0-4 Minimal None 
5-9 Mild  Watchful waiting 
10-14 Moderate Should treat with medication and/or therapy 
15-19 Moderate-severe Definitely treat with Rx and/or therapy 
20-27 Severe Immediate initiation of therapy, Rx, refer to MH 

a A score of 10 is considered diagnostic of MDD. 
b Remission defined as score <5 at 12 months (note that measure is only supposed to be used in 
ppl with a diagnosis of MDD). 
c The minimal clinically important difference (MCID) in PHQ-9 score is 5 points.118 
 
3.2 Methods 

3.2.1 Setting 

This analysis uses statewide data from a large commercial insurance plan. The plan began 

collecting PROMs from its member organizations in 2014, and began requiring PROM 

collection in contracts beginning in 2016.101 While the aim is to progress to outcomes-based 

performance incentives, the current program formulation gives credit for PROM data collection. 

Specifically, for the PHQ-9, credit is given for a baseline score with a follow-up within 90-365 

days (one year +30-day grace period). The denominator of the performance measure includes all 

plan members, it is not targeted to people with a history of or suspicion for depression. 

3.2.2 Sample 
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The dataset consists of all plan members who received at least one PROM score between 

2014-2019; one large provider system has redacted their PROM data from research activities and 

is excluded from the dataset. The analytic dataset combines two files: the first is the PROM file 

with all PHQ-9 scores collected from 2014-2019, including score (0-27), date, and health system 

(12 total, deidentified). The PROM file is combined with the plan membership file, which 

contains annual beneficiary details from 2014-2020, including age (in years), sex (M/F), and 

residential ZIP. I retrieved American Community Survey 2015-2019 5-year Public Use Files to 

capture % of ZCTA below FPL and matched this information to beneficiary ZIP. 

There are 97,555 unique beneficiaries with a PROM score between 2014-2019, of which 

82,689 matched to demographic data in the membership file. I excluded observations entering in 

the third quarter of 2018 (October-December) and all of 2019 because the 2019 incentive period 

was censored (2020 PROMs not available). While it was possible to observe the formal follow-

up window for late 2018 entrants, in month-level sensitivity analyses I found that the rescreening 

patterns for the final three months of 2018 looked substantially different, likely due to censoring 

of “overdue” follow-up. These restrictions yielded an analytic sample size of 60,545 unique 

members with a baseline PROM (PHQ-9) score between January 2014 and September 2018. 

3.2.3 Outcomes of interest 

The first outcome of interest was whether a member with a baseline PROM (PHQ-9) 

screening got rescreened. I examined whether someone was ever rescreened, as well as whether 

someone was rescreened on time (within incentive window of 395 days).  

The second outcome of interest was predicted vs. observed PROM score at rescreeing, using 

the PHQ-9 as a continuous measure (0-27).  

3.2.4 Covariates 
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Covariates included: age in years in baseline year, sex (male/female), percent of 

residential ZIP below FPL in baseline year, site of service, and a categorical measure of baseline 

PHQ-9 score (following clinical severity categories: 0-4, 5-9, 10-14, 15-19, 20-27).   

3.2.5 Analysis  

Descriptive analyses look at patterns of initial screening and rescreening by: baseline 

PHQ-9 score category (e.g., disease severity); residential ZIP poverty quartiles; year of baseline 

screening; site of baseline screening. 

Multivariate logistic regressions estimated the adjusted odds of being rescreened 

conditional on baseline PHQ-9 score category, age, sex, residential ZIP poverty quartile, site, 

baseline screening year, and baseline screening month. Robust standard errors were clustered by 

site. I then plotted marginal effects for each covariate. 

To explore implications of attrition in rescreening, I estimated an unadjusted linear 

regression of second PHQ-9 score on baseline PHQ-9 score to obtain a predicted rescreening 

score for each member. I then plotted predicted rescreening scores against the actual rescreening 

(second) scores observed in the data. 

 

3.3 Results  

3.3.1 Rescreening overall 

The overall baseline sample was 50% female, had a mean age of 47 years, and mean 

residential ZIP below FPL was 7.7% (median 6.2% [IQR 3.7-9.4]) (Table 3.1).  
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Of the 60,545 unique members with a baseline PHQ-9 screening, 55,495 (92%) remained 

in the sample beyond 13 months. The number ever rescreened was 30,457—which is 55% of 

those remaining in sample. Of those rescreened, 38% were rescreened by the PROM 

performance measure target (365 days) and 65% were rescreened within the grace period (395 

days). The median time to rescreening was 387 days (IQR 173-454). Overall, 7% of observations 

had a score decrease of 5 or more (the MCID); this figure was 56% for those with a baseline 

score of 10 or more.  

The rescreened sample was slightly less female (49%), slightly older (48 years), and lived 

in slightly wealthier neighborhoods (mean ZIP below FPL was 7.4%, median was 6% [IQR 3.7-

9.3]). 

3.3.2 Rescreening by baseline PHQ-9 score 

Only 6.5% of the baseline sample had a PHQ-9 score of 10 or more, which is the 

diagnostic threshold for a diagnosis of major depressive disorder; 80.9% of the sample had a 

baseline score of 0-4, which is considered healthy (Table 3.1). In terms of quality measurement, 

this means that more than 80% of the sample was not clinically actionable, and the sample size 

of the most clinically meaningful group was far smaller (n=3,954) than the total sample 

collected. 

As score categories (disease severity) increased, the baseline sample grew increasingly 

female, younger, and from higher-poverty neighborhoods. Following the overall trends, for each 

score category, the rescreened population trended slightly less female, older, and from lower 

poverty neighborhoods. 

Disease severity had little impact on total rates of rescreening, except for the severe category 

(20-27), which had a rescreening rate of 62%. However, disease severity was associated with 
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prompter screening, and a much higher share of people who were rescreened within the incentive 

period. 

 

3.3.3 Rescreening by residential poverty 

Characteristics of people in the highest poverty quartile, as defined by percent of residential 

ZIP below FPL, were different than those in the three lower-poverty quartiles (Table 3.2). People 

in the high poverty quartile were slightly more female, younger, and had higher baseline PHQ-9 

scores. They were rescreened at lower rates (51% vs 56%). Consistent with trends, across 

poverty quartiles the rescreened population was slightly less female and older than the baseline 

population. 
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3.3.4 Rescreening by site 

The 11 sites in the dataset varied very widely (Tables 3.3A & 3.3B). With respect to 

sample sizes, there was wide variation in baseline screening (409-29,271) and rescreening (35-

14,711). Baseline sample characteristics varied; of note, mean ZIP % below FPL ranged from 

5.3-14.7%. 

Rates of rescreening varied from 5-78%. Rescreening within the incentive window (395 

days) ranged from 40-85%. Small rescreening sample sizes for several sites contribute to likely 

nonviability (in case of n=35) or instability of subsequent descriptive statistics.  

Overall, 14% of people were rescreened at a different location than their baseline site 

(Table 3A). Site switching was less common among people with more severe disease (Table 

3.1). It was most common among people in the third-highest quartile of neighborhood poverty 

(17%) but lowest among people in the highest poverty quartile (11%) (Table 2). Across sites, 

switching between baseline and second screen varied from 0-83% (Table 3.3AB). 
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3.3.5 Probability of being rescreened  

Table 3.4 reports odds of being rescreening and marginal probabilities. These adjusted 

figures are consistent with trends observed in descriptive tables, and indicate age, sex, residential 

ZIP poverty, site of service and year are all significant predictors of rescreening, even after 

adjusted for one another. This regression included month of screening controls (not shown.)  

Table 3.4. Adjusted odds of being rescreened 
 Adjusted Odds Ratio 95% CI Marginal probability 
Baseline PHQ-9 category    
    0-4 none Reference Reference 50 
    5-9 mild 1.0 0.9-1.1 50 
    10-14 moderate 1.4*** 1.3-1.6 57 
    15-19 moderate-severe 1.5*** 1.2-1.8 58 
    20-27 severe 2.2*** 1.6-3.0 65 
Age    
    18-29 Reference Reference 40 
    30-44 1.4*** 1.2-1.6 47 
    45-64 2.0*** 1.7-2.4 55 
    65+ 1.4*** 1.1-1.6 46 
Sex    
   Male Reference Reference 51 
    Female 0.95 0.9-1.0 50 
Residential poverty quartile    
    Lowest poverty Reference Reference 51 
     2nd 1.0 0.9-1.0 51 
     3rd 1.0 0.9-1.1 51 
    Highest poverty 0.9** 0.8-1.0 49 
Site    
    AU 0.9 0.8-1.0 49 
    BG 2.5*** 1.8-3.5 71 
    CA 0.25*** 0.23-0.28 23 
    EM 1.1*** 1.0-1.2 54 
    HK 0.9*** 0.8-1.0 49 
    JJ 0.5*** 0.4-0.5 34 
    JX 0.1*** 0.1-0.1 14 
    MG 0.4*** 0.3-0.4 30 
    PV 0.04*** 0.04-0.04 5 
    RW Reference Reference 51 
    UG 3.1*** 3.0-3.3 75 
Baseline year    
    2014 Reference Reference 50 
    2015 1.1 0.8-1.5 52 
    2016 2.1*** 1.6-2.7 66 
    2017 1.5*** 1.3-1.8 59 
    2018 0.4*** 0.3-0.5 31 

Note: **p<0.05, ***p<0.01  
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3.3.6 Predicted vs. observed rescreened PHQ-9 score 

Unadjusted predicted vs. observed rescreening scores were for the most part not different in 

a clinically meaningful way (Appendix Figures A2-A5). When predicted scores were adjusted 

for baseline covariates, they tracked observed scores almost perfectly (data not show). The most 

notable finding was that small sample sizes increased instability of predictions, for example in 

the higher PHQ-9 scores and in sites with small samples. 

 

3.4 Discussion 

This analysis of PHQ-9 data from commercial insurer’s PROM performance measurement 

initiative revealed several programmatic and methodological issues that merit further attention, 

primarily related to incomplete longitudinal data. Attrition in follow up screening meant that a 

complete pre/post data pair was present only 55% of the time. This analysis indicates there are 

significant sample size issues in the use of the PHQ-9 as a PROM.  

3.4.1 Sample size may be a rate-limiting factor in using the PHQ-9 as a quality measure 

Small sample sizes resulting from attrition in rescreening created instability in estimates, 

particularly along parameters that are important for performance measurement. The practical aim 

in improving quality of care most likely involves a desire to know how well providers are caring 

for patients who have depression. This study suggests there may not be sufficient data to support 

reliable analyses of sick patients within provider groups. First, the subsample of people with 

clinically meaningful PHQ-9 scores—the patients whose quality and outcomes we are likely 

most concerned about—was very small and these data were noisy. Second, sample sizes across 

provider groups—the unit of evaluation—were often small with unstable estimates.   
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Conversely, it is difficult to interpret the quality signal in “null” findings, i.e. people with 

scores of 0-4, which indicates no disease. The large majority of the sample consisted of people 

without an indication of depression, in which case it does make much sense for any clinical 

intervention to take place—and indeed we may not want to encourage unnecessary treatment. 

While conducting surveillance (baseline screenings) for depression has value in identifying 

people at risk, the argument for following up on a condition that a person does not have is less 

robust. This issue goes beyond the specific program studied here and may reflect the larger 

policy environment. In the US, the PHQ-9 is recommended as a screening tool for all patients in 

primary care (consistent with surveillance). However, In the UK and in Canada, they changed 

their guidelines from universal screening to only screening for patients with depression.112 Of 

note, the ACO “remission of depression” quality measure takes as its denominator people with a 

positive baseline depression screen. The discrepancy in approach to PHQ-9-based measures 

suggests there may be fruitful dialogue around whether/how PHQ-9 PROMs should be targeted. 

This analysis did not primarily focus on score changes in light of the fact that 

fundamental sampling issues will have downstream effects on more detailed analyses. It is worth 

noting that in addition to the mathematical challenges, the biological mechanisms of depression 

and remission retain some clinical mystery. Estimates of the natural rate of remission of 

depression are as high as 53%.121 Imperfect understanding of the underlying disease process 

combined with measurement artifact may be very helpful for understanding the quality of 

depression care more generally, but may make it challenging to obtain reliable estimates at the 

unit of analysis required for performance measurement.  

3.4.2. There may be ways to deal with selection in rescreening, but equity is an issue 
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With respect to selection, this analysis found that while there was substantial, nonrandom 

attrition in rescreening, the differences did not meaningfully change predicted vs. actual scores. 

Based on the current analysis, the more prominent issue in rescreening is one of equity. For 

example, women and people from high poverty ZIPs had a lower probability of being rescreened, 

even as the burden of depression was greater in the high poverty group. Fortunately, people with 

the highest scores were most likely to be rescreened, though only 62% of the time. 

3.4.3 Room for growth among provider organizations & attention to incentive design 

There were stark differences in baseline and rescreening patterns across organizations. 

Baseline sample sizes are difficult to evaluate without knowing the denominator of the 

organization’s overall patient population. Variation in rescreening was very large (5-78%) and 

indicates that there are clearly learning opportunities across organizations. Another interesting 

finding was the fact that even when organizations did rescreen patients, they failed to do it within 

the incentive window on average 35% of the time. This may reflect a lack of awareness of the 

incentive, an insufficient incentive, or fundamental challenges that prevent organizations from 

achieving the incentive. Timely rescreening ranged from 40-85%, again suggesting there are 

cross-organizational learning opportunities. Finally, 14% of people overall switched providers 

between baseline screening and rescreening, and switching ranged from 0-83% across sites. 

From the provider perspective, this raises a question about who, if anyone, captures the 

incentive.  

3.4.4 Limitations 

This study has a number of limitations. The analysis is descriptive and while it provides 

insight about traits of PROMs performance measures, it cannot make any causal inferences. It 
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relies on data from one insurance plan in one state, and as such the generalizability is potentially 

limited.  

This data had limited patient and provider characteristics, and as such there may be 

important unobserved variables influencing the patterns reflected in these results. One large 

provider system in the plan’s PROM program redacted their data from research studies, which 

means that the present dataset may be incomplete in ways that are hard to discern—e.g., 

members may appear lost to follow-up when in fact they have switched to the redacted provider. 

The rescreening denominator is conditioned on people remaining in the sample in the year 

following their initial screen; but it is uncertain whether new entrants to this dataset are indeed 

entering the plan’s PROM initiative, or if they have prior care that is redacted (but visible to the 

plan). 

This analysis relies on the assumption that first observation is “baseline”, though it is 

possible members were screened prior to the beginning of the PROMs initiative and the first 

observed score (especially for 2014) is in fact a follow-up. 2014 is start of plan’s PROM 

collection efforts, creating new salience and therefore a plausible baseline. On other hand, the 

PHQ-9 was certainly in general clinical use prior to 2014 and stricter criteria could ensure the 

“baseline” follows a gap of at least a year. However, diminishing sample sizes, especially among 

the higher, more consequential scores, argue in favor of preserving as much of the sample as 

possible. 

Another analytic choice involving tradeoffs was the approach to defining “rescreening”. 

This analysis looks at first (T1) and second (T2) screenings in the dataset. While the share of the 

sample with serial screenings shrinks rapidly, there is nevertheless a lot of data contained in T2-

T3, T3-T4, etc. screenings. Arguably, it would make sense to pool across pairs, or define 
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different endpoints, e.g., T1-T3. This analysis focused conservatively on T1-T2 under the 

assumption that subsequent measurements were meaningfully different in unobserved ways, 

most likely due to disease course. The uncertainty about both baseline years and serial 

measurement may potentially be addressed, at least in part, by the addition of additional data, 

such as claims data, which provides some intuition about the treatments underlying the PROMs 

observations. 

3.4.5 Future Directions 

There are a number of promising avenues suggested by the analysis in this study, briefly 

outlined below. 

3.4.5.1 How concordant are PROMs with ICD diagnoses and Rx?  

There are multiple ways to identify depression. The PHQ-9 is not the only way to identify 

depression in clinical records. ICD codes and related condition groups (CCS, HCC) document 

the presence of depression in administrative data. The potential discrepancies between PROMs 

scores and other measures of depression (ICD scores, prescriptions) are worth exploring. 

Whereas the patient generates the PHQ-9 measurement (either directly or via elicitation) the 

clinician generates the ICD codes attached to an encounter/record. Because ICD codes are used 

for billing, they are structured data and always attached to an encounter – although the choice of 

codes is up to the billing provider. PHQ-9 data is less routinely collected in a structured format – 

if documented, it may have a structured field or it may be documented in a note.  

Informatics researchers are beginning to take advantage of techniques to extract new data 

from electronic health records, including the PHQ-9.122 123 124 One (single-site) study used 

natural language processing to extract PHQ-9 information from notes, and compared the PHQ-9 

score with ICD documentation – the PHQ-9 and ICD data were not always concordant: patients 
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with no PHQ-9 data had a MDD ICD code, and some patients with a PHQ-9 positive for MDD 

(>10) had no MDD code.125 Another single-site study extracted PHQ-9, ICD, and Rx data from 

the EHR and found that ICD codes identified the fewest people with depression, the PHQ-9 

second-fewest, and Rx data identified the most. Compared to ICD codes, the PHQ-9 identified a 

higher proportion of elderly, disabled, Medicaid, and rural patients.120 

The dataset on which this analysis is based has the advantage of having multiple sites. 

Additionally, existing work in this space has a largely informatics focus and has not considered 

policy implications. Potentially relevant issues might include: approaches to improving equity (if 

some populations are underrecognized via ICD codes); examining implications for spending/risk 

adjustment if PHQ-9 captures unobserved risk. 

3.4.5.2 Do people with same PROM score but different ICD documentation differ? 

Related to the line of inquiry above, examining at people with the same PHQ-9 score but 

different ICD coding outcomes (received a formal diagnoses of depression vs no diagnosis) 

might illuminate drivers of costs and outcomes. Depression is a comorbidity shown to increase 

the costs of other conditions, such as diabetes and heart disease.126,127,128 It may be possible to 

distinguish whether the driver of these costs is the presence/severity of depression (PHQ-9) or 

cascade following a formal diagnosis (ICD code). 

3.4.5.3 How do PROMs predict spending relative to ICD/CCS/ERG risk adjustment? 

Given evidence that mental health risk is undercaptured129, it may be worth examining 

predictive power of PHQ-9, including the extent to which the PHQ-9 may capture severity that 

more general claims-based metrics do not (e.g., PHQ-9 of 10 vs 20). 

3.4.5.4 How sensitive are treatment decisions to PROM score? 
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I found one study using PHQ-9 scores in a regression discontinuity design (RD); this study 

was a secondary analysis of RCT data, and its aim was to compare RD estimates with the 

observed results of the RCT to show that the quasi-experimental RD estimates yielded findings 

consistent with the RCT estimates.130 An RD design may be a promising approach for quasi-

experimental work with PROMs. For instance, I have not seen work assessing how responsive 

clinicians are to PHQ-9 scores, by which I mean: do patients with a score of 8-9 have different 

treatment trajectories than those with a score of 11-12 (around MDD threshold of 10)? Since 

there are multiple PHQ-9 categories, it may be feasible to look at differences around multiple 

category changes (5, 10, 15, 20).  

 

3.5 Conclusion 

 

PROM-based performance measures are increasingly common, but key design questions 

remain. In a study of a private insurer’s PROM-based performance measurement initiative, only 

55% of the sample initially screened was rescreened. More than one-third of rescreening was 

completed outside of the performance measure window, suggesting incentives are under-

captured. Targeted measurement and increasing the salience of incentives may improve data 

collection and enhance reliability.  
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Appendix Figure A3.1. Predicted vs. observed rescreeing (second) score, by baseline PHQ-9 score 
category 

 
 
 
Appendix Figure A3.2. Predicted vs. observed rescreeing (second) score, by baseline PHQ-9 score  
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Appendix Figure A3.3. Predicted vs. observed rescreening (second) score, by residential ZIP poverty 

 
 
 
Appendix Figure A3.4. Predicted vs. observed rescreening (second) score, by site of baseline screening 
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Appendix Table A3.1. Sample characteristics and rescreening patterns, by baseline year 
Base year Total 2014 2015 2016 2017 2018 (Jan-

Sept) 
Baseline 
characteristics 

      

Unique members (n) 60,545 9,348 6,646 12,313 15,021 17,217 
Female (%) 50 53 51 48 50 49 
Age, mean (years) 47 49 48 47 46 47 
ZCTA % below FPL 
(%) 

      

    Mean 7.7 7.5 6.6 7.4 8.5 7.6 
    Median (IQR) 6.2 (3.7-

9.4) 
6.5 (4.1-
10) 

5.6 (3.5-
8.3) 

5.9 (3.5-
9.3) 

6.3 (3.9-
11.4) 

5.9 (3.7-
9.3) 

Baseline PHQ-9 score 
(%) 

      

    0-4 none 81 82 82 80 79 82 
    5-9 mild 13 13 13 13 14 12 
    10-14 moderate 4 4 4 5 4 4 
    15-19 moderate-
severe 

2 1 11 2 2 2 

    20-27 severe 1 0.5 0.5 1 1 1 
Rescreened 
characteristics 

      

Unique members (n) 30,457 4,330 4,027 7,670 8,891 5,539 
Female (%) 49 50 50 46 50 48 
Age, mean (years) 48 50 49 48 48 48 
ZCTA % below FPL 
(%) 

      

    Mean 7.4  7.4 6.2 7 8.2 7.6 
    Median  
    (IQR) 

6  
(3.7-9.3) 

6.3  
(4.1-9.3) 

5.1  
(3.5-7.6) 

5.4  
(3.5-8.8) 

6.3  
(3.8-10.9) 

5.9  
(3.7-9.3) 

Baseline PHQ-9 score 
(%) 

      

    0-4 none 81 81 82 82 81 80 
    5-9 mild 12 12 13 12 12 11 
    10-14 moderate 4 4 4 4 4 5 
    15-19 moderate-
severe 

2 2 1 1 2 2 

    20-27 severe 1 1 1 1 1 1 
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Appendix Table A3.2. Rescreening patterns, by baseline year 
Rescreening 
patterns 

Total 2014 2015 2016 2017 2018 (Jan-
Sept) 

Baseline sample (n) 60,545 9,348 6,646 12,313 15,021 17,217 
In sample at 13+ 
months (n) 

55,495 8,627 6,205 11,741 14,012 14,910 

Ever rescreened (n) 30,457 4,330 4,027 7,670 8,891 5,539 
Days to rescreening       
    Mean 387 600 455 424 334 205 
    Median (IQR) 371 (173-

454) 
462 (309-
799) 

380 (315-
532) 

379 (335-
514) 

371 (193-
405) 

155 (49-
371) 

Rescreened in 365 
days (%) a 

38 28 28 27 38 67 

Rescreened in 395 
days (%) a 

65 42 58 58 72 85 

Score increased by 
5+ (%) 

7 7 6 6 6 8 

Score decreased by 
5+ (%) b 

7 8 8 7 7 8 

    If baseline score 
10+ (%) 

56 63 65 55 53 50 

Second score below 5 
(%) c 

82 82 84 82 82 80 

    If baseline score 
10+ (%) 

30 35 38 27 28 27 

Notes: Percentages may not sum due to rounding. a Incentive defines successful PROM data collection as 
baseline PHQ-9 score and follow-up score within 365 days (with 30 day grace period). b Score reduction 
of 5 is minimum clinically important difference (MCID). c Score <5 is considered remission.  
 


